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ABSTRACT 

Electronic word of mouth (eWOM) recommendations are online consumer-

generated recommendations posted on the service providers' or the third-party 

websites, which are expected to affect consumers’ perceptions of adopting 

experience services. In recognition of the increasing significance of eWOM 

recommendations, this study delves further into this topic by proposing a research 

model that explains the contingency factors affecting the effectiveness of eWOM 

recommendations on consumers’ perceptions of adopting experience services. We 

contend that the effectiveness of eWOM recommendations is contingent on the 

task complexity of evaluating the experience services and consumers’ degree of 

cognitive and sensory innovativeness. We draw on the elaboration likelihood 

model, cognitive load theory, service adoption process theory, and the two 

dimensions of consumer’s innovativeness (i.e., cognitive innovativeness and 

sensory innovativeness), as the theoretical underpinnings, to propose nine 

hypotheses. These hypotheses are empirically tested based on data collected from 

263 subjects. To that end, we used a controlled longitudinal laboratory 

experiment, based on a mixed methods (quantitative – qualitative) research 

methodology. The results of statistical tests of quantitative data and the content 

analysis of the qualitative data illustrate that the effectiveness of eWOM 

recommendations on consumers’ perceptions of adopting experience services is 

contingent on the consumers’ prior knowledge of the service context, consumers’ 

level of cognitive and sensory innovativeness, and the consumers’ level of 

experience with the service, which is determined by the stage of the service 

adoption process (i.e., pre-usage, initial use, and repeated use). Our findings show 

that the confluence of these factors creates different settings that determine the 

effectiveness of eWOM recommendations. These findings provide valuable 

contributions to the theory and practice by ameliorating important gaps in the 

eWOM literature.  
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1. INTRODUCTION  

Electronic word of mouth (eWOM) recommendations are online consumer-

generated recommendations posted on a service providers' or third party’s 

websites (Mudambi & Schuff, 2010). Electronic word of mouth recommendations 

play an increasingly important role in the popularity and success of electronic 

commerce (e-commerce) (eMarketer Inc., 2010). Adoption of a recommended 

service is not a one-time decision, but rather is a process that occurs over time and 

consists of three stages: pre-usage, initial use, and repeated use (Looney et al., 

2008; Montazemi & Qahri Saremi, 2013, 2014; Rogers, 2003). However, the 

extant literature is silent on the possible effect of eWOM recommendations on 

consumers’ perceptions of adopting services, at different stages of service 

adoption process. Furthermore, with a few exceptions (e.g., Gupta & Harris, 

2010), much of literature assumes implicitly that the effect of eWOM 

recommendations is the same for all consumers across different stages of service 

adoption.  

Drawing on the elaboration likelihood model (ELM) and service adoption process 

theory, we contend that the eWOM recommendation effectiveness is contingent 

on three factors: (1) the task complexity faced by the consumer to evaluate the 

nature of the online services; (2) the degree of cognitive and sensory 

innovativeness of the consumer; and (3) the stage of the service adoption process. 

Task complexity represents complexity of the service evaluation task, which is 

defined as the extent to which a consumer perceives a service as difficult to 

understand (Mukherjee & Hoyer, 2001; Rogers, 2003). The degree of task 

complexity of evaluating a service is different from one consumer to the other, 

depending on their prior knowledge of the service context (Sweller et al., 1998; 

Van Merrienboer & Sweller, 2005). Consumers’ innovativeness is defined as 

consumers’ propensities to adopt new services, which comprises two dimensions: 

cognitive innovativeness and sensory innovativeness (Hirunyawipada & Paswan, 

2006; Park et al., 2010; Srivastava & Sharma, 2012; Venkatraman & Price, 1990; 

Wood & Swait, 2002). Cognitive innovativeness is the preference for engaging in 

new experiences with the objective of stimulating the mind, while sensory 

innovativeness is the preference for engaging in new experiences with the 

objective of stimulating the senses (Park et al., 2010). In this study, we investigate 

the effects of the aforementioned factors on the effectiveness of eWOM 

recommendations across three stages of the service adoption process (i.e., pre-

usage, initial use, and repeated use). We adopt a mixed methods approach (i.e., 

both quantitative and qualitative) in our research methodology to empirically test 

nine hypotheses. The theoretical and empirical foundations of this study are 

presented in this dissertation, starting from this chapter – “Introduction”, which 

provides the necessary underlying basis for our investigation. 
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To that end, in this chapter, we first define our notion of “service” and discuss its 

importance for e-commerce, as a preamble. Next, we elaborate on the nature of 

the eWOM as a type of online recommendations. After that, we explain the two 

types of services – search and experience services – and discuss the significance 

of eWOM recommendations for formation of consumers’ perceptions of adopting 

experience services. Next, we draw on adoption process theory to explain the 

three stages of the service adoption process (i.e., pre-usage, initial use, and 

repeated use), which affect the effectiveness of eWOM recommendations. Then, 

we present a summary of the results of our systematic review of eWOM literature, 

which will be used in the next chapters to determine the control variables in our 

study. Finally, we elaborate on our research objectives and present two research 

questions, followed by a summary of our contributions to the literature.  

1.1 PREAMBLE 

Due to the rapid growth of e-commerce, consumers' purchase decisions are 

increasingly made in an online environment (Xiao & Benbasat, 2007). Over the 

last decade, business to consumer (B2C) e-commerce sales have grown on 

average 19 percent per year, which is far faster than offline retail sales (Nakache, 

2010). Even during the financial crisis of 2009, when offline retail sales shrank 

two percent, B2C e-commerce grew by 1.4 percent (Nakache, 2010). The growing 

population of online consumers combined with the providers' innovations and 

online service improvements will drive B2C e-commerce, as forecasted by 

eMarketer Inc. (2014), to reach $2.36 trillion by 2017, up from $1.25 trillion in 

2013. Between 2013 and 2017, B2C e-commerce sales are predicted to grow at an 

average rate of 17.4 percent per year (eMarketer Inc., 2014). E-commerce appeals 

to consumers because it offers them great convenience, cost savings, reduced wait 

times, and immense service choices. Likewise, e-commerce appeals to providers 

because it can standardize customer service delivery (Curran & Meuter, 2005; 

Montazemi & Qahri Saremi, 2013), reduce costs (Mahadevan, 2000; Molla & 

Licker, 2005; Rosen & Howard, 2000), and reach consumers who are unreachable 

through offline channels (Molla & Licker, 2005; Rosen & Howard, 2000). 

However, as opposed to offline channels, online consumers encounter a spatial 

and temporal separation from the online services, which significantly increases 

their level of uncertainty surrounding their service adoption decisions (Benlian et 

al., 2010, 2012; Hong & Pavlou, 2010; Park, C. & Lee, T.M., 2009). 

The spatial and temporal separation between the online consumers and online 

services causes online consumers to be uncertain about whether the online 

services would fit their needs or perform up to their expectations (Weathers et al., 

2007). Such uncertainty is a dimension of consumers' risk that results because the 

actual outcome of an adoption decision can only be known in the future (Weathers 

et al., 2007). This makes it difficult for online consumers to separate “good” from 



Ph.D. Thesis – H. Qahri Saremi; McMaster University – DeGroote School of Business 

 3 

“bad” services in situ (Dimoka et al., 2012). In particular, prior research (Dimoka 

et al., 2012; Dimoka & Pavlou, 2008; Hong & Pavlou, 2010) posits that in the 

online environment, as compared to the offline environment, consumers are not 

able to get complete information about the service provider, the service 

description, how the service will perform in the long term (i.e., service 

performance), and whether the service matches their needs (i.e., service fit). 

Therefore, a major challenge in the online environment is persuading consumers 

to adopt online services.  

Service marketing literature (e.g., Arnould, 2008; Bradley & Sparks, 2002; 

Guiltinan, 1987; Vargo & Lusch, 2004, 2008b) designates the “service” (or 

“services”, as more frequently used) as the common denominator of all market 

exchanges, including e-commerce. Based on this perspective, service reflects the 

process of doing something beneficial for and in conjunction with some entity 

(e.g., consumers) (Vargo & Lusch, 2008b). Extant marketing literature (e.g., 

Surprenant & Solomon, 1987; Vargo & Lusch, 2004, 2008a, 2008b) contends that 

service, as a process, is not separated from goods and other resources of the 

service provider such as the website and the physical store; rather it employs them 

as its elements. To that end, we take up this notion in our study and use the term 

“service” to refer to the process of fulfilling online consumers’ needs, which 

comprises the online provider’s products and websites. For example, online music 

service consists of the products (i.e., songs and albums) and the website that 

delivers those products to the online consumers. As explained earlier, a major 

challenge facing online service providers is persuading consumers to adopt their 

services (Benlian et al., 2012). They achieve this through different marketing 

channels, including online recommendations (e.g., provider-generated 

recommendations (PGR) and eWOM recommendations) (Benlian et al., 2012). 

Our objective in this research is assessing contingency factors affecting the 

effectiveness of eWOM recommendations.  

1.2 ONLINE RECOMMENDATIONS 

To persuade consumers to adopt services in the online environment, online 

service providers and third party websites provide online recommendations 

(Benlian et al., 2010, 2012; Xiao & Benbasat, 2007). Online recommendations 

recommend services to the consumers based on analyzing their profiles and 

preferences (e.g., consumers' past buying behaviour), or sharing the experiences 

of other consumers (e.g., online reviews) (Benlian et al., 2010, 2012; Xiao & 

Benbasat, 2007). As such, online recommendations are “becoming increasingly 

available on websites to provide consumers with shopping assistance, improve 

their decision quality, and help buyers and sellers reduce information overload” 

(Benlian et al., 2012, p. 238). To this end, major e-commerce providers such as 

Netflix, Wal-Mart, and eBay have leveraged “big data” analytics tools to deliver 
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real-time personalized recommendations to their consumers, which have resulted 

in higher consumers' spending and improved retention rates (eMarketer Inc., 

2012). Another case in point is “social advertising” – a $9.5 billion business 

accounting for eight percent of digital advertisement spending (Miller & Goel, 

2013). Google and Facebook have opted to show consumers’ names, photos, 

ratings, and comments in advertisements across the Web, endorsing different 

services (Miller & Goel, 2013). Such endorsements, in form of eWOM 

recommendations, especially from friends and acquaintances, are expected to 

entice consumers to adopt their services (Coulter & Roggeveen, 2012; Li et al., 

2012). Prior research (e.g., Benlian et al., 2010, 2012; Weathers et al., 2007) has 

described two distinct types of online recommendations with different effects on 

online consumers’ perceptions of adopting a service: (1) PGR using software 

agent technologies (a.k.a., recommendation agents) – such as shopbots (Xiao & 

Benbasat, 2007), and (2) eWOM recommendations (a.k.a., consumer-generated 

recommendations) – such as online reviews (Mudambi & Schuff, 2010).  

PGRs are based on software agents that elicit the interests and preferences of 

consumers for services, either explicitly or implicitly, to make recommendations 

(Xiao & Benbasat, 2007). The primary function of PGRs, as a type of customer 

decision support system, is to ameliorate consumers’ uncertainty about “service 

fit” by assisting and advising consumers in selecting appropriate services that best 

fit their needs (Xiao & Benbasat, 2007). To that end, online providers (e.g., 

Amazon, Dell, eBay) have adopted PGRs to assist consumers in online service 

search, selection, and customization.  

Different types of PGRs have been developed and are currently used within e-
commerce websites. Content-based filtering and collaborative filtering 

recommendations are the most widely used types of PGRs (Benlian et al., 2012). 

Content-based filtering PGRs are typically based on a set of algorithms that derive 

service recommendations for a particular consumer from his/her explicitly 

indicated preferences or from implicitly taken knowledge about his/her past 

purchasing and searching behaviour (Benlian et al., 2012). For example, a 

content-based filtering PGR would recommend a car rental deal to a consumer 

based on the consumer's expressed preferences about car rentals in his/her profile, 

or based on the consumer's previous search/purchase history. Alternatively, 

collaborative filtering PGRs use the buying/searching behaviour of other like-

minded consumers to generate recommendations (Xiao & Benbasat, 2007). This 

type of PGR is extracted from the statistical analysis of patterns and analogies of 

data drawn from ratings of services given by other consumers, or by implicitly 

monitoring the behaviour of other consumers in the system (Benlian et al., 2012). 

For example, a collaborative-filtering-based PGR would recommend a car rental 

deal to a consumer because other consumers within the same affinity group (i.e., a 

group of consumers with similar preferences) purchased or searched that deal or 

rated it highly. PGRs usually include common service descriptions (e.g., brief 
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description of the car rental deal) and the provision of key service attributes (e.g., 

price, dates, and the insurance coverage included in the car rental deal). 

Electronic word of mouth recommendations, as the other type of online 

recommendations (Benlian et al., 2010, 2012), are consumer-generated service 

evaluations posted on the providers' or the third party websites (Mudambi & 

Schuff, 2010). Unlike PGRs, eWOM recommendations are not based on 

providers’ system-filtered content, rather on original, first-hand content from 

other consumers, where a software system does not interfere with the 

recommendation generation process (Benlian et al., 2012). Thus, eWOM 

recommendations are not generated by ITs; instead, they are mediated by ITs 

(Benlian et al., 2012). While eWOM recommendations are most often based on 

text and appear with different text length and number of paragraphs, PGRs are 

presented in a consistent layout as designed by the provider, including text, 

pictures, and sometimes multimedia files (i.e., audio or video). Moreover, because 

eWOM recommendations are directly reported by consumers, the providers have 

less control over their content and structure, than they do over PGRs. Therefore, 

eWOM recommendations are perceived to be more reliable, credible, and 

trustworthy by consumers, as compared to the potentially biased PGRs (Adjei et 

al., 2010; Fang et al., 2011; Mudambi & Schuff, 2010; Van Hoye & Lievens, 

2007; Weiss et al., 2008). As a case in point, a recent survey of online consumers 

shows that online reviews are significantly more trusted – nearly 12 times more – 

than recommendations that come from the providers (i.e., PGRs) (eMarketer Inc., 

2010). As a result, eWOM recommendations have played an increasingly 

important role in the popularity and success of e-commerce and have been 

significant in formation of consumers’ perceptions towards adopting services (Yin 

et al., 2014). In recognition of the significance of eWOM recommendations, this 

study delves further into this topic by investigating the effectiveness of eWOM 

recommendations on consumers’ perceptions towards adopting services. To that 

end, we focus on the positive eWOM recommendations for the purpose of this 

study. Prior research (Benlian et al., 2012; Park, C. & Lee, T.M., 2009; Weathers 

et al., 2007) have shown that the effects of PGRs and eWOM recommendations in 

ameliorating consumers’ uncertainty towards adopting services differ based on the 

type of the service – search and experience service, as will be discussed next.  

1.3 THE ROLE OF SERVICE TYPE: SEARCH 

SERVICE AND EXPERIENCE SERVICE  

Services can be classified as “search” or “experience” (Arnold et al., 1989; 

Guiltinan, 1987; Mitra et al., 1999; Nelson, 1970; Nelson, 1974). Search services 

are characterized by attributes that can be objectively evaluated based on the 

values attached to their attributes, without the need for the consumers to 

experience them directly prior to their adoption (Xiao & Benbasat, 2007). 
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Examples of search services include a chequing account (Mitra et al., 1999) or an 

online ticket for a concert (Hsieh et al., 2005). Unlike search services, experience 

services are characterized by the attributes that cannot be objectively evaluated, 

rather need to be experienced and subjectively evaluated by the consumers prior to 

adoption (Xiao & Benbasat, 2007). Examples of experience services include 

music (Bhattacharjee et al., 2006; Bhattacherjee & Sanford, 2006; Nelson, 1970), 

and healthcare (Dranove, 2000, 2009; Franke et al., 2004; Sloan & Kasper, 2008). 

Prior research (e.g., Benlian et al., 2012; Lee & Shin, 2014) has argued that the 

effects of PGRs and eWOM recommendations in ameliorating consumers’ 

uncertainty to adopt a service differ for search and experience services. According 

to Nelson (1970), perceived quality of a search service involves attributes of an 

objective nature, whereas perceived quality of an experience service depends on 

subjective attributes that are a matter of personal experience. The evaluation of 

search services is primarily associated with a fact-gathering, information-seeking 

stance that is typically outcome-oriented, impersonal, and objective (Nelson, 

1974). However, the evaluation of experience services is, rather, comparable to an 

engaging expedition that is process-oriented, personal, and subjective (Benlian et 

al., 2012; Schlosser, 2003). PGRs most often provide a well-organized 

information design with objective key service attributes and statistical data about 

other consumers’ buying behaviour being at the center of their recommendations 

(e.g., “customers who bought this item also bought” feature on Amazon). Thus, 

compared to eWOM recommendations, they are more effective at providing an 

objective overview of key service attributes.  

Given that search services, as opposed to experience services, require that 

objective attributes be evaluated in an outcome-oriented and impersonal fashion, 

PGRs better match the information needs of search services (Benlian et al., 2012) 

As a case in point, findings by Benlian et al. (2012) demonstrate that PGRs have 

stronger effects on consumers’ perceived usefulness, ease of use, and trust in the 

search services, than eWOM recommendations. On the other hand, subjective 

evaluations of service attributes play a key role in assessment of the experience 

services (e.g., healthcare or music), than in assessment of the search services 

(Huang et al., 2009). Given that eWOM recommendations include the experiences 

and opinions of other consumers, they better match the information required for 

ameliorating consumers’ uncertainty towards evaluating experience services in 

terms of providing a transparent reasoning process underlying the service 

adoption. Therefore, eWOM recommendations can act as a surrogate for the 

consumers’ direct experience of experience services, prior to adoption (Fang et 

al., 2011). Benlian et al. (2012) have found that eWOM recommendations have 

stronger effects on consumers’ perceived usefulness, ease of use, trust in the 

experience services, than PGRs. Park, C. and Lee, T.M. (2009) have also 

demonstrated that the effects of eWOM recommendations on consumers’ 

purchase decisions are greater for experience services than for search services. 

Furthermore, Ghose and Ipeirotis (2011) have analyzed actual online reviews on 
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Amazon and have found that highly subjective reviews were rated as less helpful 

when they concerned search services, but such negative effect of review 

subjectivity was significantly attenuated in the case of online reviews for 

experience services, such as music. These findings clearly show that eWOM 

recommendations are more effective for the experience services, than the search 

services. Therefore, our focus in this research is to assess the effects of the three 

aforementioned contingency factors on the effectiveness of eWOM 

recommendations on consumers’ perceptions of adopting experience services  

1.4 SERVICE ADOPTION PROCESS 

Consumers’ adoption of services occurs in three stages of pre-usage, initial use, 

and repeated use (Montazemi & Qahri Saremi, 2013). As such, adoption of a 

service is not a one-time decision, but rather a process that occurs over time and 

consists of a series of actions and decisions occurring at each of three stages 

(Rogers, 2003; Xia & Lee, 2000). In this process, a consumer moves from the 

initial awareness and information about a service, to forming favourable or 

unfavourable perceptions towards the service, to an initial decision to adopt or 

reject the service, to putting the service to use for the first time, and to finally 

confirm or reverse the initial adoption decision. At any stage, the consumer may 

decide to stop the adoption process or to discontinue using the service (Rogers, 

2003; Xia & Lee, 2000). Consumers in different stages of the service adoption 

process may hold different perceptions towards the service, which may be 

influenced by different antecedent factors (Xia & Lee, 2000). Agarwal and Prasad 

(1997) have reported that the same information technology (IT) innovation 

characteristics impact consumers' perceptions differently in different stages of the 

adoption process. Karahanna et al. (1999) have also found significant differences 

in users’ perceptions towards an IT usage in the pre-adoption stage and the post 

adoption stage. Likewise, Venkatesh and Davis (2000) have found that the same 

external factor has different impacts on consumers' adoption of an IT in different 

stages of the adoption process. Consequently, Karahanna et al. (1999) have called 

for a longitudinal research that tracks the same consumer over time through the 

different stages of the adoption process. Similarly, Xia and Lee (2000, p. 373) 

argue that "without identifying the specific [adoption process] stage, the empirical 

results might have been confounded by the temporal dimension of the adoption 

process". To this end, we adopt the traditional six-step adoption process theory 

(Looney et al., 2008; Meuter et al., 2005; Rogers, 2003), depicted in Figure 1.1, to 

accurately capture the service adoption process.  

According to adoption process theory, adoption of a service by consumers 

involves a process that consists of three stages: (1) pre-usage, (2) initial use, and 

(3) repeated use. Pre-usage stage of the adoption process begins with the 

awareness about the service that leads to its mental evaluation, which in turn may 
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lead to consumers’ initial use (Looney et al., 2008). Initial use consists of trial, 

which may lead to repeated use of the service, where consumers persist in 

continue using the service after the trial (Looney et al., 2008). Next, we elaborate 

on each of the three stages of the adoption process and their pertinent steps, as 

depicted in Figure 1.1.  

 

 Figure 1.1 – Three Stages of Service Adoption Process 

 

Pre-usage stage of service adoption process is mental, comprised of three steps: 

(1) awareness, (2) knowledge, and (3) evaluation (Looney et al., 2008; Meuter et 

al., 2005; Rogers, 2003). In the first step, awareness, consumers are exposed to 

the existence of the service. For instance, eWOM recommendations could 

introduce consumers to the existence of an online healthcare website. Once 

consumers are aware of the service offered, they proceed to the second step, 

knowledge, where they gain an understanding of the service. In particular, 

consumers seek to understand the attributes and the interdependence among the 

attributes of the service. As a result of this understanding, consumers evaluate the 

service, which is the third step in the pre-usage stage of adoption process. In 

particular, consumers evaluate how the service would fit their needs and whether 
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it could perform up to their expectations (Looney et al., 2008). Due to the 

subjective and experiential nature of the experience services, online consumers 

face significant uncertainty in evaluating their attributes and their expected 

performance in the pre-usage stage of adoption process (Benlian et al., 2012). 

EWOM recommendation is expected to reduce this uncertainty; thereby enabling 

consumers to better understand and evaluate the experience services. Upon 

favourable evaluations of the service, consumers move to try it out for the first 

time, in the initial use stage of the adoption process (Looney et al., 2008). 

Initial use stage of service adoption process starts with trial, in which consumers 

transition from mental processing to actual use by trying out the service for the 

first time. After the consumers put the service into practice, the ease of use, 

usefulness, and trustworthiness of the service can be determined and the decision 

can be made whether to continue using the service. If consumers choose to adopt 

the service, they proceed to the repeated use stage, where they persist in using the 

service after the trial (Looney et al., 2008).  

Repeated use stage of service adoption process is comprised of two steps: 

repeated use and commitment. In the repeated use, consumers determine their 

overall satisfaction with the service by weighing the future consequences of 

continued use or discontinued use, as well as the associated advantages and 

disadvantages of each action. When consumers are satisfied with using the 

service, it is likely they continue (rather than discontinue) its use (Looney et al., 

2008; Massey et al., 2007). In the second step, commitment, consumers seek 

reinforcement for committing to the adoption decision made in the first step. If 

weak or no reinforcement is found, consumers may opt to discontinue using the 

service. Similar to the first step, in the commitment step, consumers consider the 

future consequences, as well as the advantages and disadvantages of committing 

to or switching from the service being utilized (Looney et al., 2008).  

Despite the importance of the three stages of service adoption process (pre-usage, 

initial use, and repeated use stages), no study has investigated the effectiveness of 

eWOM recommendations over the three stages. To this end, we adopt the three 

stages of service adoption process in our study. In particular, we investigate the 

contingency factors affecting the effectiveness of eWOM recommendations on 

consumers’ perceptions of adopting experience services over pre-usage, initial 

use, and repeated use stages.  

Given the focus of our study, it is essential to gain a better understanding of the 

factors identified in the extant literature that affect the effectiveness of eWOM 

recommendations. To this end, we conducted a systematic review of the extant 

eWOM literature, presented next. 
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1.5 FACTORS AFFECTING THE EFFECTIVENESS 

OF EWOM RECOMMENDATIONS 

Prior eWOM research has demonstrated the effects of different factors on the 

effectiveness of eWOM recommendations. We followed the recommendations in 

the literature (e.g., Boote & Beile, 2005; Hart, 1998; Webster & Watson, 2002) to 

conduct a systematic review of the eWOM literature, as presented in Appendix A. 

This review enabled us to identify 36 factors that affect the effectiveness of 

eWOM recommendations on consumers’ perceptions of adopting services, across 

the three stages of the service adoption process (i.e., pre-usage, initial use, and 

repeated use). The 36 factors identified comprise six different dimensions, as 

depicted in Figure 1.2: (1) the communicator (source) who transmits the eWOM 

recommendation, (2) the eWOM recommendation as a form of social 

communication content transmitted by the eWOM source, (3) the consumer who 

receives and responds to the eWOM recommendation (eWOM receiver), (4) the 

responses made to the eWOM recommendation by the receiver, (5) the focal 

services in the eWOM recommendation, and (6) the eWOM recommendation 

platform. Here we provide an overview of the factors pertaining to each 

dimension, as follows. 

Factors pertaining to the Receiver of the eWOM Recommendations represent 

the characteristics of the consumer who receives and responds to the eWOM 

recommendation. We have identified four factors that represent this dimension in 

the eWOM literature (see Table 1.1 for definitions): consumer’s prior knowledge 

of the service context, consumer’s need for cognition, consumer’s involvement, 

and consumer’s demographics. Results of our literature review show that these 

factors significantly affect the effectiveness of eWOM recommendations on 

consumers’ perceptions of adopting services.  

Factors pertaining to the Source of the eWOM Recommendations represent the 

characteristics of the source of eWOM recommendation. We have identified six 

factors that represent this dimension in the eWOM literature (see Table 1.2 for 

definitions): source knowledge, source credibility, source type, source identity, 

source tie strength, and source homophily. These factors have been shown to 

influence the effectiveness of eWOM recommendations on consumers’ 

perceptions of adopting services.   
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Figure 1.2 – The 36 Factors representing Six Dimensions of the eWOM 

Recommendation in our Conceptual Framework 
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Factors pertaining to the Focal Services in the eWOM Recommendations 
include service type: search and experience services, and service popularity (see 

Table 1.3 for definitions). The extant eWOM literature (e.g., Benlian et al., 2012; 

Park et al., 2009) contend that the effectiveness of eWOM recommendations on 

consumers’ perceptions of adopting services is stronger for experience services 

than for search services. Furthermore, prior research (e.g., Duan et al., 2009) show 

that the service popularity moderates the effectiveness of eWOM 

recommendations on consumers’ perceptions of adopting services.  

Factors pertaining to the eWOM Recommendations Platform include the 

platform type: provider-generated website versus third party website (see Table 

1.3 for definitions). Lee and Youn (2009) show that the type of eWOM 

recommendation platform significantly affects the effectiveness of eWOM 

recommendations on consumers’ perceptions of adopting services. 

Factors pertaining to the eWOM Recommendations represent the characteristics 

of the eWOM recommendations as a form of social communication content. We 

have identified nine factors that represent this dimension in the eWOM literature 

(see Table 1.4 for definitions): eWOM recommendation valence, eWOM 

recommendation quality, eWOM recommendation volume, eWOM 

recommendation presence, eWOM recommendation sidedness, eWOM 

recommendation consistency, eWOM recommendation emotions, eWOM 

recommendation ratings, and eWOM recommendation orientation. Extant eWOM 

literature shows that these factors influence the effectiveness of the eWOM 

recommendations on consumers’ perceptions of adopting services.  

Factors pertaining to the Response represent the responses made to the eWOM 

recommendations by the receiver. Extant eWOM literature has identified 14 

different factors to represent the consumers’ responses to the eWOM 

recommendations (see Table 1.5 for definitions): perceived usefulness of services, 

perceived ease of use of services, trust in the online provider, perceived 

enjoyment of adopting services, attitude towards the services, intention to 

purchase services, actual purchase of services, willingness to recommend the 

services, adoption of the eWOM recommendation, intention to adopt the eWOM 

recommendation, perceived helpfulness of eWOM recommendation, perceived 

credibility of eWOM recommendation, extent of elaboration of eWOM 

recommendation, and confirmation of prior beliefs.  
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Table 1.1 – Factors Pertaining to the Receiver of the eWOM Recommendations 

Factors Definitions 

Consumer’s prior 

knowledge of the service 

context 

Receiver’s prior knowledge or pertinent experience to the eWOM recommendation 

(Cheung & Thadani, 2012; Martin & Lueg, 2013) 

Consumer’s need for 

cognition 

The eWOM recommendation receiver’s innate desire to think about and process 

information (Gupta & Govindarajan, 2000; Gupta & Harris, 2010) 

Consumer’s involvement 

with the eWOM 

Relevance of eWOM recommendation to the eWOM recommendation receiver 

(Cheung et al., 2012) 

Consumer’s demographics Demographical attributes of eWOM recommendation receiver (e.g., Gender). 

 

Table 1.2 – Factors Pertaining to the Source of the eWOM Recommendations 

Factors Definitions 

Source knowledge of 

the service 

Source’s prior knowledge or pertinent experience to the eWOM recommendation (Cheung 

et al., 2008; Senecal & Nantel, 2004). 

Source credibility Consumers’ perception about the trustworthy of the source of eWOM recommendation 

(Cheung et al., 2008; Senecal & Nantel, 2004). 

Source type Type of the source of eWOM recommendation (e.g., provider versus consumer) (Benlian et 

al., 2010, 2012). 

Source identity Source disclosure of his/her identity (Racherla & Friske, 2012). 

Source tie Strength The level of intensity of a social relationship between the source of eWOM 

recommendation and the consumer (Cheung & Thadani, 2012; Steffes & Burgee, 2009). 

Source homophily The degree of similarity between the source of eWOM recommendation and the consumer 

(Cheung & Thadani, 2012; Steffes & Burgee, 2009). 
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Table 1.3 – Factors Pertaining to the Focal Services in the eWOM Recommendations and the 

eWOM Recommendations Platform 

Factors Definitions 

Service type Search versus Experience attributes of the focal service in the eWOM 

recommendation (Mudambi & Schuff, 2010). 

Service popularity The reputation or ranking of the focal service in the eWOM recommendation (Duan 

et al., 2009). 

The eWOM recommendation 

Platform Type 

Type of online platform for sharing the eWOM recommendations (i.e., provider-

generated website versus independent website) (Lee & Youn, 2009). 

 

Table 1.4 – Factors Pertaining to the eWOM Recommendations 

Factors Definitions 

eWOM recommendation 

valence 

The valence of an eWOM recommendation shows that whether it is positive or 

negative (Cheung & Thadani, 2012). 

eWOM recommendation 

quality 

The eWOM recommendation quality refers to the persuasive strength of arguments 

embedded in an eWOM: 

– Timeliness concerns whether the eWOM recommendation is current, timely, 

and up-to-date 

– Accuracy concerns reliability of the eWOM recommendation. It also represents 

a user's perception that the eWOM recommendation is correct 

– Comprehensiveness of eWOM recommendation refers to their completeness 

– Explaining language refers to the extent of justifications in eWOM 

recommendation in support of its claims (Cheung & Thadani, 2012). 

eWOM recommendation 

volume 

Number of eWOM recommendations (Cheung & Thadani, 2012). 

eWOM recommendation 

presence 

Whether there is any eWOM recommendation available about the service (Gupta & 

Harris, 2010). 

eWOM recommendation 

sidedness 

A one-sided eWOM recommendation presents either the positive or negative 

arguments, but not both. A two-sided eWOM recommendation includes both 

positive and negative arguments (Cheung & Thadani, 2012). 
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Table 1.4 – Factors Pertaining to the eWOM Recommendations 

Factors Definitions 

eWOM recommendation 

consistency 

The eWOM recommendation congruence to others’ opinions about the focal service 

(Cheung & Thadani, 2012; Cheung et al., 2009) 

eWOM recommendation 

emotions 

Extent and/or type of emotional expressions used in the eWOM recommendation 

(Yin et al., 2014). 

eWOM recommendation 

ratings 

The overall ratings given by other consumers for an eWOM recommendation (Lee 

& Lee, 2009). 

eWOM recommendation 

orientation 

Attribute-centric versus simple eWOM recommendations (Cheung & Thadani, 

2012; Park & Kim, 2008; Park & Lee, 2008). 

 

Table 1.5 – Factors Pertaining to the Response 

Factors Definitions 

Perceived usefulness of the 

service 

Consumers’ perceived usefulness of the service (Cheung & Thadani, 2012). 

Perceived ease of use of the 

service 

Consumers’ perceived ease of use of the service (Lee et al., 2006). 

Trust in the online provider Consumers’ trust in online vendor (Awad & Ragowsky, 2008; Liu, 2006). 

Perceived enjoyment of 

adopting the service 

An individual’s affective reactions to using service (Benlian et al., 2010, 2012). 

Attitude towards the service Consumers’ overall evaluations of the service (Cheung & Thadani, 2012). 

Intention to purchase the 

service 

Consumers’ willingness to pay for or purchase the service (Cheung & Thadani, 

2012). 

Actual use/purchase of the 

service 

Consumer's actual use/purchase of the service (Ye et al., 2011). 

Willingness to recommend 

the service 

Consumers’ willingness to recommend the service in the future (Gauri et al., 2008; 

Lee & Youn, 2009). 

Adoption of the eWOM 

recommendation 

A process in which consumers purposefully engage in using eWOM 

recommendation (Cheung et al., 2008; Cheung & Thadani, 2012). 

Intention to adopt the Consumers’ willingness to adopt the eWOM recommendation (Benlian et al., 2012). 
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Table 1.5 – Factors Pertaining to the Response 

Factors Definitions 

eWOM recommendation 

Perceived helpfulness of the 

eWOM recommendation 

Consumers’ perception of the helpfulness of eWOM recommendation (Cheung & 

Thadani, 2012; Sen & Lerman, 2007). 

Perceived credibility of the 

eWOM recommendation 

The perceived degree to which an eWOM recommendation provides accurate and 

trustworthy information (Cheung et al., 2009; Park, C. & Lee, T.M., 2009). 

Extent of elaboration on the 

eWOM recommendation 

Consumers’ extent of cognitive elaborations about the eWOM recommendation 

(Cheung & Thadani, 2012; Chu & Kamal, 2008). 

Confirmation of prior beliefs Consumers’ confirmation of prior beliefs about the focal services (Cheung & 

Thadani, 2012; Cheung et al., 2009). 
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1.6 RESEARCH OBJECTIVES 

The objectives of this study are two-fold. As our first objective, we investigate the 

effects of task complexity on the effectiveness of eWOM recommendations on 

consumers’ perceptions of adopting experience services. Prior research (e.g., Xiao 

& Benbasat, 2014; Xu et al., 2014) contends that services differ along an 

important dimension: the complexity of the service evaluation task (a.k.a., task 

complexity), which significantly affects how consumers evaluate and decide on 

the adoption of the services. For example, Jiang and Benbasat (2007) have found 

that task complexity influences the effectiveness of PGRs on the consumers’ 

adoption of services. Notwithstanding the contributions of prior eWOM studies, 

little is known about the effects of task complexity on the effectiveness of eWOM 

recommendations on consumers’ perceptions of adopting experience services. As 

our second objective, we examine the effects of consumer’s innovativeness on the 

effectiveness of eWOM recommendations on consumers’ perceptions of adopting 

experience services. Consumer behaviour researchers (e.g., Hirschman, 1980; 

Manning et al., 1995; Midgley & Dowling, 1978; Venkatraman & Price, 1990; 

Wood & Swait, 2002) have identified innovativeness as a personality construct 

that predicts which consumers are more likely to evaluate and adopt services. 

Furthermore, research findings (e.g., Wang & Doong, 2010; Xiao & Benbasat, 

2014) show that consumers' innovativeness is significantly and positively related 

to consumers' deliberation on the PGRs. Yet little is known about the effects of 

consumers’ innovativeness on the effectiveness of eWOM recommendations on 

consumers’ perceptions of adopting experience services. Hence, research is 

needed to shed light on the effects of these two factors on the effectiveness of 

eWOM recommendations. To this end, we devise two research questions, 

presented next.  

1.7 RESEARCH QUESTIONS 

1.7.1 Research Question 1 – Task Complexity 

Task complexity represents complexity of the service evaluation task, which is 

defined as the extent to which a consumer perceives a service as difficult to 

understand (Mukherjee & Hoyer, 2001; Rogers, 2003). Prior research has 

characterized task complexity along three dimensions: number of service 

attributes, variability of each service attribute, and interdependence of the service 

attributes (Fu & Elliott, 2013; Jahng et al., 2000; Jahng et al., 2007; Johnson & 

Sohi, 2013; Xiao & Benbasat, 2007; Xu et al., 2014). As the number of attributes 

of a service, the level of variation of each attribute, and the degree of 

interdependence among the attributes increase, it is more likely that a consumer 

perceives the service as more difficult to understand, hence more complex to 
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evaluate (i.e., higher task complexity). Online services comprise a wide range of 

task complexity, ranging from those with relatively few and simple to understand 

service attributes (i.e., low task complexity), such as online music (Xu et al., 

2014), to those with many and relatively more difficult to understand attributes 

(i.e., high task complexity), such as online healthcare (Fan et al., 2013; Hanif et 

al., 2009; Lambert & Loiselle, 2007; Liu et al., 2013). Prior research has 

demonstrated the impact of task complexity on consumers' decision quality and 

search behaviour (Bettman et al., 1998; Keller & Staelin, 1987). For example, 

Keller and Staelin (1987) have developed an analytical model, which shows that 

higher number of service attributes results in decreased decision quality. Bettman 

et al. (1998) show that task complexity increases consumers’ cognitive load, 

resulting in decision biases. Furthermore, Benbasat and colleagues (Jiang & 

Benbasat, 2007; Xiao & Benbasat, 2007) contend that the effectiveness of PGRs 

on consumers’ decisions is greater when the task complexity is higher. 

Nonetheless, little is known about the effects of task complexity on the 

effectiveness of eWOM recommendations.  

According to Wood (1986), task complexity is a function of the number of 

distinct information cues about the attributes of the task-related stimulus object 

that an individual has to process when performing a task. Prior research on task 

complexity (Speier & Morris, 2003; Zigurs & Buckland, 1998) shows that high 

task complexity can increase information-processing requirements and demand 

more cognitive resources in form of schemata from task executors. Schema is a 

cognitive structure that represents the prior knowledge about a given concept 

(Johnson & Sohi, 2013). Schema, which contains both the attributes of the 

concept and the relationship among those attributes, enables one to make 

inferences and simplify the information processing (Johnson & Sohi, 2013). Thus, 

when faced with a highly complex task of evaluating an experience service, such 

as an online healthcare service (Fan et al., 2013) that requires considerable 

information processing, consumers without the required prior knowledge (e.g., 

specialized medical knowledge for evaluating the healthcare service) are not able 

to handle the complex task (Sweller et al., 1998; Van Merrienboer & Sweller, 

2005). Given their limited ability to handle the complex task, consumers tend to 

seek advice from other sources, such as eWOM recommendations (Adjei et al., 

2010). To this end, we draw on cognitive load theory and the ELM as our 

theoretical underpinnings to investigate the following research question: 

Research Question 1: Does the task complexity in evaluating an experience 

service affect the effectiveness of eWOM recommendations on consumers' 

perceptions of adopting the experience service?   
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1.7.2 Research Question 2 – Consumer’s Innovativeness 

Prior studies (e.g., Wood & Swait, 2002) contend that consumers’ propensities to 

adopt services (consumer’s innovativeness) play an important role in consumers' 

behaviour, in terms of increasing their motivation to evaluate and seek 

information about the services. “Few concepts in the behavioural sciences have as 

much immediate relevance to consumer behaviour as innovativeness” 

(Hirschman, 1980, p. 283). If there were no such characteristic as innovativeness, 

consumers’ behaviour would consist of a series of routinized attitudes towards 

adoption of a static set of services. It is the inherent willingness of a consuming 

population to look for and adopt services that gives the service providers 

opportunities to innovate, which creates the dynamic nature of the marketplace 

(Hirschman, 1980).  

Prior research (Hirunyawipada & Paswan, 2006; Venkatraman & Price, 1990; 

Wood & Swait, 2002) has recognized two dimensions that determine the 

consumer's level of innovativeness: cognitive innovativeness and sensory 

innovativeness. Cognitive innovativeness is the preference for engaging in 

experiences with the objective of stimulating the mind, while sensory 

innovativeness is the preference for engaging in experiences with the objective of 

stimulating the senses (Park et al., 2010). Some innovative people have a 

preference for either cognitive, or sensory stimulation, but other innovative people 

may seek both (Park et al., 2010; Wood & Swait, 2002). Prior research on PGRs 

(e.g., Wang & Doong, 2010; Xiao & Benbasat, 2014) contends that consumers' 

innovativeness is an important factor affecting the effectiveness of PGRs on 

consumer’s adoption of services. Nonetheless, there is a paucity of research 

examining the effects of consumers’ innovativeness on the effectiveness of 

eWOM recommendations. To this end, as explained in the next chapter, we draw 

on the ELM and the two dimensions of consumer’s innovativeness (i.e., cognitive 

innovativeness and sensory innovativeness) to investigate the following research 

question: 

Research Question 2: Does the consumers’ level of innovativeness affect the 

effectiveness of eWOM recommendations on their perceptions of adopting an 

experience service?  

Given the importance of the stage of the service adoption process (i.e., pre-usage, 

initial use, and repeated use) in adoption of services (see Figure 1.1), the 

foregoing two research questions are investigated across all the three stages of the 

adoption process, detailed in Chapter 3. 
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1.8 DISSERTATION CONTRIBUTIONS & 

STRUCTURE 

This study makes three major contributions to the literature. Firstly, it illuminates 

the effect of task complexity on the effectiveness of eWOM recommendations on 

consumers’ perceptions of adopting experience services. Secondly, it assesses the 

effect of consumers’ innovativeness on the effectiveness of eWOM 

recommendations on consumers’ perceptions of adopting experience services. 

Thirdly, it reveals the moderating effect of stage of the service adoption process 

(i.e., pre-usage, initial use, and repeated use) on the effectiveness of eWOM 

recommendations. 

The rest of this dissertation is structured as follows. In Chapter 2, we develop our 

theoretical model and propose nine hypotheses. Chapter 3 describes our mixed 

methods methodology (i.e., quantitative and qualitative) for collecting data in 

order to test the nine stated hypotheses. In Chapter 4, we present the preliminary 

data analyses, the results of statistical tests of our nine hypotheses, and findings 

from content analysis of our qualitative data. Chapter 5 discusses insights from 

our findings in terms of contributions to the theory and implications for practice. 

In Chapter 5, we also conclude our study by explaining its limitations and 

devising avenues for future research.   
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2. THEORY DEVELOPMENT 

As discussed in Chapter 1, the objective of this study is to assess the contingency 

factors affecting the effectiveness of eWOM recommendations on consumers’ 

perceptions of adopting experience services. To that end, we investigate two 

research questions: (1) Does the task complexity in evaluating an experience 

service affect the effectiveness of eWOM recommendations on consumers' 

perceptions of adopting the experience service? (2) Does the consumers’ level of 

innovativeness affect the effectiveness of eWOM recommendations on their 

perceptions of adopting an experience service? To respond to these two research 

questions, we draw on the ELM, cognitive load theory, and two dimensions of 

consumer’s innovativeness (i.e., cognitive innovativeness and sensory 

innovativeness), as our theoretical foundations, to propose a research model 

(depicted in Figure 2.1) and propose nine hypotheses, detailed next.  

 

 

Figure 2.1 – Proposed Research Model 

  

Consumers' Prior Knowledge of the Context of the Experience Service (High/Low) 

Consumers' Need for Cognition (High/Low)

Consumers' Need for Change (High/Low)

Positive eWOM 

Recommendations

Consumers' Perceptions of 

Adopting an Experience 

Service

H1 – H9
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2.1 THEORETICAL FOUNDATIONS 

The ELM enables us to gain a better understanding of how task complexity and 

consumers’ level of innovativeness affects the effectiveness of eWOM 

recommendations on consumers’ perceptions of adopting experience services. The 

ELM (Petty & Cacioppo, 1986; Petty & Wegener, 1998, 1999; Petty et al., 2003) 

provides a theoretical perspective about the processes responsible for the 

formation of people’s perceptions about objects, such as services. There is 

substantial empirical support for the explanatory power of the ELM in a variety of 

behavioural domains, including IS (e.g., Angst & Agarwal, 2009; Bhattacherjee & 

Sanford, 2006; Meservy et al., 2013; Sussman & Siegal, 2003; Tam & Ho, 2005).  

The ELM explains that different processes can lead to perceptions formation in 

different circumstances (Petty & Wegener, 1998). Some of these processes 

require diligent and effortful information processing, whereas others proceed with 

relatively little mental effort (Petty & Wegener, 1998). A key construct in the 

ELM is the elaboration likelihood continuum (Petty & Wegener, 1998; Ranganath 

et al., 2010). On the one hand, when the elaboration likelihood is high, people 

evaluate the object-relevant information based on their prior knowledge about the 

object, which would result in the formation of perceptions about the object that 

are well articulated and bolstered by their prior knowledge, referred to as central 

route. On the other hand, when the elaboration likelihood is low, the information 

scrutiny is significantly reduced and people’s perceptions about the focal object 

are formed as a result of less resource demanding heuristics (a.k.a., “simple 

evaluative thoughts”) that do not require effortful evaluation of the object-relevant 

information, referred to as peripheral route (Petty & Wegener, 1998). The ELM 

posits that as the impact of central route process on the formation of perceptions 

increases, the impact of peripheral route process decreases (a.k.a., "trade-off 

hypothesis"). The ELM emphasizes that this trade-off is not in the occurrence of 

central and peripheral processes, but in the impact of these processes on the 

formation of people’s perceptions about the object (Petty & Wegener, 1998).  

For example, under low elaboration conditions (peripheral route), the presence of 

an eWOM recommendation from a credible source about a service can invoke 

simple evaluative thoughts such as “credible sources provide high-quality 

knowledge” (Meservy et al., 2013, p. 19) or “credibility implies correctness” 

(Zhang & Watts, 2008, p. 75), which can be used as the basis for formation of 

consumer’s perceptions about the recommended service, without careful 

evaluation of the service attributes. However, under high elaboration conditions, 

the eWOM recommendation from the credible source would be subjected to 

careful scrutiny, just as the attributes of the recommended service are subjected to 

careful evaluations (central route). If the eWOM recommendation is found to lack 

merit for supporting the advocated view, or does not provide much information 

over and above the consumer’s prior knowledge of the recommended service, 
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then it has little impact on consumer's perceptions about the service. This scrutiny 

of the recommendation for merit would be less likely under low elaboration 

conditions, where the mere invocation of the aforementioned simple evaluative 

thoughts would be sufficient for formation of perceptions about the recommended 

service. Therefore, the ELM holds that movement in either direction along the 

elaboration likelihood continuum (i.e., central route process versus peripheral 

route process) would tend to enhance the relative impact of the pertinent 

processes on the formation of perceptions (e.g., effortful evaluation of the service 

attributes versus reliance on simple evaluative thoughts based on an eWOM 

recommendation from a credible source). Extrapolating this to the context of 

eWOM recommendations, we contend that under peripheral route conditions, the 

presence of eWOM recommendations from a credible source about an online 

experience service would result in invocation of some simple evaluative thoughts 

for the consumers, which can be used as the basis for their adoption of the service. 

However, under central route conditions, the eWOM recommendations and the 

attributes of the recommended service are subjected to careful evaluations by the 

consumers, based on their prior knowledge of the service context (Petty & 

Wegener, 1998). To better understand how task complexity and consumer’s 

innovativeness affect the effectiveness of eWOM recommendations from the 

ELM perspective, we need to first understand what factors cause a consumer to 

move one direction versus the other along the elaboration likelihood continuum 

(i.e., central route process versus peripheral route process). 

The ELM explains that in order for the central route process to influence 

perceptions formation, people must have the ability (i.e., the necessary prior 

knowledge to engage in thought) and motivation (i.e., the desire to exert a high 

level of mental effort) to engage in an effortful processing of the object-relevant 

information (Nah & Benbasat, 2004; Petty & Wegener, 1998). Extrapolating this 

to the context of service adoption, Keller (1993) argues that in order for the 

central route process to form a consumer’s perceptions of adopting a service, the 

consumer must have the ability and motivation to evaluate the service attributes 

(Keller, 1993). Based on cognitive load theory (Kirschner, 2002; Sawicka, 2008; 

Sweller, 1988; Sweller, 1994; Sweller & Chandler, 1991; Sweller et al., 1998; 

Van Merrienboer & Sweller, 2005), task complexity of evaluating a service 

reduces the consumer’s ability to evaluate the service. Cognitive load theory also 

explains that consumer’s prior knowledge of the context of the service reduces the 

task complexity, hence determines consumer's ability to evaluate the service. 

Furthermore, prior research (Hirunyawipada & Paswan, 2006; Park et al., 2010; 

Srivastava & Sharma, 2012; Venkatraman & Price, 1990; Wood & Swait, 2002) 

shows that two dimensions of consumer’s innovativeness (i.e., cognitive 

innovativeness and sensory innovativeness) are important factors in determining 

consumer’s motivation to evaluate a service. We elaborate on these factors in the 

following section. 
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2.2 HYPOTHESES DEVELOPMENT 

2.2.1 Consumer’s Ability to Evaluate an Experience Service: 

Consumer’s Prior Knowledge of the Context of the 

Experience Service 

Prior research on task complexity (e.g., Speier & Morris, 2003; Sweller et al., 

1998; Xu et al., 2014; Zigurs & Buckland, 1998) shows that higher task 

complexity increases information-processing requirements, which can increase 

the cognitive load for the task executor. The cornerstone of human’s information 

processing is the working memory (a.k.a., short-term memory), which is used to 

organize, contrast, compare, evaluate, and learn the incoming information 

(Kirschner, 2002; Sweller et al., 1998). Cognitive load theory (Kirschner, 2002; 

Sweller et al., 1998; Van Merrienboer & Sweller, 2005) argues that working 

memory is limited in its capacity to process information and the duration of 

keeping the information. In particular, cognitive load theory describes a limited 

working memory that stores about seven elements and is able to deal with 

information for no more than a few seconds with almost all information lost after 

about 20 seconds (Van Merrienboer & Sweller, 2005). Therefore, complex tasks 

that require a large number of information cues to be stored and processed in 

working memory can contribute to a high cognitive load (Jiang & Benbasat, 2007; 

Sweller et al., 1998; Van Merrienboer & Sweller, 2005; Xu et al., 2014). If 

working memory is overloaded, an individual's ability to execute the task 

deteriorates (Sweller, 1988). Extending this to the context of evaluating a service, 

we expect that as the complexity of the service evaluation task increases the 

amount and complexity of information cues that consumers should process in 

their working memory will increase as well. This would increase the cognitive 

load in the consumers’ working memory. If the amount of cognitive load exceeds 

the working memory capacity, consumers will not be able to process the service 

attributes, which would negatively affect the quality of their service evaluation 

task (Kamis et al., 2008). Once individuals are faced with a complex task, they 

attempt to simplify the task by resorting to simple evaluative thoughts 

(Hadjimarcou & Hu, 1999), such as relying on the experience of other individuals 

(Fang et al., 2011; Ye et al., 2011) in order to reduce the cognitive load. Prior 

research contends that eWOM recommendations are effective in reducing 

consumer’s cognitive load. For example, Ye et al. (2011) found that online 

reviews serve to reduce the cognitive load of consumers in online hotel booking 

context. Furthermore, Fang et al. (2011, p. 192) contend that “when a[n 

experience] product is difficult to evaluate before purchase, people actively seek 

out the experience of relatives and friends who have already used the product”. 

Cognitive load theory emphasizes that the working memory capacity limitations 

only apply to novel information and it has no known limitations when dealing 
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with information retrieved from long-term memory (Van Merrienboer & Sweller, 

2005). In contrast to working memory, the long-term memory is the repository for 

more permanent knowledge and skills, with an unlimited storage capacity 

(Kirschner, 2002). Long-term memory can hold an unlimited number of cognitive 

schemata that vary in their degree of complexity (Kirschner, 2002). A schema is a 

cognitive structure that represents the prior knowledge about a given concept 

(Johnson & Sohi, 2013). These schemata provide a basis for interpreting new 

information while forming subsequent judgments (Xu et al., 2013). Prior research 

shows that schemata are effective tools for interpreting the world around us and 

play an important role in value judgments across multiple fields, including IS 

applications (Armstrong & Hardgrave, 2007; Dou et al., 2010; Montazemi & 

Conrath, 1986; Xu et al., 2014; Xu et al., 2013). Cognitive load theory argues that 

the schemata stored and organized in the long-term memory reduce working 

memory load, because even a highly complex schema can be dealt with as only 

one element in the working memory (Kirschner, 2002). In effect, long-term 

memory can alter the characteristics of working memory through these schemata 

(Van Merrienboer & Sweller, 2005).  

In this sense, schemata act as a central executive, organizing the information cues 

that need to be processed in working memory. It is under these circumstances that 

there are no limits to working memory (Nah et al., 1999; Van Merrienboer & 

Sweller, 2005). Through the lens of the ELM (Petty & Wegener, 1998), for a 

consumer who does not have the required prior knowledge of the context of a 

service, the task of evaluating the service will be cognitively overloading, hence 

highly complex. Therefore, based on the ELM, the consumer will not be able to 

evaluate the service through central route processes. As a result, in order to reduce 

the complexity, the consumer resorts to the peripheral route processes for 

evaluating the service. For example, a person without any prior medical education 

cannot evaluate the reliability and applicability of a complex medical operation 

through central route processes (Fan et al., 2013; Liu et al., 2013). This is because 

when dealing with a complex experience service, such as medical operations 

(Dranove, 2009; Fan et al., 2013), for which no prior knowledge is available, 

consumer’s working memory would be overloaded. Therefore, such consumers 

would resort to peripheral route processes for evaluating the medical operations. 

Based on the above justifications, we propose the following hypothesis: 

Hypothesis 1: the effectiveness of positive eWOM recommendations on 

consumers' perceptions of adopting an experience service is higher, when 

consumers have lower prior knowledge of the context of the experience service.   
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2.2.2 Consumers’ Motivation to Evaluate the Service: Consumer’s 

Innovativeness 

According to the ELM, we expect the likelihood of consumers choosing 

central/peripheral route to be affected by consumers’ motivation to evaluate a 

service. Prior research (Rogers, 2003; Srivastava & Sharma, 2012; Wood & 

Swait, 2002) shows that consumer’s motivation to evaluate a service is 

determined by consumer’s level of innovativeness, which is defined as 

consumers’ preference for an alternative to the status quo (Wood & Swait, 2002), 

such as adoption of an experience service. Prior Research (e.g., Bartels & 

Reinders, 2011; Hirunyawipada & Paswan, 2006; Park et al., 2010; Srivastava & 

Sharma, 2012; Venkatraman & Price, 1990; Wood & Swait, 2002) has recognized 

that a consumer’s level of innovativeness is determined by two distinct personal 

characteristics: (a) consumer’s propensity to engage in new experiences with the 

objective of stimulating the senses – known as sensory innovativeness, and (b) 

consumer's propensity to engage in new experiences with the objective of 

stimulating the mind – known as cognitive innovativeness (e.g., thinking about the 

trade-offs offered by a new service as compared to the status quo). Prior studies 

(e.g., /Venkatraman & Price, 1990; Wood & Swait, 2002) contend that although 

trying a new service provides sensory stimulations, it also requires cognitive 

stimulations to assess the benefits and costs of trying a new service. Some 

innovative people have a preference for either cognitive or sensory stimulation, 

but others may seek both (Hirschman, 1984; Park et al., 2010). Prior studies 

(Venkatraman & Price, 1990; Wood & Swait, 2002) have shown that these two 

types of innovativeness are not always strongly correlated. In fact, it is the 

interaction between them that generates four consumer types that behave in a 

systematic and predictable fashion regarding choice between new and status quo 

alternatives. Wood and Swait (2002) have shown that two factors – need for 

cognition and need for change – can be used for measuring consumers’ level of 

cognitive and sensory innovativeness, respectively. 

Consumers’ need for cognition is a well-established individual difference factor 

in the extant psychology literature (e.g., Cacioppo et al., 1996), which is defined 

as consumers' disposition to engage in and enjoy thinking per se (Cacioppo & 

Petty, 1982; Cacioppo et al., 1996; Wood & Swait, 2002). Need for cognition is 

not conceptualized as a level of intellectual ability, but rather as a relative 

proclivity to process information (Cacioppo et al., 1996; Wood & Swait, 2002). 

Research findings show that consumers’ level of need for cognition determines 

their motivation to evaluate services (Pagani, 2007; Srivastava & Sharma, 2012; 

Wood & Swait, 2002).  

Consumers’ need for change is defined as “the extent to which consumers view 

novelty and innovation as intrinsically valuable” (Wood & Swait, 2002). Need for 

change concept draws from the optimal stimulation level (OSL) literature 
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(Steenkamp & Baumgartner, 1992; Wahlers et al., 1986; Wahlers & Etzel, 1990; 

Wood & Swait, 2002). OSL is the degree of sensory stimulation with which an 

individual is comfortable (Zuckerman, 1979). If the environment does not provide 

sufficient sensory stimulation, an individual pursues behaviours or choices that 

enhance stimulation. If sensory stimulation levels are too high, an individual acts 

to reduce them. Such attempts to manipulate sensory stimulation levels are 

commonly observed as actions that depict seeking or avoidance of novelty and 

innovation (Zuckerman, 1979). Prior research findings show that consumers’ level 

of need for change determines their motivation to evaluate the services 

(Srivastava & Sharma, 2012; Wood & Swait, 2002).  

Prior research (Srivastava & Sharma, 2012; Wood & Swait, 2002) has 

demonstrated that interaction between consumers' high/low level of need for 

cognition and consumers' high/low level of need for change generates four 

different segments of consumers that behave in systematically different fashions 

regarding their motivation to evaluate the services: (1) Thinkers and Changers – 

consumers with high need for cognition and high need for change, (2) Thinkers 

but Not Changers – consumers with high need for cognition but low need for 

change, (3) Not Thinkers but Changers – consumers with low need for cognition 

but high need for change, and (4) Neither Thinkers Nor Changers – consumers 

with low need for cognition and low need for change. Based on the foregoing 

discussion, we propose that these four consumer segments moderate consumers’ 

motivation to evaluate experience services, thus affect the effectiveness of eWOM 

recommendations on consumers’ perceptions of adopting the experience services. 

In addition, as discussed in hypothesis 1, consumers’ level of prior knowledge of 

the context of the service is also expected to influence the effectiveness of the 

eWOM recommendations. To this end, we further classify the four 

aforementioned segments of consumers based on their high/low level of prior 

knowledge of the context of the service, as depicted in Figure 2.2. To this end, we 

propose eight hypotheses to examine the confluence of the consumers’ high/low 

prior knowledge of the context of the service, consumers’ high/low need for 

cognition, and consumers’ high/low need for change on the effectiveness of the 

eWOM recommendations on consumers’ perceptions of adopting experience 

services, as depicted in Figure 2.2 and Table 2.1. 
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Figure 2.2 – Eight Segments of Consumers based on Consumers' High/Low Prior Knowledge 

of the Service Context, Consumers' High/Low Need for Cognition, and Consumers' 

High/Low Need for Change, Adapted from Wood and Swait (2002) 
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Table 2.1 – Summary of our Nine Proposed Hypotheses 

H
y
p

o
th

es
es

 Hypothesized Conditions Hypothesized Consequents 

Consumers’ Prior 

Knowledge of the Context 

of the Experience Service 

Consumers’ 

Need for 

Cognition 

Consumers’ 

Need for 

Change 

Effectiveness of the eWOM 

Recommendations on Consumers’ 

Perceptions of Adopting the 

Experience Service 

H1 Lower – – Higher Effectiveness 

H2 Low High High Affect 

H3 High High High Do Not Affect 

H4 Low High Low Do Not Affect 

H5 High High Low Do Not Affect 

H6 Low Low High Affect 

H7 High Low High Do Not Affect 

H8 Low Low Low Do Not Affect 

H9 High Low Low Do Not Affect 
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2.2.3 Thinkers and Changers: Consumers with High Need for 

Cognition and High Need for Change  

Thinkers and Changers are the consumers who have high disposition for both 

thought and change, thus they score high on measures of both need for cognition 

and need for change (Wood & Swait, 2002). When considering a service, thinkers 

and changers’ choice behaviour is driven by searching and processing the 

accessible information about the service because of their advocated position about 

the service of their interest and their disposition to expend cognitive resources to 

process the available information (Wood & Swait, 2002). These consumers have 

high likelihood of change in situations that allow for thoughtful consideration of 

the accessible information about the service of their interest (Srivastava & 

Sharma, 2012; Wood & Swait, 2002). For Thinkers and Changers with low prior 

knowledge of the service context, the eWOM recommendations about the service 

serve as an accessible source of information that is carefully considered. 

Therefore, we propose that Thinkers and Changers with low prior knowledge are 

likely to rely on the eWOM recommendations to adopt the service. However, for 

Thinkers and Changers with high prior knowledge, eWOM recommendations 

about the service is likely to serve only as additional information that is carefully 

processed and scrutinized with their accessible prior knowledge for decision-

making (Gupta & Harris, 2010). Therefore, disconfirmation is likely to emerge 

when their evaluations of the eWOM recommendations indicate discrepancies due 

to their counter-arguments (Alba & Hutchinson, 2000; Chang, 2004; Wang, 

2006). Thus, Thinkers and Changers with high prior knowledge are inclined to 

express resistance to persuasion as a result of eWOM recommendations. Based on 

the above justification, we propose the following hypotheses, depicted in Figure 

3.2 and Table 3.1: 

Hypothesis 2: positive eWOM recommendations affect consumers' perceptions of 

adopting an experience service, when they have low prior knowledge of the 

context of the service, high need for cognition, and high need for change. 

Hypothesis 3: positive eWOM recommendations do not affect consumers' 

perceptions of adopting an experience service, when they have high prior 

knowledge of the context of the service, high need for cognition, and high need for 

change.. 
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2.2.4 Thinkers but Not Changers: Consumers with High Need for 

Cognition, but Low Need for Change  

Thinkers but Not Changers are the consumers who have high disposition for 

thought with low disposition for change. Thus, they score high on the measure of 

need for cognition, but low on the measure of need for change (Wood & Swait, 

2002). These consumers enjoy cognitive activity; yet appreciate the comfort of 

routine and habit. Therefore, they are likely to stay with the status quo and are not 

expected to seek information about a service because of their low disposition to 

change (Wood & Swait, 2002). Because they are Thinkers, they are likely to have 

analyzed the benefits of staying with the status quo and may change only if 

offered substantive benefits (e.g., significant financial savings) (Wood & Swait, 

2002). Therefore, we propose that Thinkers but Not Changers are not motivated to 

attend to the eWOM recommendations persuasion towards adopting a service. As 

a result, the effectiveness of the eWOM recommendations on their perceptions of 

adopting the service is low, regardless of their high/low level of prior knowledge 

of the context of the service. Based on the above justifications, we propose the 

following hypotheses, depicted in Figure 3.2 and Table 3.1: 

Hypothesis 4: positive eWOM recommendations do not affect consumers' 

perceptions of adopting an experience service, when they have low prior 

knowledge of the context of the service, high need for cognition, and low need for 

change.  

Hypothesis 5: positive eWOM recommendations do not affect consumers' 

perceptions of adopting an experience service, when they have high prior 

knowledge of the context of the service, high need for cognition, and low need for 

change. 
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2.2.5 Not Thinkers but Changers: Consumers with Low Need for 

Cognition, but High Need for Change 

Not Thinkers but Changers are consumers who thrive on the sensory stimulation 

achieved through novelty and change, but avoid cognitive effort when possible. 

Thus, they score low on the measure of need for cognition, but high on the 

measure of need for change (Wood & Swait, 2002). These consumers are 

characterized as impulsive: they tend to spontaneously decide on the spur of the 

moment without much thinking and deliberation on the long-term implications of 

the decisions, and without planning carefully (Baumeister, 2002; Karande & 

Merchant, 2012; Wood & Swait, 2002). When they encounter uncertainty in their 

decision regarding the service, these consumers are expected to respond positively 

to the persuasion by the simple evaluative thoughts about the service of their 

interest that requires less cognitive effort to process (Wood & Swait, 2002). Thus, 

based on the ELM (Cacioppo et al., 1986), they are likely to go through the 

peripheral route in decision-making. Gupta and Harris (2010) contend that 

consumers with low disposition to process the information consider the eWOM 

recommendation as a simple decision-making cue in forming their perceptions 

towards adopting the recommended product. Therefore, we propose that Not 

Thinkers but Changers are likely to rely on the eWOM recommendation to adopt 

a service, when they encounter uncertainty in their decision (i.e., when they have 

low prior knowledge of the context of the service). Based on the above 

justification, we propose the following hypotheses, depicted in Figure 3.2 and 

Table 3.1: 

Hypothesis 6: positive eWOM recommendations affect consumers' perceptions of 

adopting an experience service, when they have low prior knowledge of the 

context of the service, low need for cognition, and high need for change.  

Hypothesis 7: positive eWOM recommendations do not affect consumers' 

perceptions of adopting an experience service, when they have high prior 

knowledge of the context of the service, low need for cognition, and high need for 

change.  
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2.2.6 Neither Thinkers Nor Changers: Low Need for Cognition and 

Low Need for Change 

Neither Thinkers Nor Changers have low disposition for both thought and change, 

thus score low on both measures of need for cognition and need for change 

(Wood & Swait, 2002). This group of consumers has the strongest disposition to 

stay with the status quo, among all four aforementioned segments of consumers. 

Thus, they are not likely to seek and be persuaded by the information about a 

service (Wood & Swait, 2002), regardless of their high/low prior knowledge of 

the service. To this end, Neither Thinkers Nor Changers are not expected to attend 

to the eWOM recommendation towards adopting a service. Therefore, we propose 

that the effectiveness of the eWOM recommendations on consumers’ perceptions 

of adopting the experience service would be low, regardless of their high/low 

prior knowledge of the context of the service. Based on the above justification, we 

propose the following hypotheses, depicted in Figure 3.2 and Table 3.1: 

Hypothesis 8: positive eWOM recommendations do not affect consumers' 

perceptions of adopting an experience service, when they have low prior 

knowledge of the context of the service, low need for cognition, and low need for 

change.  

Hypothesis 9: positive eWOM recommendations do not affect consumers' 

perceptions of adopting an experience service, when they have high prior 

knowledge of the context of the service, low need for cognition, and low need for 

change.   
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3. RESEARCH METHODOLOGY 

3.1 STUDY DESIGN, CONTEXT, AND SUBJECTS 

We devised a mixed methods approach for our research methodology in this 

study. Mixed methods approach uses quantitative and qualitative data to provide a 

profound understanding of a phenomenon of interest (Venkatesh et al., 2013). To 

that end, we randomly assigned 263 subjects to four conditions based on a 2 × 2 

between-subject factorial design via a controlled laboratory experiment, as 

depicted in Table 3.1. Two different conditions regarding the eWOM 

recommendations (i.e., positive and no-eWOM recommendation) in conjunction 

with two different conditions to represent high/low prior knowledge of the context 

of the experience service were manipulated between subjects. The no-eWOM 

recommendation condition for each of high/low prior knowledge conditions was 

used as the control condition to provide the baseline data for investigating the 

effectiveness of eWOM recommendations on consumers’ perceptions of adopting 

the experience services (Himmelfarb, 1975; Petty et al., 1981).  

The laboratory experiment enabled us to have a controlled environment to assess 

the effects of the focal factors in the nine stated hypotheses, while controlling for 

the potential confounding effects of the other factors (e.g., quality of eWOM 

recommendations; See Table B.1 in Appendix B for a complete list of control 

variables). We used online structured questionnaires along with open-ended 

questions to collect both quantitative and qualitative data. We used the 

quantitative data for testing our nine proposed hypotheses and the qualitative data 

for expanding on our quantitative findings by gaining deeper insights into the 

nature of consumers' cognitive processes in evaluating services. 

Table 3.1 – 2×2 Between Subject Controlled Experiment 

 High Prior Knowledge of 

the Experience Service 

Context  

(Music Website) 

Low Prior Knowledge of 

the Experience Service 

Context 

(Healthcare Website) 

Positive eWOM 

Recommendations 

(experimental group) 

Experimental Condition Experimental Condition 

No eWOM 

Recommendations 

(control group) 

Control Condition Control Condition 
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3.1.1 Subjects 

The subjects in our study were 263 undergraduate students (115 female and 148 

male with average age of 20) enrolled in a second-year commerce course entitled 

“Information Systems in Business” at DeGroote School of Business. Prior 

consumer research has noted that students provide an appropriate sample when 

the focus is on the controlled theory testing (Calder et al., 1981; Wells et al., 

2011). Furthermore, scholars (e.g., Bansal & Voyer, 2000; Komiak & Benbasat, 

2006; Kumar & Benbasat, 2006; Kuo et al., 2009; Mitra et al., 1999; Nah et al., 

2010; Sheng et al., 2008; Sia et al., 2009; Suh & Lee, 2005; Yin et al., 2014) have 

relied extensively on student subjects in their service adoption and eWOM 

studies. Students’ participation in our study was voluntary and was compensated 

by a 2% bonus mark.  

3.1.2 Experimental Manipulation: High/Low Prior Knowledge of 

the Experience Service Context 

To manipulate the high/low consumers’ prior knowledge of the context of the 

experience service, we selected two domains of the online experience service: 

online music to represent high prior knowledge and online healthcare to represent 

low prior knowledge. Studies have shown that the human brain has an implicit 

musical ability (Koelsch et al., 2000; Koelsch et al., 2002). For example, Koelsch 

et al. (2000) investigated the influence of preceding musical context, task 

relevance of unexpected chords, and the degree of probability of violation on 

music processing, in both musicians and non-musicians. They found that the 

human brain unintentionally extrapolates expectations about impending auditory 

input. Even in non-musicians, the extrapolated expectations are consistent with 

the music theory. The ability to process information musically supports the idea of 

an implicit musical ability in the human brain, which makes identifying favourite 

music less complex for individuals. Furthermore, it is reasonable to presume that 

our subjects have high knowledge about their favourite music, and use their 

computers and the Internet to listen to their favourite music frequently (Kennedy 

et al., 2008; Sun et al., 2006). Thus, in this investigation we expect our subjects to 

have high prior knowledge of selecting their favourite music using music 

websites.  

Furthermore, consumers increasingly use healthcare websites. As a case in point, 

a recent report (Fox, 2011) shows that 80% of Americans with the Internet access 

have used online healthcare sites for healthcare information. However, 

understanding the validity and applicability of medical information can be 

difficult for those without a medical degree or extended training in the medical 

field (Hanif et al., 2009). Several studies (Fan et al., 2013; Hanif et al., 2009; 

Lambert & Loiselle, 2007; Liu et al., 2013) find the difficulty of understanding 

the medical information for ordinary individuals without extensive medical 
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knowledge. Therefore, considering that our subjects were second-year 

undergraduate commerce students, we expected them to have low prior 

knowledge of the healthcare context.  

Given that there could be some expected variability in the level and context of 

students' past experiences with healthcare issues, we followed Helson’s (1948; 

1964) argument in adaptation level theory to ensure that our subjects had a 

common frame of reference in evaluating the healthcare websites. Helson’s 

adaptation level theory (Helson, 1948; Helson, 1964) posits that people’s 

judgments are based on their past experiences, a context or background (for 

making comparison judgments), and a stimulus (i.e., eWOM recommendations in 

our study). Given that each of our subjects might have different levels of past 

experiences with different healthcare issues, when no specific healthcare topic 

was provided, there would be no common frame of reference for evaluating the 

healthcare websites, which would reduce the internal validity of our experiment 

(Kumar & Benbasat, 2006). To that end, in line with adaptation level theory 

(Helson, 1948; Helson, 1964), we instructed the students to assess the healthcare 

websites based on their content about the specific topic of “stress management”, 

which is considered a relevant healthcare issue to the students (Archer & Carroll, 

2003; D'Zurilla & Sheedy, 1991; Misra & McKean, 2000; Ross et al., 1999; 

Whitman, 1984). University students are prone to stress (D'Zurilla & Sheedy, 

1991; Ross et al., 1999), due to the transitional nature of student life (Towbes & 

Cohen, 1996). Students must adjust to maintain a high level of academic 

achievements, take financial responsibilities, and being in a new social 

environment. Students, regardless of year in university, often deal with stress 

related to finding a job or a potential life partner (Ross et al., 1999). If the stress is 

not dealt with effectively, feelings of loneliness and nervousness, as well as 

sleeplessness and excessive worrying may result (Wright, 1967), which makes the 

stress management a relevant and important healthcare topic for the students 

(Archer & Carroll, 2003; D'Zurilla & Sheedy, 1991; Ross et al., 1999). Therefore, 

stress management topic was selected to provide students with a common frame 

of reference for evaluating the healthcare websites. 

We selected eight top music websites and eight top healthcare websites for our 

experiment, as depicted in Table C.1 in Appendix C. This enabled us to avoid bias 

in terms of variations in the popularity of the websites. We selected these websites 

based on a set of criteria, depicted in Table C.2 in Appendix C, to ensure that they 

had similar functionalities pertinent to our required test environment. For music 

websites, subjects were instructed to look for their favourite music genres, tracks, 

and singers on the website. For healthcare websites, students were instructed to 

assess the website based on its content about the specific topic of stress 

management. 

The validity of our experimental manipulation for high/low prior knowledge of 
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the experience service context could be ensured in two possible ways: (1) asking 

self-report manipulation check questions from our subjects about their level of 

prior knowledge of the music/healthcare websites, or (2) objectively measuring 

our subjects’ level of prior knowledge of the music/healthcare websites using the 

content analysis of the qualitative data obtained from the open-ended questions at 

the repeated use stage. We opted to use the latter because self-report questions for 

the manipulation checks (e.g., asking direct questions about the level of subjects’ 

prior knowledge) can result in biased responses to both manipulation checks and 

dependent factors questions (Kidd, 1976; Perdue & Summers, 1986). Khan (2011) 

argues that experimental studies that involve laboratory settings are prone to be 

biased if subjects can guess the purpose of manipulations and their role in the 

experiment. Subjects can use their memories of their responses to the 

manipulation check questions as a basis for their responses to the dependent 

factors and are most likely to do so when those manipulation check questions are 

made salient (Perdue & Summers, 1986). Furthermore, Aronson and Carlsmith 

(1968, p. 50) explain that “too often subjects are unable or unwilling to explain 

just what the effects of some manipulations have been”, and suggest that “the best 

solution is to observe some other behaviours which we expect to covary directly 

with our theoretical variable”. To this end, Perdue and Summers (1986, p. 321) 

suggest that "whenever such behavioural [manipulation] checks are included in 

the main experiment, it seems important that the behaviours in question occur 

naturally as a function of the manipulation itself and that the observation [for the 

manipulation checks] be unobtrusive”. Therefore, in order to prevent any bias in 

subjects’ evaluations of the websites and in the manipulation checks, we opted to 

validate the experimental manipulation based on the content analysis of the open-

ended responses, collected after measuring the subjects’ evaluations of the 

websites at the repeated use stage. As will be explained in section 4.3.1 in chapter 

4, the results of our content analysis demonstrate the validity of our experimental 

manipulations for high/low prior knowledge of the context of the experience 

service: as expected, our subjects had significantly higher prior knowledge of the 

music context, compared to the healthcare context. 

3.1.3 Experimental Manipulation: eWOM Recommendations 

Consistent with the prior eWOM studies (e.g., Chan & Cui, 2011; Chatterjee, 

2001; Park, C. & Lee, T.M., 2009; Park & Kim, 2008; Park & Lee, 2008; Park et 

al., 2007; Yin et al., 2014), we developed eWOM recommendations in terms of 

positive fictitious online reviews containing recommendations about the focal 

healthcare/music websites. After reviewing samples of online reviews about the 

healthcare/music websites posted on various review websites (e.g., 

Viewpoints.com, Epionions.com, Yelp.com, Consumeraffairs.com, 

Sitejabber.com, and Alexa.com), we developed four positive reviews. Each 

review dealt with one attribute of the music/healthcare website, namely perceived 

usefulness of the website, perceived ease of use of the website, trust in the 
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website, and structural assurances of the website, providing recommendations 

along with the pertinent justifications for the recommendations. We controlled the 

level of justifications in each review to avoid any confounding effects caused by 

the variations in the levels of justifications in the reviews. A pilot study with 20 

Ph.D. students confirmed that our eWOM recommendations were perceived as we 

intended. Tables D.1 and D.2 in Appendix D depict examples of the eWOM 

recommendations that we employed in our experiment. 

3.1.4 Stage of Study: Pre-usage, Initial Use, and Repeated Use 

Based on the discussions presented in Chapter 1, we collected our data across the 

three stages of the service adoption process: pre-usage, initial use, and repeated 

use. To this end, as will be explained in “Experimental Procedures” section in this 

chapter, we measured our subjects' perceptions of adopting their focal 

healthcare/music websites at pre-usage, initial use, and repeated use stages for 

testing our nine stated hypotheses at these stages. 

3.2 FACTORS AND MEASURES  

3.2.1 Dependent Factors  

In this study, we drew on the theory of reasoned action (TRA) (Ajzen & Fishbein, 

1980) for operationalizing our dependent factors, namely perceptions of adopting 

an experience service. TRA is considered as one of the most influential 

behavioural theories in explaining and predicting behaviours (Kollmuss & 

Agyeman, 2002; Pavlou & Fygenson, 2006). According to TRA, the proximal 

determinant of behaviour (e.g., adopting an online experience service) is the 

behavioural intention, which is ultimately determined by a set of underlying 

attitudinal perceptions. Attitudinal perceptions are assessments about the 

likelihood of the behaviour’s consequences (e.g., consumers’ perceptions of 

adopting an experience service). Extant IS literature (e.g., Gefen et al., 2003) 

shows the significance of three perceptions in determining consumers’ intention 

to adopt online experience services: perceived usefulness of the online experience 

service, perceived ease of use of the online experience service, and trust in the 

online experience service. As a case in point, Gefen et al. (2003) found that the 

combined effect of consumers’ perceived usefulness, perceived ease of use, and 

trust in a website explain more than 60% of variance in the consumer’s intention 

to adopt the website. To that end, in this study, we drew on consumers’ perceived 

usefulness of the focal website, perceived ease of use of the focal website, and 

trust in the focal website as our dependent factors to operationalize consumers’ 

perceptions of adopting the focal website (see Tables E.1 and E.2 in Appendix E). 
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3.2.2 Controlled Factors  

Our systematic review of eWOM literature (depicted in Appendix A) identified 23 

factors that potentially alter the effectiveness of eWOM recommendations on 

consumers’ perceptions of adopting services. Therefore, to improve the validity of 

our experiment, we controlled for the potential confounding effects of all 23 

identified factors in our study (see Table 3.2 for a list of these factors). We have 

explained the procedures used for controlling the potential confounding effects of 

each of the 23 controlled factors in Appendix B. 

3.2.3 Measures  

All measurement instruments were adapted from the existing and validated scales 

in the literature and operationalized using 5-point Likert scales (i.e., 1: strongly 

disagree – 5: strongly agree) in form of online questionnaires. Measures for 

perceived usefulness (e.g., “[the focal healthcare website] would enhance my 

effectiveness in getting useful information about stress management”), perceived 

ease of use (e.g., “getting information about stress management from [the focal 

healthcare website] would be easy”), and trust (e.g., “[the focal healthcare 

website] would be competent in providing objective information about stress 

management”) were adapted from Pavlou and Fygenson (2006), which is based 

on Ajzen and Fishbein (1980)’s expectancy–value formulation for measuring 

attitudinal beliefs. According to expectancy–value formulation, attitudinal beliefs 

(e.g., perceived usefulness, perceived ease of use, trust) are measured as the 

product of belief strength (e.g., “[the healthcare website] would enhance my 

effectiveness in getting useful information about stress management”) and 

importance of its outcome for the respondent (e.g., “For me, getting useful 

information about stress management from a website is important”) (Ajzen & 

Fishbein, 1980). Furthermore, consistent with the extant literature (e.g., Srivastava 

& Sharma, 2012), measures for need for cognition (e.g., “I would rather do 

something that requires little thought than something that is sure to challenge my 

thinking abilities”) and need for change (e.g., “I enjoy taking chances in buying 

unfamiliar brands just to get some variety in my purchases”) were adopted from 

Wood and Swait (2002) (see Tables E.1 and E.2 in Appendix E for details).   
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Table 3.2 –Dependent and Controlled Factors in our Study 

Factor Definition 

Dependent Factors 

Perceived Usefulness Consumers’ perceived usefulness of the focal website 

(Pavlou & Fygenson, 2006). 

Perceived Ease of Use Consumers’ perceived ease of use of the focal website 

(Pavlou & Fygenson, 2006). 

Trust Consumers’ trust in the focal website (Pavlou & 

Fygenson, 2006). 

Controlled Factors 

Perceived Helpfulness of 

the eWOM 

Recommendations 

Consumers’ perceived helpfulness of the eWOM 

recommendations (Cheung & Thadani, 2012). 

Perceived Credibility of 

the eWOM 

Recommendations 

The perceived degree to which the eWOM 

recommendations provide accurate and trustworthy 

information (Cheung et al., 2009). 

Confirmation The extent to which the eWOM recommendations 

confirm consumers’ prior beliefs about the focal 

service (Cheung et al., 2009). 

Valence of the eWOM 

Recommendations 

Whether the eWOM recommendations are positive or 

negative (Cheung & Thadani, 2012). 

Quality of the eWOM 

Recommendations 

The persuasive strength of arguments embedded in the 

eWOM recommendations (Cheung & Thadani, 2012). 

Volume of the eWOM 

Recommendations 

Number of eWOM recommendations available 

(Cheung & Thadani, 2012). 

Sidedness of the eWOM 

Recommendations 

A one-sided eWOM recommendation presents either 

the positive or negative arguments. A two-sided 

eWOM recommendation includes both positive and 

negative arguments (Cheung & Thadani, 2012). 

Orientation of the eWOM 

Recommendations 

Attribute-centric versus simple eWOM 

recommendations (Park & Lee, 2008). 

Consistency of the eWOM 

Recommendations 

The eWOM recommendations congruence with others’ 

opinions about the focal service (Cheung et al., 2009). 

Emotions in the eWOM 

Recommendations 

Extent and/or type of emotional expressions presented 

in the eWOM recommendations (Yin et al., 2014). 

Ratings of the eWOM 

Recommendations 

The overall ratings given to eWOM recommendations 

by other consumers (Lee & Lee, 2009). 
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Table 3.2 –Dependent and Controlled Factors in our Study 

Factor Definition 

Type of eWOM 

Recommendation Platform 

Type of online platform for sharing the eWOM 

recommendations (e.g., provider-generated website 

versus independent website) (Lee & Youn, 2009). 

Source Credibility 
Consumers’ perceived trustworthy of the source of the 

eWOM recommendations (Senecal & Nantel, 2004). 

Source Type 
Type of the source of eWOM recommendations (e.g., 

provider versus consumer) (Benlian et al., 2012). 

Source knowledge 
Source’s prior knowledge of the eWOM 

recommendations topic (Senecal & Nantel, 2004). 

Source Homophily 

The degree of similarity between the source of eWOM 

recommendations and the receiver (Cheung & Thadani, 

2012). 

Source Identity 
Source disclosure of his/her identity (Racherla & 

Friske, 2012). 

Social Tie Strength 

The intensity of relationship between the source of 

eWOM recommendations and the receiver (Cheung & 

Thadani, 2012). 

Consumer’s Involvement 
Relevance of the eWOM recommendations topic to the 

receiver (Cheung et al., 2012). 

Consumer’s age Age of the eWOM recommendation receiver. 

Consumer’s gender Gender of the eWOM recommendation receiver. 

Service Type 
Search versus experience attributes of the focal service 

in the eWOM recommendations (Mitra et al., 1999). 

Service Popularity 

The reputation or ranking of the focal service in the 

eWOM recommendations (Duan et al., 2009; Goes et 

al., 2014). 
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3.3 PILOT STUDY 

Prior to data collection, a pilot study was conducted to (1) confirm that the 

eWOM recommendations were perceived as we intended, (2) examine the clarity 

of the instructions and measurement instruments, and (3) ensure the technical 

feasibility of the online questionnaires platform. To that end, the experiment was 

conducted with 20 Ph.D. students. After the experiment, we asked them to 

comment on the eWOM recommendations that they had received and their level 

of justifications, clarity of the instructions in the experiment, the meaningfulness 

of the language used in the measurement instruments, and any technical difficulty 

they had experienced during the experiment. Their feedback confirmed that the 

eWOM recommendations were perceived as we intended and the level of 

justifications was consistent across all of our eWOM recommendations. Their 

feedback also helped us to ensure the face validity of our eWOM 

recommendations. Furthermore, based on Ph.D. students’ feedback, we made 

minor changes to the online questionnaires in order to improve the clarity of our 

measurement instruments. We then administered the main controlled laboratory 

experiment for data collection, using the following procedures. 

3.4 EXPERIMENTAL PROCEDURES  

The controlled laboratory experiment took place at a computer lab, where subjects 

were randomly assigned to one of the four conditions (depicted in Table 3.1). As 

per McMaster research ethics board (MREB) requirements, before the start of the 

experiment, we asked subjects to accept/reject the consent form explaining the 

nature of the study (see Table F.1 in Appendix F for details). After accepting the 

consent form, the subject was allowed to continue progressing through the 

experiment as follows.  

1) Subjects were asked to complete an online questionnaire to collect their 

personal (i.e., name and student number), demographics information (i.e., age 

and gender), and to assess their level of “need for cognition” and “need for 

change” (see Table E.1 in Appendix E). 

2) Next, to collect data for the pre-usage stage, a randomly selected website from 

either a music or a healthcare list of eight websites, depicted in Table C.1 in 

Appendix C, was displayed on the screen. The subject was prompted to state 

whether he/she had used the presented website before. If he/she had used the 

website, then another randomly selected website from that list was presented 

on the screen. This enabled us to avoid potential biases in subjects’ 

evaluations that could be attributed to their past experience with the website. 

There was no incident in which the subject had already used all of the eight 

websites in the list. Furthermore, random-ordered presentation of the websites 
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enabled us to control for possible subject bias in terms of rank-ordered 

presentation of the websites on our subjects’ perceptions (Guan & Cutrell, 

2007). 

3) Next, subjects were shown four distinct eWOM recommendations regarding 

perceived usefulness, perceived ease of use, trust, and structural assurances of 

their focal website (see Tables D.1 and D.2 in Appendix D). This procedure 

was skipped for the subjects in the control conditions (i.e., no-eWOM 

recommendation condition). 

4) Next, subjects were asked to complete the online questionnaires regarding 

their evaluations of perceived usefulness of the assigned website, perceived 

ease of use of the assigned website, and trust in the assigned website, prior to 

using it. We used these data to test the nine hypotheses for the pre-usage stage 

of the service adoption process. 

5) Next, to collect data for the initial use stage, subjects were asked to visit the 

assigned music/health website and explore the pertinent material on the 

website for 15 minutes. For music websites, subjects were instructed to look 

for their favourite music genres, tracks, and singers on the website. For 

healthcare websites, students were instructed to assess the website based on its 

content about the specific topic of stress management. 

6) Next, subjects were asked to complete the online questionnaires to evaluate 

their perceived usefulness, perceived ease of use, and trust of the assigned 

website. We used these data to test the nine stated hypotheses for the initial 

use stage of the service adoption process. 

7) Next, subjects were asked to explore the assigned website for two weeks and 

compare and contrast it with a similar website of their own choice. To 

accomplish this task, they had to complete online questionnaires to evaluate 

their perceived usefulness, perceived ease of use, and trust of the assigned 

website as well as the website of their choice. We used these data to test the 

nine stated hypotheses for the repeated use stage of the service adoption 

process. As a part of the online questionnaires for the repeated use stage, a set 

of open-ended questions collected subjects’ qualitative responses on their 

justifications for their evaluations of the assigned websites. Content analysis 

of these qualitative data provided deeper insights into the nature of our 

subjects’ cognitive processes towards evaluating the assigned websites, which 

will be discussed in the next chapter.   
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4. RESULTS 

To test our nine stated hypotheses, we used multivariate analysis of variance 

(MANOVA), which is a suitable quantitative technique for our purpose because it 

allowed us to combine our three dependent factors (i.e., perceived usefulness of 

the focal website, perceived ease of use of the focal website, and trust in the focal 

website) into a linear composite, representing consumers’ perceptions of adopting 

the focal website. This is important because “a single dependent factor seldom 

captures completely a phenomenon being scrutinized” (Meyers et al., 2006, p. 

367). To that end, we first conducted a series of preliminary data analyses to 

ensure the quality of our measurements and the required underlying statistical 

assumptions. Next, we employed latent class analysis (LCA) statistical technique 

to identify the eight segments of subjects based on their high/low prior 

knowledge, high/low need for cognition, and high/low need for change, as 

depicted in Figure 2.2 in chapter 2. Next, MANOVA tests were conducted to test 

the nine stated hypotheses over the three stages of service adoption process (pre-

usage, initial use, and repeated use). Finally, the qualitative data obtained from the 

open-ended questions were content analyzed to gain deeper insights into the 

nature of our subjects’ cognitive processes towards evaluating their assigned 

websites. We elaborate on the results of these analyses, as follows. 

4.1 PRELIMINARY DATA ANALYSIS 

We conducted a series of preliminary data analyses to ensure that statistical and 

methodological artefacts do not affect our measurements and analyses. Literature 

has identified six artefacts that potentially affect the quality of measurements, 

experimental manipulations, and analyses in our study: (1) low reliability of 

factors measurements (e.g., Nunnally, 1978), (2) low validity of factors (i.e., low 

content and construct validity) (e.g., Straub et al., 2004), (3) common method bias 

(e.g., Straub et al., 2004), (4) multicollinearity among the factors (e.g., Meyers et 

al., 2006), (5) Type II error arising from the lack of statistical power (e.g., Cohen, 

1988), and (6) deviations from normality assumption (e.g., Meyers et al., 2006). 

To that end, we evaluated the factors in our study to mitigate the effects of the 

aforementioned artefacts on the results of our analyses, as follows. 

4.1.1 Ensuring Acceptable Reliability for our Factors  

We checked our factors reliabilities to ensure the consistency of our 

measurements. Reliability refers to the extent to which a set of measurement items 

is consistent in measuring the pertinent factor (e.g., perceived usefulness) 

(Pedhazur & Schmelkin, 1991; Straub et al., 2004). To that end, consistent with 



Ph.D. Thesis – H. Qahri Saremi; McMaster University – DeGroote School of Business 

 48 

the literature (e.g., Straub et al., 2004), we calculated the Cronbach’s alpha 

(Cronbach, 1951) for each of our factors, using SPSS 20.0 (see Table G.1 in 

Appendix G for details). Because all of the factors exhibited acceptable reliability 

(α ≥ 0.65) (Kline, 2000; Nunnally, 1978), we were assured that the statistical 

artefact raised by low reliabilities of measures would not introduce significant 

measurement error into our results (Kline, 2000; Nunnally, 1978).  

4.1.2 Ensuring High Validity of our Factors 

We assessed content validity and construct validity of our factors to ensure the 

accuracy of their measurements. Content validity is the degree to which 

measurement items for a factor are relevant and conceptually representative of the 

pertinent factor (Haynes et al., 1995; Pedhazur & Schmelkin, 1991). To ensure the 

content validity of our factors, we adapted the existing and validated measurement 

instruments in the literature (see Tables E.1 and E.2 in Appendix E for details). 

Furthermore, the results of our pilot study confirmed that our measurement items 

are conceptually representative of their pertinent factors, thus have high content 

validity.  

The construct validity is the indicative of whether the measurement items selected 

for each factor adequately correlate with each other (a.k.a., convergent validity) 

and discriminate the factor from other factors in the study (a.k.a., discriminant 

validity) (Pedhazur & Schmelkin, 1991; Straub et al., 2004). Three techniques of 

cross-loading analysis, Fornell-Larcker criterion, and confirmatory factor analysis 

(CFA) are commonly used to assess the construct validity (Fornell & Larcker, 

1981; Straub et al., 2004; Urbach & Ahlemann, 2010). In the first technique – 

cross-loading analysis, cross-loadings are obtained by correlating each factor’s 

component scores with all the measurement items. If each item loading is larger 

for its designated factor than for any of the other factors by the difference 

magnitude of at least 0.1 and each of the factors loads highest with its pertinent 

items, it can be inferred that there is an adequate level of construct validity (Gefen 

& Straub, 2005; Lehmann, 1988; Straub et al., 2004; Urbach & Ahlemann, 2010). 

We used SmartPLS 2.0 to calculate the loadings between our five factors (i.e., 

need for cognition, need for change, perceived usefulness, perceived ease of use, 

and trust) and their measurement items. All of our items had larger loadings on 

their pertinent factors compared to their cross-loadings with the other factors, by 

the difference magnitude of larger than 0.1 (see Table H.1 in Appendix H). 

Furthermore, all the five factors loaded higher with their pertinent items than 

other items. Therefore, our results are aligned with the recommendations in the 

literature for adequate construct validity (Hair et al., 1998; Hair et al., 2010; 

Meyers et al., 2006; Straub et al., 2004; Urbach & Ahlemann, 2010). The second 

technique, the Fornell-Larcker criterion (Fornell & Larcker, 1981), requires a 

factor to share more variance with its pertinent measurement items than with any 

other factor. Accordingly, the square root of average variance extracted (AVE) of 
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each factor should be larger than the factor’s largest correlation with any other 

factor (Gefen & Straub, 2005; Lehmann, 1988; Straub et al., 2004; Urbach & 

Ahlemann, 2010). We used SmartPLS 2.0 software to compute the AVEs and 

correlations for our five factors. Our results, depicted in Table I.1 in Appendix I, 

show adequate construct validity for all the five factors. The third technique – 

CFA – facilitates the assessment of the construct validity by examining the 

goodness of fit of the measurement model (Straub et al., 2004). The measurement 

model specifies the measurement items for each factor and the correlations among 

the factors. The objective of evaluating the goodness-of-fit of a measurement 

model is to ensure an acceptably specified model for measuring our factors. To 

that end, CFA draws on the goodness of fit indices, in which root mean square 

error of approximation (RMSEA) of 0.08 or less, normed fit index (NFI) of at 

least 0.9, comparative fit index (CFI) of at least 0.9, and goodness-of-fit index 

(GFI) of at least 0.9 indicate an acceptably specified measurement model (Kline, 

2010). We used LISREL 8.7 software to estimate the CFA models for our three 

measurement models pertaining to the pre-usage, initial use, and repeated use 

stages. Our results, depicted in Figures J.1 to J.3 in Appendix J, show acceptable 

fit for our three measurement models.  

4.1.3 Ensuring Absence of Common Method Bias in our Study 

Common method bias (a.k.a., common method variance) refers to the potential 

variance in the self-report factors measurements (e.g., self-report surveys) 

attributable to the measurement method rather than the hypothesized relationships 

among the factors (Podsakoff et al., 2003; Straub et al., 2004). Common method 

bias is suggested as a potential threat to the validity of the estimations and 

findings in an empirical study (Burton-Jones, 2009; Podsakoff et al., 2003; 

Podsakoff & Organ, 1986; Straub et al., 2004; Straub, 2009). To assess the level 

of common method bias in our study, we draw on two techniques: (1) “Harman’s 

One-factor Test”, which is a common technique used in the literature (Melas et 

al., In Press; Podsakoff et al., 2003; Podsakoff & Organ, 1986), and (2) 

unmeasured latent method construct (ULMC) (Podsakoff et al., 2003; Williams et 

al., 1989). To conduct “Harman’s One-factor Test”, all the measurement items of 

the five factors were entered into an exploratory principal components analysis 

(PCA). Then, the results of the unrotated solution to the PCA were examined to 

assess the number of factors that account for the variance among the items. 

Common method bias would exist if (i) all of the items tend to load on a single 

general factor (i.e., one single factor emerges from the PCA), or (ii) one factor 

explains more than 50% of the variance in all of the items (Podsakoff & Organ, 

1986). Results of “Harman’s One-factor Test” did not show the presence of 

common method bias in our study: the unrotated solution to PCA for our items 

suggested five factors and the largest variance explained by one factor was 25.4%. 

Furthermore, the presence of common method bias can also be assessed using 

ULMC (Podsakoff et al., 2003; Williams et al., 1989). ULMC involves adding a 
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latent factor representing the common method effect (method factor) to our 

aforementioned CFA models, in which the method factor should be connected to 

all of the measurement items. The presence of common method bias can be ruled 

out only if the goodness of fit of the CFA model with the method factor is inferior 

to the goodness of fit of the pertinent CFA model without the method factor. We 

conducted the foregoing analysis for our three aforementioned CFA models 

pertaining to pre-usage, initial use, and repeated use stages (depicted in Figures 

J.1 to J.3 in Appendix J), using LISREL 8.7 software. The results of estimating 

the three CFA models with the method factor indicated that the estimation could 

not be converged because the covariance matrices among the factors in the three 

CFA models with the method factor were not positive definite due to negative 

error variance estimates for the measurement items (a.k.a., “Heywood cases”). 

Negative error variance estimates are common outcomes in ULMC (Bagozzi, 

1993) and are considered as symptoms of model misfit (Kolenikov & Bollen, 

2012; Rigdon, 1997; Wothke, 1993). Therefore, the three CFA models with the 

method factor were considered inadmissible. However, our results showed 

acceptable goodness of fit for our CFA models without the method factor (see 

Figures J.1 to J.3 in Appendix J). As a result, we concluded that the results of 

ULMC technique did not provide any evidence for the presence of common 

method bias in our study. 

4.1.4 Ensuring Absence of Multicollinearity among our Factors 

Multicollinearity is defined as the extent to which a factor can be explained 

through the other factors in the analysis. High multicollinearity among factors in 

an analysis would result in underestimation of the effect of any single factor, 

owing to their strong interrelationships (Hair et al., 2010). In order to assess 

multicollinearity among our five factors, an examination of the inter-factor 

correlations and variance inflation factor (VIF) was made (Meyers et al., 2006). 

All of our five factors exhibited bivariate correlations of less than 0.76 and VIF 

values less than 1.80 (Meyers et al., 2006) (see Table I.1 in Appendix I for 

details). Hence, we were satisfied that multicollinearity was not an issue in our 

analyses.  

4.1.5 Ensuring Adequate Level of Statistical Power in our Analyses 

We ensured that our MANOVA tests would have adequate level of statistical 

power. A statistical power level of 0.80 is widely accepted as an adequate level of 

power for the statistical tests (Baroudi & Orlikowski, 1989; Cohen, 1988). Failure 

to provide the adequate level of statistical power would result in underestimation 

of the statistical significance of the hypotheses in a study. Therefore, ensuring 

adequate level of statistical power is crucial for the interpretation of the statistical 

analyses results (Baroudi & Orlikowski, 1989; Cohen, 1988; Montazemi et al., 



Ph.D. Thesis – H. Qahri Saremi; McMaster University – DeGroote School of Business 

 51 

2012; Montazemi & Qahri Saremi, 2013). To that end, we used “G*Power 3” 

software (Faul et al., 2007) to calculate the minimum required sample size that 

ensures the minimum statistical power level of 0.80 at α = 0.05 in MANOVA 

tests. G*Power 3 calculations for MANOVA tests indicated that in order to 

statistically detect at least one standard deviation difference between the means of 

the eWOM experimental group and no-eWOM control group, we need to have at 

least 16 cases, in each of our MANOVA tests. We had minimum of 22 cases in 

each of our MANOVA tests, which satisfied the requirements for an adequate 

level of statistical power in our analyses. 

4.1.6 Assessing Normality of our Factors 

We assessed our three dependent factors (i.e., perceived usefulness, perceived 

ease of use, and trust) for serious deviations from normal distribution (a.k.a., 

normality). Normality of dependent factors is an underlying assumption of 

MANOVA tests. Serious deviations from this assumption would potentially create 

bias in the MANOVA results (Meyers et al., 2006). To that end, consistent with 

the literature (e.g., Meyers et al., 2006), we examined the level of skewness (i.e., 

the symmetry of the distribution) and kurtosis (i.e., the peakedness of the 

distribution) in each of our three dependent factors to detect serious deviations 

from normality (see Table G.1 in Appendix G for details). Our results showed that 

there was no concern with respect to serious deviations from normality 

assumption in the three dependent factors: all the skewness and kurtosis values 

were within the recommended threshold of [-1,+1] (Curran et al., 1996; Meyers et 

al., 2006). 

4.1.7 Latent Class Analysis (LCA) 

In order to test our nine stated hypotheses, we needed to segment our subjects 

based on their high/low prior knowledge of the context of the service, high/low 

need for cognition, and high/low need for change, as explained in chapter 3. Our 

subjects had already been segmented based on their high/low prior knowledge of 

the context of the service by the design of our experiment, as depicted in Table 

3.1 in Chapter 3. To that end, we employed LCA to identify the distinct segments 

of our subjects based on their responses to the need for cognition and need for 

change scales. LCA is a statistical technique to identify unobservable (latent) 

segments (classes) within a population, based on a set of observed factors, such as 

need for cognition and need for change. The identified segments are distinct from 

each other, and each segment consists of subjects whose responses to the need for 

cognition and need for change factors are similar (Collins & Lanza, 2010; Lanza, 

Stephanie T et al., 2013; Wood & Swait, 2002).  

As discussed in chapter 2 (see Figure 2.2 for details), we expected to identify four 
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segments of subjects within our data based on high/low need for cognition and 

high/low need for change factors: (1) Thinkers and Changers – high need for 

cognition and high need for change; (2) Thinkers, but Not Changers – high need 

for cognition, but low need for change; (3) Changers, but Not Thinkers – low 

need for cognition, but high need for change; and (4) Neither Thinkers, Nor 

Changers – low need for cognition and low need for change. Results of our LCA 

confirm our expectation, as elaborated next. 

To identify the segments of our subjects based on their score of need for cognition 

and need for change, LCA was conducted iteratively with different number of 

possible segments – starting with 1 segment until the LCA converged at six 

segments. Following the procedures suggested by Wood and Swait (2002), the 

required input elements for LCA were the scores of need for cognition, need for 

change, and the interaction between them. To that end, the two-component 

solution of an exploratory maximum likelihood factor analysis with promax 

rotation was retained to calculate the scores of need for cognition, need for 

change, and their interaction (Wood & Swait, 2002). Because LCA works with 

categorical data, the scores of need for cognition, need for change, and their 

interaction were re-coded into 6 categories (1: very low – 6: very high) based on 

the number of standard deviations distance from the mean. The resulted 

categorical data were used in LCA, using LCA Procedure in SAS software (a.k.a., 

“PROC LCA”) (Lanza, S. T.  et al., 2013). Consistent with the literature (Melas et 

al., In Press; Wood & Swait, 2002), the “appropriate” number of segments in our 

data was assessed based on the "information criteria" as the fit statistics (i.e., 

Akaike Information Criterion (AIC) (Akaike, 1974), Bayesian Information 

Criterion (BIC) (Schwarz, 1978), and Consistent Akaike Information Criterion 

(CAIC) (Bozdogan, 1987)). The number of segments with the minimum values 

for the information criteria would be considered as the “appropriate” number of 

segments in our data. However, the information criteria do not always agree, and 

in such a case the interpretability of the segments based on the objectives and 

characteristics of the study would be the basis for selecting the appropriate 

number of segments (Collins & Lanza, 2007). As depicted in Table 4.1, two of the 

information criteria (i.e., BIC and CAIC) suggested four segments as the 

appropriate number of segments in our data. However, the third information 

criterion (AIC) suggested six segments as the appropriate number of segments. 

Therefore, both four- and six-segment options were examined in terms of the 

interpretability of their segments. All the segments within four- and six-segment 

options were consistent with our four expected segments: (1) Thinkers and 

Changers, (2) Thinkers, but Not Changers, (3) Changers, but Not Thinkers, and 

(4) Neither Thinkers, Nor Changers. Therefore, as depicted in Table 4.2, the four-

segment solution was selected as the appropriate number of segments in our data 

based on need for cognition and need for change scores. The resulted segments 

were used for statistically testing our nine stated hypotheses using MANOVA, as 

elaborated next.  
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Table 4.1 – Fit Statistics for Latent Segments Based on Need for Cognition 

and Need for Change Scales 

Number of Segments Log Likelihood AIC BIC CAIC 

1 -1711.85 747.14 807.75 822.75 

2 -1627.45 610.35 735.60 766.60 

3 -1568.85 525.14 715.03 762.03 

4 -1494.84 409.12 663.65 726.65 

5 -1459.10 369.64 688.82 767.82 

6 -1442.51 368.45 752.28 847.28 

 

Table 4.2 – Parameter Estimates for the Four-Segment Solution of LCA 

 

Segment 1  

(Low NFG, 

Low NFC) 

Segment 2  

(Low NFG, 

High NFC) 

Segment 3  

(High NFG, 

Low NFC) 

Segment 4  

(High NFG, 

High NFC) 

Number of Subjects with Low Prior 

Knowledge of the Service Context  22 29 29 45 

Number of Subjects with High Prior 

Knowledge of the Service Context  23 31 27 57 

Proportion of Subjects in each Segment 17% 23% 21% 39% 

Factor Probabilities for a Score of High in the Pertinent Factor 

NFG 0.008 0.002 0.997 0.884 

NFC 0.006 0.998 0.002 0.868 

Note: 

NFG=Need For Cognition; NFC=Need For Change. 
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4.2 HYPOTHESES TESTING RESULTS 

To test our nine hypotheses, MANOVA tests were conducted. We compared our 

subjects in the eWOM experimental condition with our subjects in the no-eWOM 

control condition for testing each of our nine hypotheses. Our purpose was to test 

whether the eWOM recommendations had a significant effect on the linear 

composite of our three dependent factors (i.e., perceived usefulness, perceived-

ease of use, and trust) over the three stages of the service adoption process (i.e., 

pre-usage, initial use, and repeated use). According to the literature, MANOVA is 

a suitable method for this purpose considering that our three dependent factors 

were moderately correlated with each other (i.e., 0.55 < r < 0.76) (see Appendix I 

for details) (Dennis & Carte, 1998; Huberty & Morris, 1989; Meyers et al., 2006; 

Suh & Lee, 2005) and that the Box’s test for equality of variances indicated no 

significant difference between the variances for our eWOM recommendation 

experimental condition and no-eWOM control condition (Box, 1953; Meyers et 

al., 2006; O'Brien & Kaiser, 1985). The results of our MANOVA tests are 

depicted in Table 4.3.  

4.2.1 Combined Effects: Pre-usage Stage 

Our results show that as indicated in hypothesis 1, prior knowledge negatively 

moderates the effectiveness of eWOM recommendations on subjects’ perceptions 

of adopting the websites, at the pre-usage stage (F = 2.911, p < 0.05). In 

particular, our results demonstrate that while eWOM recommendations 

significantly affect subjects’ perceptions of adopting healthcare websites (i.e., low 

prior knowledge condition) (F = 7.99, p < 0.001), it has no significant effects on 

subjects’ perceptions of adopting the music websites (i.e., high prior knowledge 

condition) (F = 0.584, p > 0.6). Furthermore, the results of MANOVA on each of 

the eight segments identified through LCA show that, as proposed in hypotheses 2 

and 6, Thinkers and Changers with low prior knowledge and Not Thinkers but 

Changers with low prior knowledge are the segments of subjects whose pre-usage 

perceptions of adopting the pertinent website is significantly increased by the 

eWOM recommendations (F = 4.439, p<0.01; F = 5.887, p < 0.01). Moreover, 

as proposed in hypotheses 3, 4, 5, 7, 8, and 9, pre-usage perceptions of our 

subjects in other six segments are not significantly affected by the eWOM 

recommendations about the pertinent websites (p > 0.05).  

4.2.2 Combined Effects: Initial Use and Repeated Use Stages 

Furthermore, we also tested our nine hypotheses at the initial use and repeated use 

stages of the adoption process. Our MANOVA results show that the eWOM 



Ph.D. Thesis – H. Qahri Saremi; McMaster University – DeGroote School of Business 

 55 

recommendations have no significant effects on our subjects’ perceptions of 

adopting the pertinent website at initial use and repeated use stages of the 

adoption process in any of the nine hypotheses (p > 0.05).  

4.2.3 Individual Effects: Pre-usage Stage 

Literature suggests use of univariate ANOVA following a significant MANOVA 

result to identify the individual effects on the dependent factors (e.g., Dennis & 

Carte, 1998; Suh & Lee, 2005; Vessey & Galletta, 1991). Thus, we analyzed our 

significant MANOVA results using one-way ANOVA for post-hoc analyses to 

examine the effects of eWOM recommendations on each of our dependent 

factors, depicted in Tables 4.4 and 4.5. Following the literature (Dennis & Carte, 

1998; Dunn, 1961; Huberty & Morris, 1989; Suh & Lee, 2005), we applied the 

Bonferroni adjustment to the level of significance to control for an inflated Type I 

error that arises from multiple ANOVA tests: we set our critical α-level at 0.05/3 

≈ 0.017.  

Consistent with our MANOVA results, the results of our one-way ANOVA tests 

at the pre-usage stage show that the prior knowledge of the context of the website 

negatively moderates the effect of eWOM recommendations on all the three 

dependent factors (F Pre-usage Perceived Usefulness = 8.087, p < 0.01, F Pre-usage Perceived Ease 

of use = 4.775, p < 0.05, F Pre-usage Trust = 6.246, p < 0.017). In particular, our one-

way ANOVA results for hypothesis 1, depicted in Table 4.4, show that the 

eWOM recommendations significantly affect all the three dependent factors for 

subjects with low prior knowledge of the context of the website (F Pre-usage Perceived 

Usefulness = 18.873, p < 0.001, F Pre-usage Perceived Ease of use = 13.156, p < 0.001, F Pre-

usage Trust = 20.756, p < 0.001), while eWOM recommendations have no significant 

effects on the perceptions of subjects with high prior knowledge of the website 

context (F Pre-usage Perceived Usefulness = 0.005, p > 0.05, F Pre-usage Perceived Ease of use = 

0.168, p > 0.05, F Pre-usage Trust = 0.645, p > 0.05). Furthermore, our one-way 

ANOVA results, depicted in Table 4.5, show that at the pre-usage stage, the 

eWOM recommendations significantly affect all the three dependent factors for 

subjects with high need for cognition, high need for change, and low prior 

knowledge of the context of the website (F Pre-usage Perceived Usefulness = 11.128, p < 

0.01, F Pre-usage Perceived Ease of use = 6.702, p < 0.017, F Pre-usage Trust = 10.797, p < 

0.01); and subjects with low need for cognition, high need for change, and low 

prior knowledge of the context of the website (F Pre-usage Perceived Usefulness = 16.218, 

p < 0.001, F Pre-usage Perceived Ease of use = 9.778, p < 0.01, F Pre-usage Trust = 12.008, p < 

0.01). However, eWOM recommendations have no significant effects on any of 

the dependent factors for our subjects in the other six segments pertinent to 

hypotheses 3, 4, 5, 7, 8, and 9 at the pre-usage stage (p > 0.05).  
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4.2.4 Individual Effects: Initial Use and Repeated Use Stages 

Post-hoc one-way ANOVA tests for initial use and repeated use stages indicated 

that, consistent with our MANOVA results, the eWOM recommendations had no 

significant effects on any of the three dependent factors at these stages (p > 0.05).  
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Table 4.3 – Summary of MANOVA Hypothesis Testing Results 

Hypotheses 
Stage of 

Analysis 
N F 

Results  

(p-value) 

H1: the effectiveness of positive eWOM recommendations on 

consumers' perceptions of adopting an experience service is higher, 

when consumers have lower prior knowledge of the context of the 

experience service. 

Pre-usage 263 2.911 Supported (0.035*) 

Initial Use 263 1.185 Not Supported (0.316) 

Repeated Use 263 1.393 Not Supported (0.245) 

H2: positive eWOM recommendations affect consumers' perceptions 

of adopting an experience service, when they have low prior 

knowledge of the context of the service, high need for cognition, and 

high need for change. 

Pre-usage 45 4.439 Supported (0.009**) 

Initial Use 45 2.006 Not Supported (0.128) 

Repeated Use 45 0.457 Not Supported (0.714) 

H3: positive eWOM recommendations do not affect consumers' 

perceptions of adopting an experience service, when they have high 

prior knowledge of the context of the service, high need for cognition, 

and high need for change. 

Pre-usage 57 0.05 Supported (0.985) 

Initial Use 57 1.145 Supported (0.339) 

Repeated Use 57 1.669 Supported (0.185) 

H4: positive eWOM recommendations do not affect consumers' 

perceptions of adopting an experience service, when they have low 

prior knowledge of the context of the service, high need for cognition, 

and low need for change.  

Pre-usage 29 1.289 Supported (0.300) 

Initial Use 29 0.513 Supported (0.677) 

Repeated Use 29 0.322 Supported (0.810) 

H5: positive eWOM recommendations do not affect consumers' 

perceptions of adopting an experience service, when they have high 

prior knowledge of the context of the service, high need for cognition, 

and low need for change. 

Pre-usage 27 0.898 Supported (0.457) 

Initial Use 27 0.726 Supported (0.547) 

Repeated Use 27 0.441 Supported (0.726) 

H6: positive eWOM recommendations affect consumers' perceptions 

of adopting an experience service, when they have low prior 

knowledge of the context of the service, low need for cognition, and 

high need for change.  

 

 

Pre-usage 29 5.887 Supported (0.003**) 

Initial Use 29 1.258 Not Supported (0.310) 

Repeated Use 29 0.953 Not Supported (0.430) 
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Table 4.3 – Summary of MANOVA Hypothesis Testing Results 

Hypotheses 
Stage of 

Analysis 
N F 

Results  

(p-value) 

H7: positive eWOM recommendations do not affect consumers' 

perceptions of adopting an experience service, when they have high 

prior knowledge of the context of the service, low need for cognition, 

and high need for change. 

Pre-usage 31 2.486 Supported (0.082) 

Initial Use 31 1.671 Supported (0.197) 

Repeated Use 31 0.603 Supported (0.619) 

H8: positive eWOM recommendations do not affect consumers' 

perceptions of adopting an experience service, when they have low 

prior knowledge of the context of the service, low need for cognition, 

and low need for change.  

Pre-usage 22 0.046 Supported (0.987) 

Initial Use 22 0.747 Supported (0.538) 

Repeated Use 22 1.012 Supported (0.410) 

H9: positive eWOM recommendations do not affect consumers' 

perceptions of adopting an experience service, when they have high 

prior knowledge of the context of the service, low need for cognition, 

and low need for change. 

Pre-usage 23 0.495 Supported (0.690) 

Initial Use 23 2.113 Supported (0.132) 

Repeated Use 23 1.758 Supported (0.189) 

NOTE:  

*Significant at α = 0.05; ** Significant at α = 0.01. 
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Table 4.4 – Summary of Post-hoc ANOVA Results for Hypothesis 1 

Stage Factor N 
Prior 

Knowledge 

Mean (Std. Deviation) 

F P-value eWOM 

Recommendation 

Condition 

No-eWOM 

Control 

Condition 

Pre-Usage PU 125 Low 13.742 (0.619) 10.303 (0.634) 
8.087 0.005** 

138 High 11.716 (0.550) 11.781 (0.656) 

PEOU 125 Low 14.680 (0.562) 11.902 (0.576) 
4.775 0.030

+
 

138 High 13.148 (0.500) 12.816 (0.596) 

Trust 125 Low 13.531 (0.562) 10.082 (0.575) 
6.246 0.013* 

138 High 12.111 (0.499) 11.456 (0.595) 

Initial Use PU 125 Low 14.031 (0.622) 12.574 (0.637) 
0.456 0.500 

138 High 11.358 (0.553) 10.737 (0.659) 

PEOU 125 Low 15.570 (0.688) 15.311 (0.704) 
1.148 0.285 

138 High 12.722 (0.611) 13.930 (0.729) 

Trust 125 Low 14.781 (0.586) 13.582 (0.600) 
2.950 0.087 

138 High 11.802 (0.521) 12.605 (0.620) 

Repeated 

Use 

PU 125 Low 15.852 (0.706) 15.549 (0.723) 
0.459 0.499 

138 High 13.167 (0.628) 13.816 (0.748) 

PEOU 125 Low 17.008 (0.735) 15.992 (0.753) 
2.157 0.143 

138 High 14.093 (0.653) 15.316 (0.779) 

Trust 125 Low 16.633 (0.655) 15.795 (0.671) 
2.344 0.127 

138 High 14.185 (0.583) 15.263 (0.694) 

NOTE:  

*** Significant at α = 0.001; ** Significant at α = 0.01; * Significant at α = 0.017 (Bonferroni adjusted 

critical α-level); 
+
 Significant at α = 0.05. 

PU = Perceived Usefulness; PEOU = Perceived Ease of use. 
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Table 4.5 – Summary of Post-hoc ANOVA Results for Hypotheses 2 to 9 
H

y
p

o
th

es
es

 

Stage Factor N 

Mean (Std. Deviation) 

F P-Value eWOM 

Recommendation 

Condition 

No-eWOM 

Control 

Condition 

H2 Pre-

usage 

PU 45 15.56 (3.80) 11.67 (3.88) 11.13 0.002** 

PEOU 45 15.20 (3.69) 11.94 (4.74) 6.70 0.013* 

Trust 45 15.19 (3.21) 11.17 (5.01) 10.80 0.002** 

Initial 

Use 

PU 45 14.69 (3.70) 12.97 (4.92) 1.78 0.190 

PEOU 45 15.98 (3.89) 16.67 (5.45) 0.24 0.625 

Trust 45 15.35 (3.29) 14.89 (4.94) 0.14 0.707 

Repeated 

Use 

PU 45 14.89 (4.75) 14.81 (4.63) 0.00 0.954 

PEOU 45 16.41 (4.98) 15.31 (6.10) 0.44 0.510 

Trust 45 16.46 (3.81) 15.39 (5.07) 0.66 0.421 

H3 Pre-

usage 

PU 57 11.87 (5.12) 11.95 (6.23) 0.00 0.956 

PEOU 57 13.84 (4.72) 13.48 (4.06) 0.09 0.766 

Trust 57 11.94 (3.90) 11.93 (5.83) 0.00 0.993 

Initial 

Use 

PU 57 11.31 (5.78) 11.95 (5.31) 0.18 0.676 

PEOU 57 14.13 (5.60) 15.36 (5.79) 0.64 0.427 

Trust 57 11.46 (4.80) 13.73 (5.14) 2.86 0.096 

Repeated 

Use 

PU 57 12.70 (5.58) 14.25 (5.75) 1.04 0.311 

PEOU 57 13.96 (5.83) 17.02 (5.12) 4.09 0.051 

Trust 57 13.23 (5.35) 15.68 (4.72) 3.10 0.084 

H4 Pre-

usage 

PU 29 9.45 (3.92) 9.36 (4.74) 0.00 0.957 

PEOU 29 13.27 (6.23) 11.31 (5.40) 0.81 0.377 

Trust 29 10.32 (2.86) 8.94 (4.12) 0.94 0.341 

Initial 

Use 

PU 29 11.82 (5.94) 11.78 (4.43) 0.00 0.983 

PEOU 29 13.86 (6.48) 15.94 (5.61) 0.84 0.369 

Trust 29 12.77 (4.58) 12.53 (4.27) 0.02 0.885 

Repeated 

Use 

PU 29 15.32 (7.15) 17.00 (6.38) 0.43 0.516 

PEOU 29 16.41 (5.71) 18.64 (6.12) 0.95 0.338 

Trust 29 15.86 (6.87) 17.00 (5.89) 0.22 0.640 
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Table 4.5 – Summary of Post-hoc ANOVA Results for Hypotheses 2 to 9 
H

y
p

o
th

es
es

 

Stage Factor N 

Mean (Std. Deviation) 

F P-Value eWOM 

Recommendation 

Condition 

No-eWOM 

Control 

Condition 

H5 Pre-

usage 

PU 27 11.81 (4.33) 12.00 (6.24) 0.01 0.927 

PEOU 27 13.03 (5.18) 10.95 (2.24) 1.55 0.225 

Trust 27 13.25 (4.02) 12.64 (5.95) 0.10 0.751 

Initial 

Use 

PU 27 12.78 (6.26) 10.00 (5.53) 1.41 0.246 

PEOU 27 13.41 (6.92) 11.91 (7.19) 0.30 0.592 

Trust 27 13.16 (5.63) 10.82 (5.41) 1.16 0.292 

Repeated 

Use 

PU 27 13.91 (6.95) 11.91 (8.65) 0.44 0.513 

PEOU 27 13.53 (6.13) 14.00 (8.66) 0.03 0.870 

Trust 27 14.00 (5.97) 12.23 (7.71) 0.45 0.507 

H6 Pre-

usage 

PU 29 15.33 (3.41) 9.39 (4.49) 16.22 0.000*** 

PEOU 29 15.73 (3.76) 11.68 (3.17) 9.78 0.004** 

Trust 29 15.40 (3.18) 10.18 (4.82) 12.01 0.002** 

Initial 

Use 

PU 29 15.13 (4.16) 13.82 (3.77) 0.79 0.382 
PEOU 29 16.33 (4.40) 14.07 (4.62) 1.83 0.188 
Trust 29 15.97 (4.43) 13.64 (4.65) 1.90 0.180 

Repeated 

Use 

PU 29 17.67 (5.47) 15.86 (6.39) 0.67 0.419 
PEOU 29 18.67 (5.95) 15.89 (6.16) 1.52 0.228 
Trust 29 17.70 (4.85) 15.39 (4.20) 1.86 0.184 

H7 Pre-

usage 

PU 31 12.29 (5.21) 11.47 (5.20) 0.18 0.674 
PEOU 31 13.14 (5.12) 11.82 (4.59) 2.75 0.108 
Trust 31 11.99 (4.60) 11.87 (4.71) 0.26 0.614 

Initial 

Use 

PU 31 10.11 (5.60) 12.54 (4.87) 0.43 0.520 
PEOU 31 11.32 (5.35) 15.14 (5.48) 5.24 0.059 
Trust 31 11.29 (5.48) 13.63 (4.48) 1.66 0.208 

Repeated 

Use 

PU 31 13.55 (4.97) 14.72 (5.17) 0.54 0.469 
PEOU 31 14.55 (5.22) 15.54 (5.60) 0.66 0.424 
Trust 31 15.21 (4.96) 15.93 (4.70) 1.92 0.176 
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Table 4.5 – Summary of Post-hoc ANOVA Results for Hypotheses 2 to 9 
H

y
p

o
th

es
es

 

Stage Factor N 

Mean (Std. Deviation) 

F P-Value eWOM 

Recommendation 

Condition 

No-eWOM 

Control 

Condition 

H8 Pre-

usage 

PU 22 11.41 (4.15) 10.77 (4.37) 0.12 0.730 
PEOU 22 13.36 (2.94) 13.09 (3.62) 0.04 0.848 
Trust 22 10.14 (3.61) 10.05 (3.90) 0.00 0.955 

Initial 

Use 

PU 22 13.14 (4.46) 11.64 (3.66) 0.74 0.399 
PEOU 22 15.23 (4.16) 13.64 (3.17) 1.02 0.325 
Trust 22 13.77 (2.96) 13.09 (3.88) 0.22 0.648 

Repeated 

Use 

PU 22 16.27 (4.56) 14.00 (5.12) 1.21 0.284 
PEOU 22 16.82 (4.14) 12.91 (6.46) 2.86 0.106 
Trust 22 16.36 (4.25) 15.00 (5.92) 0.39 0.542 

H9 Pre-

usage 

PU 23 11.50 (5.53) 10.79 (6.93) 0.07 0.790 
PEOU 23 13.41 (5.74) 13.67 (6.09) 0.50 0.489 
Trust 23 11.41 (4.55) 9.96 (5.19) 0.50 0.486 

Initial 

Use 

PU 23 11.59 (4.15) 8.54 (5.20) 2.38 0.138 
PEOU 23 12.18 (4.98) 12.21 (5.83) 0.00 0.991 
Trust 23 11.82 (3.90) 10.88 (4.57) 0.28 0.602 

Repeated 

Use 

PU 23 12.91 (4.68) 13.63 (4.92) 0.13 0.725 
PEOU 23 14.55 (4.38) 12.33 (5.52) 1.12 0.302 
Trust 23 15.73 (2.10) 14.46 (5.00) 0.61 0.440 

NOTE:  

*** Significant at α = 0.001; 

**   Significant at α = 0.01; 

*     Significant at α = 0.017 (Bonferroni adjusted critical α-level); 

PU = Perceived Usefulness; PEOU = Perceived Ease of use. 
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4.3 CONTENT ANALYSIS OF QUALITATIVE DATA 

The final stage in our analysis was a content analysis of our subjects’ qualitative 

responses to a set of open-ended questions about their justifications for their 

evaluations of the assigned websites. The open-ended questions were 

administered as part of the online questionnaires at the repeated use stage (see 

section 3.4 in Chapter 3 for details). A total of 263 textual responses were 

obtained for each of the three factors of trust, perceived usefulness, and perceived 

ease of use of the assigned music/healthcare websites. The purpose of the content 

analysis was two-fold: (1) to gain deeper insights into the nature of our subjects’ 

cognitive processes towards evaluating their assigned websites; (2) to gain 

insights into the factors influencing our subjects' perceptions of the service at the 

repeated use stage. 

4.3.1 Content Analysis for Insights into Subjects’ Cognitive 

Processes 

To better understand the nature of cognitive processes (i.e., central/peripheral 

route processes), we content analyzed the “cognitive responses” of our subjects. 

Cognitive responses are individual thoughts that are produced during information 

processing and serve as the basis for evaluating different objects, such as services 

(e.g., Cacioppo et al., 1981; Lee, 2004; Lee & Lee, 2011; Maheswaran & Meyers-

Levy, 1990; Sparks & Siemens, 2014; Sujan, 1985). Insights into the nature of 

cognitive responses have led to better understanding of the underlying cognitive 

processes in evaluating services, in prior studies (Brinol et al., 2004; Cacioppo et 

al., 1981; Huang & Hutchinson, 2008; Lee, 2004; Lee & Lee, 2011; Maheswaran 

& Meyers-Levy, 1990; Sparks & Siemens, 2014; Sujan, 1985). In particular, the 

presence of central and peripheral route processes, as outlined by the ELM, can be 

evidenced by examining the type and the number of cognitive responses elicited 

by our subjects (Sparks & Siemens, 2014; Sujan, 1985; Wright, 1980).  

Under the central route conditions for evaluating a service, consumers’ cognitive 

responses should comprise thoughts that reflect specific cognitive operations 

performed on the information provided about the service attributes. Such type of 

cognitive responses is called “attribute-oriented thoughts”. Attribute-oriented 

thoughts may include consumers' descriptions of how service attributes 

information was combined, evaluations of service attribute levels, and/or 

comparisons of service attributes to a standard based on the consumers’ prior 

knowledge (e.g., “[This music website] is useful because it allows you to make 

your own playlists, and provides engaging information for the user. Also, the 

website does not limit itself in the types of music it provides”) (Lee, 2004; Lee & 

Lee, 2011; McMellon & Ducoffe, 1995; Sujan, 1985). Attribute-oriented thoughts 

indicate construction of an evaluation of the service from the pieces of attribute 
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information about the service and based on consumers’ prior knowledge of the 

service context (i.e., central route processes) (Bettman & Park, 1980; Sujan, 

1985).  

On the other hand, under the peripheral route conditions, consumers’ cognitive 

responses should include thoughts referring to overall impressions and/or overall 

evaluations of the service that are not supported by careful evaluation of the 

service attributes (e.g., “Personally, I just don’t like [this healthcare website]”). 

This type of cognitive responses is called “simple evaluative thoughts” (a.k.a., 

“heuristics”) by the prior cognitive response studies (e.g., Lee, 2004; Lee & Lee, 

2011; McMellon & Ducoffe, 1995; Sujan, 1985). Prior studies show that a larger 

number of attribute-oriented thoughts and/or a smaller number of simple 

evaluative thoughts are indicators of central route processes. Conversely, a 

smaller number of attribute-oriented thoughts and/or a larger number of simple 

evaluative thoughts are indicators of peripheral route processes (Lee, 2004; Lee & 

Lee, 2011; Maheswaran & Meyers-Levy, 1990; Sujan, 1985). To this end, to gain 

deeper insights into the nature of our subjects’ cognitive processes towards 

evaluating their assigned websites, we content analyzed their qualitative responses 

to identify the attribute-oriented thoughts and simple evaluative thoughts.  

The content analysis followed a two-step process. Firstly, subjects’ qualitative 

responses to the open-ended questions were separated into individual thoughts by 

two independent judges, including the researcher and another judge who was 

unfamiliar with the objectives of the study. This allowed us to control for any 

potential bias caused by ex-ante theoretical or empirical knowledge of the study 

(Sparks & Siemens, 2014). Secondly, a coding scheme, depicted in Table 4.6, was 

developed by the researcher based on the definitions and the samples of attribute-

oriented and simple-evaluative thoughts in the prior cognitive response studies 

(e.g., Maheswaran & Sternthal, 1990; Sujan, 1985). The two judges independently 

used the coding scheme to classify the identified thoughts into one of two types: 

(1) attribute-oriented thoughts, and (2) simple evaluative thoughts. The inter-

judge agreement was on average 79 percent. The average inter-judge reliability, 

which was calculated using intraclass correlation coefficient (ICC) for continuous 

variables, was 0.85, well above the acceptable threshold of 0.7 (Fleiss, 1981; 

McGraw & Wong, 1996; Shrout & Fleiss, 1979). The two judges discussed any 

discrepancy until they reached a consensus; this helped eliminate individual cases 

of disparities in the content analysis (Rivard & Lapointe, 2012). Next, we 

statistically tested the differences between the number of attribute-oriented 

thoughts and simple evaluative thoughts generated by our subjects in evaluating 

their assigned music and healthcare websites. 

The results of MANOVA tests for the content analysis show that our subjects 

generated significantly larger number of attribute-oriented thoughts than simple 

evaluative thoughts in evaluating the music websites (F MANOVA = 114.001, 
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p<0.001), while they produced significantly larger number of simple evaluative 

thoughts than attribute-oriented thoughts in evaluating the healthcare websites (F 

MANOVA = 353.417, p<0.001). Furthermore, post-hoc analyses using one-way 

ANOVA tests with Bonferroni adjustments (i.e., α = 0.05/3 ≈ 0.017) indicate that 

similar results hold for all the three dependent factors in our study (i.e., PU, 

PEOU, and trust) for the music websites (Mean Number of attribute-oriented thoughts (Trust) = 

1.9 > Mean Number of simple evaluative thoughts (Trust) = 0.9, F = 62.247, p<0.001; Mean 

Number of attribute-oriented thoughts (PU) = 1.9 > Mean Number of simple evaluative thoughts (PU) = 0.4, F 

= 238.04, p<0.001; Mean Number of attribute-oriented thoughts (PEOU) = 1.3 > Mean Number of 

simple evaluative thoughts (PEOU) = 1.0, F = 9.299, p<0.01), as well as the healthcare 

websites (Mean Number of attribute-oriented thoughts (Trust) = 0.4 < Mean Number of simple evaluative 

thoughts (Trust) = 2.9, F = 499.90, p<0.001; Mean Number of attribute-oriented thoughts (PU) = 0.4 

< Mean Number of simple evaluative thoughts (PU) = 1.8, F = 198.61, p<0.001; Mean Number of 

attribute-oriented thoughts (PEOU) = 0.08 < Mean Number of simple evaluative thoughts (PEOU) = 2.4, F = 

677.33, p<0.001). These results have two valuable implications for our study. 

Firstly, they lend credence to the validity of our experimental manipulations for 

high/low prior knowledge of the context of the experience service. Prior cognitive 

response studies have found that attribute-oriented thoughts are accessible only to 

subjects with a well-developed prior knowledge base (i.e., schema) (Sujan, 1985; 

Wright & Rip, 1980). These studies further show that subjects with less developed 

schema are more likely to produce simple evaluative thoughts, compared to 

subjects with well-developed schema (Sujan, 1985). Therefore, our findings that 

the subjects generated significantly larger number of attribute-oriented thoughts 

than simple evaluative thoughts in evaluating the music websites validate our 

expectation: our subjects had high prior knowledge of the music context. 

Likewise, our findings that the subjects produced significantly larger number of 

simple evaluative thoughts than attribute-oriented thoughts in evaluating the 

healthcare websites validate our expectation: our subjects had low prior 

knowledge of the healthcare context.  

Secondly, the results of our content analysis corroborate our earlier contention 

based on the ELM that for consumers without the required prior knowledge of the 

context of a service (i.e., healthcare websites in our experiment), the task of 

evaluating the service will be complex. Therefore, the consumers will not be able 

to evaluate the service through central route processes. As a result, in order to 

reduce the task complexity, consumers resort to the peripheral route processes for 

evaluating the service. This is illustrated by significantly larger number of simple 

evaluative thoughts than attribute-oriented thoughts generated by subjects 

evaluating the healthcare websites.   
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Table 4.6 – Coding Scheme for Content Analysis of Qualitative Responses 

Code and Description Example 

Attribute-oriented Thoughts: 

– Evaluation of Assigned 

Website Attribute Levels “When trying to search for a new music under the hip-hop category, I was 

expecting to see tracks from the more popular rappers in the industry today 

(i.e., Drake, Jay-Z, Kanye West), but the majority of the artists that the 

website provided I had never heard of”. 

“I am a bit sceptical about the services provided [in this healthcare website]. I 

believe that even though the information is accurate, the fact that the patients 

are diagnosing themselves can make it difficult as lots of time people may 

think they feel symptoms that conform to a certain problem they think they 

have. Another reason is that people may be unknowingly allergic to some 

drugs, and without a doctor to check for such things; it could leave the patient 

worse off than before. Finally it would be very hard for people who suffer 

from more than one illness to diagnose themselves, as the symptoms would 

get crossed together”. 

 

– Comparison of Assigned 

Website Attributes To a 

Standard 

“When I typed in the search engine “Carrie Underwood”, music portals like 

iTunes would list all her songs and albums she had recorded and would allow 

you to listen to a thirty second clip of the song. [This music website], on the 

other hand, only had a couple of her music videos to view, I couldn’t find any 

of her hit songs on this website.” 

“This website is easy to use because it’s setup very similar to most music 

playback programs that music listeners will have already become accustomed 

to. Therefore it only requires a short amount of time to become adjusted to its 

online browsing tools and playback device.” 
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Table 4.6 – Coding Scheme for Content Analysis of Qualitative Responses 

Code and Description Example 

Simple Evaluative Thoughts: 

– Overall Impression of the 

Assigned Website “Personally, I just don’t like [this healthcare website]”. 

“[This music website] is a big website, so I think it’s music part should be also 

trustable”. 

“This [music] website must have abundant intelligent and professional 

employees to support”. 

 

– Overall Evaluation of the 

Assigned Website “I expect [this healthcare website] to be generally useful, because I have heard 

reputable things about it”. 

“Since this [website] is about health, it is not the best idea to put your trust 

into a website, rather than your family doctor”. 

“I trust [this music website]. Firstly, there is huge number of users enter the 

website everyday, which means the website is accepted by most people. 

Secondly, there is a link to join Facebook through the website”. 
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4.3.2 Content Analysis for Insights into Factors Influencing 

Subjects’ Perceptions of the Service at the Repeated Use Stage 

Content analysis of the qualitative responses offers insights into the factors 

influencing our subjects' perceptions of the service at the repeated use stage. To 

that end, for each assigned website, we compared the qualitative responses in 

support of high quantitative evaluations with the qualitative responses in support 

of low quantitative evaluations. This allowed us to examine the similarities and 

differences in the subjects’ underlying thoughts for their evaluations of the 

assigned music/healthcare websites at the repeated use stage. This analysis 

resulted in two valuable findings, as follows. 

Firstly, our content analysis results corroborated our quantitative findings 

showing that as consumers gain direct experience with the online services based 

on their repeated usage, the direct effect of eWOM recommendations on 

consumers’ perceptions of adopting the online services are attenuated. Our 

content analysis shows that none of the qualitative responses in the music and 

healthcare contexts at the repeated use stage had any direct reference to the 

eWOM recommendations provided to the subjects at the initial pre-usage stage. 

This finding would raise the question about the basis for the consumers’ 

evaluations of their experience with the services at the repeated use stage, which 

is responded by our second finding as follows.  

Secondly, our content analysis demonstrates the importance of consumers’ 

expectations based on their past experiences with other similar services in 

evaluating their direct experience with the online service. Our results show that 

those subjects who were able to recognize the relative advantages of the 

recommended music/healthcare website (through eWOM) compared to their past 

experiences with other similar music/healthcare websites found the recommended 

service to be useful. For example, the following excerpts from two subjects 

provide insights into this finding: 

“Grooveshark has a very unique design that distinguishes it from 

its competitors. Users are able to see other users who have 

similar taste in music. This gives them an advantage as it 

becomes a music website and a place for social networking. 

Also, it enables users to save a playlist of songs of their choice”.  

“What I like best about [health.yahoo.com] is that it lets you 

search for doctors and specialists within your area to help cure 

any given medical issue, unlike other healthcare websites”. 

However, those subjects who were unable to identify the relative advantages of 

the recommended music/healthcare website compared to their past experiences 
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with other similar music/healthcare websites found the service not appealing. For 

example, the following excerpts from two subjects provide insights into this 

finding: 

“[Grooveshark.com is] not the best choice if you intend to find 

new bands. If you know what you want, this site is perfect for 

you. If however you're looking for something new or at least 

similar to something you like, you might want to try Jango 

[Jango.com] instead. Simply because Grooveshark can't make 

any suggestions based on your preference”. 

"I do not intend to use [health.yahoo.com] in the future for 

serious medical concerns, due to the fact that I enjoy Mayo Clinic 

[Mayoclinic.org] more”. 

The content analysis of the qualitative responses shows that consumers’ past 

experiences with other similar services (i.e., competitors’ services) determine the 

consumers’ expectations of the service. Our findings are consistent with the 

contentions in the extant literature that consumers' past experiences with other 

similar services create requirements that serve as a basis for evaluating their 

experience with the service (Woodruff et al., 1983). Direct experience with the 

service enables consumers to re-evaluate their expectations of the service that may 

result in “fulfillment gap”. The fulfillment gap represents the overall discrepancy 

between the consumers’ expectations/requirements and their direct experiences 

with the service (Zeithaml et al., 2002). Fulfillment gap occurs when the service 

fails to perform up to consumers’ expectations, based on their past experiences 

with other similar services (i.e., competitors’ services). The fulfilment gap can 

lead to negative disconfirmation of consumers’ expectations, which tend to 

develop a negative evaluation of the service that results in consumers’ 

discontinued usage (Woodruff et al., 1983; Zeithaml et al., 2002). Therefore, 

consumers’ past experiences with other similar services is an important factor 

affecting consumers’ adoption of the services, at the repeated use stage. 

The theoretical contributions and practical implications of our quantitative and 

qualitative findings are discussed in the next chapter.   
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5. DISCUSSIONS 

Despite the importance of task complexity (e.g., Jiang & Benbasat, 2007), 

consumers’ innovativeness (e.g., Wood & Swait, 2002), and the stages of the 

service adoption process (e.g., Rogers, 2003) on the consumers’ behaviour, their 

effects on the effectiveness of eWOM recommendations on consumers’ 

perceptions of adopting experience services have not been investigated. To 

ameliorate this void, in this study, we investigated two research questions across 

the three stages of the service adoption process (i.e., pre-usage, initial use, and 

repeated use): (1) Does the task complexity in evaluating an experience service 

affect the effectiveness of eWOM recommendations on consumers' perceptions of 

adopting the experience service? (2) Does the consumers’ level of innovativeness 

affect the effectiveness of eWOM recommendations on their perceptions of 

adopting an experience service? In responding to the foregoing research 

questions, our study makes important contributions to the theory and provides 

essential implications for the practice, as follows.  

5.1 CONTRIBUTIONS TO THE THEORY  

Our study makes three major contributions to the theory. Our first theoretical 

contribution fills the void in the eWOM literature about the effect of task 

complexity on the effectiveness of eWOM recommendations. In particular, our 

finding illustrates that when the task of evaluating an experience service becomes 

more complex for consumers, the effectiveness of eWOM recommendations on 

their perceptions of adopting the experience service increases significantly. This 

finding supports our contention that for a consumer who does not have the 

required prior knowledge of the context of a service, task of evaluating the service 

is highly complex. Therefore, the consumer is unable to evaluate the service 

through central route processes, as outlined by the ELM. As a result, in order to 

reduce the task complexity, the consumer resorts to the peripheral route processes 

for evaluating the service. Under peripheral route conditions, presence of eWOM 

recommendations from a credible source about an experience service (e.g., a 

healthcare website) would result in invocation of simple evaluative thoughts 

(a.k.a., heuristics) for the consumers, which can be used as the basis for formation 

of their perceptions about the experience service, without careful evaluation of the 

service attributes. On the contrary, under central route conditions, the eWOM 

recommendations and the attributes of the recommended service are subjected to 

careful scrutiny by the consumers based on their prior knowledge of the service 

context. If the eWOM recommendation is found to lack merit for supporting the 

advocated view, or does not provide much information over and above the 

consumer’s prior knowledge of the context of the service, then it has little impact 

on consumer's perceptions about the service. This scrutiny of the eWOM 
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recommendation for merit would be less likely under peripheral route conditions, 

where the mere invocation of simple evaluative thoughts would be sufficient for 

formation of consumers' perceptions about the recommended service. The results 

of our content analysis corroborate this contention by showing that consumers 

generate significantly larger number of attribute-oriented thoughts than simple 

evaluative thoughts when evaluating a service with low task complexity (e.g., 

online music service). However, they produce significantly larger number of 

simple evaluative thoughts than attribute-oriented thoughts when evaluating a 

service with high task complexity (e.g., online healthcare service). In sum, the 

aforementioned finding underscores the significance of task complexity in 

differentiating the experience services and provides a granular understanding of 

its effect on the effectiveness of eWOM recommendations. This finding informs 

the eWOM literature of the importance of considering a new dimension, namely 

task complexity, in the future eWOM studies. While the extant eWOM literature 

has shown the significance of service type (i.e., search versus experience service) 

and service popularity on the effectiveness of eWOM recommendations, our 

finding extends the past research by demonstrating the task complexity of 

evaluating the service as another important contingency factor to be considered in 

future eWOM studies. It is common in the extant eWOM literature to investigate 

the effectiveness of eWOM recommendations on the adoption of several different 

services (e.g., Floh et al., 2013). Our finding is particularly useful for such studies 

by showing that task complexity of evaluating their focal services can 

significantly alter the effectiveness of eWOM recommendations on their adoption. 

This effect is in addition to the effects of service type and service popularity, thus 

should be addressed separately.  

Our second theoretical contribution mitigates the paucity of research examining 

the effects of consumers’ innovativeness on the effectiveness of eWOM 

recommendations. To that end, our findings show that the effectiveness of eWOM 

recommendations varies based on the four segments of consumers, generated by 

the interaction between consumers' high/low level of need for cognition – 

representing consumers’ cognitive innovativeness, and consumers' high/low level 

of need for change – representing consumers’ sensory innovativeness. 

Furthermore, our findings illustrate the confluence of the consumers’ prior 

knowledge of the service context, consumers’ need for cognition, and consumers’ 

need for change on the effectiveness of the eWOM recommendations. In 

particular, our findings show that Thinkers and Changers and Not Thinkers but 

Changers with low prior knowledge are the only segments of consumers whose 

pre-usage perceptions of adopting the experience service are significantly affected 

by the eWOM recommendations. These findings underscore the importance of the 

two dimensions of consumer’s innovativeness (i.e., cognitive innovativeness and 

sensory innovativeness) for the future studies concerning the effectiveness of 

eWOM recommendations on online consumer behaviour. Gupta and Harris 

(2010) also found evidence showing the significance of need for cognition (i.e., 
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cognitive innovativeness) for the effectiveness of eWOM recommendations. 

While our results support their findings, we further demonstrate that sensory 

innovativeness is also another important dimension that affects the effectiveness 

of eWOM recommendations. This effect is in addition to the effect of cognitive 

innovativeness, thus need to be considered separately in the future eWOM studies. 

The extant IS literature describes the innovative consumer as a curious, 

communicative, information-seeking, and cognitive individual (e.g., Agarwal & 

Prasad, 1998; Parthasarathy & Bhattacherjee, 1998). Thus, innovative consumers 

have previously been attributed to being both comfortable with novelty (e.g., 

“receptive to new ideas”; Parthasarathy & Bhattacherjee, 1998, p. 364) and prone 

to cognition (e.g., “[able] to form informed judgements”; Parthasarathy & 

Bhattacherjee, 1998, p. 364). In other words, changers have been considered as 

thinkers. Our study extends the past research by separating the dimensions of 

novelty-seeking (i.e., sensory innovativeness) and cognition (i.e., cognitive 

innovativeness) and demonstrates that both of these two dimensions influence 

consumers’ level of innovativeness, but are not always positively correlated. To 

that end, we have distinguished between consumers' need for cognition and need 

for change to cross-classify consumers into four segments. Our findings 

demonstrate that the effectiveness of eWOM recommendations varies based on 

the four segments of consumers. These findings provide new insights to the IS 

literature about the differential effects of the two dimensions of innovativeness 

(i.e., cognitive innovativeness and sensory innovativeness).  

Thirdly, given the importance of pre-usage, initial use, and repeated use stages in 

adoption of services, we considered all the three stages in our study. Our findings 

reveal the significant moderating effect of the stage of the service adoption 

process (i.e., pre-usage, initial use, and repeated use) on the effectiveness of 

eWOM recommendations. In particular, our findings demonstrate that upon actual 

experience with the experience service at the initial use and repeated use stages of 

the adoption process, the direct effects of eWOM recommendations on 

consumers’ perceptions of adopting the experience service are attenuated. These 

findings can be explained from the perspective of schema theory (Rumelhart, 

1978; Sweller et al., 1998), that individuals construct various schemata based on 

their direct experience with different objects, such as services. We show that the 

schemata, which are constructed based on the direct experience with a service in 

initial use and repeated use stages of the adoption process, have stronger effects 

on consumers’ adoption of the service, as compared to the eWOM 

recommendations. Thus, the effects of eWOM recommendations are significantly 

stronger at the pre-usage stage of the service adoption process, when consumers 

don’t have direct experience with the recommended service. This informs the 

pertinent literature of the moderating effect of the stage of the adoption process on 

the effectiveness of eWOM recommendations.  
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5.2 IMPLICATIONS FOR PRACTICE 

Our study provides valuable implications for practice. Firstly, our findings show 

that eWOM recommendations are significantly more effective when dealing with 

high task complexity services. For example, in healthcare, there is an increasing 

trend for patients to share and use information about medical conditions and 

treatments in online healthcare communities such as PatientsLikeMe.com, 

Braintalk.com, and Inspire.com (Fichman et al., 2011). This implies that firms 

that offer services that require substantial cognitive effort and learning, such as 

healthcare services, should emphasize online forums and social media 

communities and encourage eWOM recommendations towards the adoption of 

their services. Clearly, the first step in this process is to offer services that are of 

high quality, which increase consumers’ satisfaction. EWOM recommendations 

increase as the level of consumers’ satisfaction increases (Hennig Thurau et al., 

2004). Next, firms should ensure that a responsive system for addressing 

consumers' complaints is in place before engaging in efforts to stimulate eWOM 

recommendations. When dissatisfied consumers find it difficult to complain to the 

firm, they disparage the firm to others (Gelb & Johnson, 1995). Disparagement of 

the firm is most likely, when no redress is expected from complaining directly to 

the firm (Gelb & Johnson, 1995). Having minimized the incidence and motivation 

for negative eWOM, firms may stimulate eWOM recommendations by putting 

prospective consumers in contact with satisfied consumers (Mangold et al., 1999). 

As a case in point, some online healthcare firms, such as Webmd.com, have 

formed online communities for patients dealing with common health problems or 

undergoing similar medical treatment procedures. This creates the opportunities 

for patients to share eWOM recommendations. Similarly, investment firms 

sponsor online investment clubs, such as ValueForum.com, for members with 

similar financial objectives. Additionally, firms may stimulate eWOM 

recommendations from satisfied consumers by offering incentives for their 

referrals. Discounted services and/or referral fees are common practices for 

achieving this end (Mangold et al., 1999). Furthermore, firms may spread eWOM 

recommendations by advertising their services to “market mavens”. Market 

mavens (a.k.a., opinion leaders) are individuals who enjoy introducing new 

services to others (Gelb & Johnson, 1995). Firms should ensure that market 

mavens have enough familiarity with their services that they can recommend them 

to others. The aforementioned possibilities provide the firms that offer high task 

complexity services with effective means for informing and educating prospective 

consumers about their services, using eWOM recommendations.  

Secondly, results of our content analysis show that due to the high task 

complexity of the healthcare context, consumers mostly rely on their simplistic 

thought processes in using the online healthcare services. This signifies the 

concern that online patients can be victims of low quality healthcare websites. 
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Quality of information is a known concern for healthcare providers (Hanif et al., 

2009; Marton, 2010). Online healthcare services vary in terms of quality of 

information that result in incomplete, misleading, or inaccurate medical 

information available on the web (Hanif et al., 2009; Marton, 2010). For example, 

Gordon et al. (2001) evaluated the available online healthcare services on the 

topic of breast augmentation. Their findings show that 83 percent of the 

healthcare websites were biased towards a particular surgical technique and only 

about 15 percent of the websites were acceptable to be recommended to patients. 

Other prior studies have come to similar conclusions on a variety of topics such as 

breast cancer (Meric et al., 2002), thyroid cancer (Air et al., 2007; Yeo et al., 

2007), back pain (Gremeaux et al., 2007), anaesthesia (Caron et al., 2007), and 

rheumatoid arthritis (Culver & Chadwick, 2005). Online healthcare services may 

lead to potentially dangerous outcomes (e.g., patients reading information 

intended for health professionals may misunderstand the information or may get 

wrong expectations regarding treatment options) (Gordon et al., 2001; McKinley 

et al., 1999). Understanding the validity and applicability of medical information 

is difficult for those without a medical degree or extended training in the medical 

field (Fan et al., 2013; Hanif et al., 2009; Liu et al., 2013). This implies that 

healthcare service regulators and online healthcare service providers should be 

wary of the consequences of the patients’ simplistic use of healthcare information 

on their websites. They should assess the level of consumers’ knowledge 

regarding the issue at hand and provide appropriate level of information that fits 

the patients’ pertinent knowledge. This can be achieved through the application of 

the intelligent tutoring system (ITS). ITS is a computer-based instructional system 

that measures an individual’s level of knowledge in order to adapt the instructions 

to the individual’s learning needs (Fazel Zarandi et al., 2012). Employing ITSs on 

healthcare websites can satisfy the learning needs of patients by providing 

customized instructions. 

Thirdly, our findings demonstrate that firms should attend to the consumers’ prior 

knowledge of the service context (i.e., schema) to effectively manage the 

presentation of eWOM recommendations on their websites. Our research findings 

show that an essential factor that determines how consumers process the eWOM 

recommendations regarding a service is their prior knowledge of the service 

context. To that end, firms need to understand their consumers’ prior knowledge 

of a service context, before providing them with eWOM recommendations about 

that service. Our findings show that for consumers with low prior knowledge, 

extrinsic cues in the eWOM recommendations, such as the credibility of the 

sender and/or ratings of the eWOM recommendations by other consumers, can be 

used as the basis for formation of consumers' perceptions. Therefore, eWOM 

recommendations with extrinsic cues that simplify the evaluation of the service 

for the consumers (e.g., endorsements from credible and/or famous sources) are 

likely to be more effective for this group of consumers. On the other hand, in 

order to increase the effectiveness of eWOM recommendations for consumers 
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with high prior knowledge, firms need to make sure that these consumers do not 

have opportunities to elaborate negatively on eWOM recommendations about a 

service. This is because higher prior knowledge can result in more counter-

arguments, hence cause negative persuasive effects on consumers' perceptions 

towards adopting the service (Wang, 2006). For consumers with high prior 

knowledge, eWOM recommendations with reasonable and credible arguments 

that are in line with their prior knowledge are less likely to generate negative 

effects on their perceptions towards the service. 

Fourthly, our content analysis suggests that service providers' lack of attention to 

consumers’ past experiences with other similar services can have detrimental 

consequences in terms of unfavourable evaluation of their services by the 

consumers. Results of our content analysis demonstrate that consumers’ past 

experiences with other similar services serve as a standard for evaluating their 

direct experience with the services. Consistent with our findings, Zeithaml et al. 

(2002) define “information gap” as the difference between consumers' 

expectations of the online service and service providers' perceptions of 

consumers’ expectations. The information gap represents the discrepancy between 

consumers’ requirements concerning the service and service providers’ 

understanding of these requirements, which can negatively affect consumers’ 

perceptions of service quality. What a service provider believes to be an ideal 

service (e.g., a healthcare/music website) for its consumers might be incomplete 

or inaccurate because of insufficient or incorrect information about the service 

features desired by the consumers (Zeithaml et al., 2002). Our findings show that 

consumers’ past experiences with other similar services (i.e., competitors’ 

services) is influential in determining the consumers’ expectations concerning the 

service. As such, the consumers’ expectations of the service can vary across 

consumers based on their past experiences with other similar services as well as 

their personality characteristics, such as their need for cognition and/or need for 

change (Srivastava & Sharma, 2012; Wood & Swait, 2002; Zeithaml et al., 2002). 

Failing to perform up to consumers’ expectations would lead to fulfillment gap. 

The fulfilment gap can result in developing a negative evaluation of the service 

that leads to consumers’ discontinued usage of the service (Woodruff et al., 1983; 

Zeithaml et al., 2002). Therefore, it is important for the service providers to be 

wary of the consumers’ characteristics and their prior experiences with other 

services.  

In the absence of monitoring of the marketplace and consumers to update the 

company’s knowledge about the required service attributes desired by consumers, 

information gap persists (Zeithaml et al., 2002). Researchers and practitioners 

have acknowledged that in order to identify consumers’ characteristics and their 

preferences in regard to the services, effective consumer segmentation is crucial 

(Viswanathan et al., 2007). To that end, traditionally, service providers have 

attempted to target different categories of consumers based on demographic, 
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lifestyle, and socioeconomic variables, ex ante. Nonetheless, as consumers 

increasingly rely on the web to satisfy their information needs, practitioners have 

recently begun to focus on its role in consumer segmentation (Viswanathan et al., 

2007). The underlying logic is that as consumers self-select different services on 

the web, they reveal their preferences for the services, which can be used towards 

their segmentation for future offerings. A case in point is Amazon’s 

recommendations for products based on consumers’ previous purchases and/or 

browsing history. Such information is obtained by “behavioural targeting”. 

Behavioural targeting is a generic name for a series of technologies that collect 

and organize information about a consumer’s online activities (e.g., what other 

websites a consumer visits, how long the consumer stays there, what pages the 

consumer views, and where consumer goes next) (Dwyer, 2009; Goldfarb & 

Tucker, 2011; Yan et al., 2009). Behavioural targeting technologies collect click 

stream data, develop data warehousing structures, and apply data mining 

algorithms to uncover consumers’ browsing patterns. Such information can help 

service providers to better determine their consumers’ characteristics and 

preferences for the services, which can be used for provision of a more 

customized service to their consumers, thus filling the information gap. 

5.3 LIMITATIONS & FUTURE RESEARCH 

As with any research, our study has some limitations, which in turn open potential 

avenues for the future research. Firstly, we have used two evaluation tasks, 

namely, the evaluation of healthcare websites and music websites, to manipulate 

the subjects’ high/low prior knowledge of the context of the experience service in 

our experiment. These two tasks may differ in other ways including higher 

sensitivity of the healthcare context versus music context and higher likelihood of 

our subjects having a favourite music website as compared to having a favourite 

healthcare website, which may introduce artefacts in our experimental 

manipulations. To that end, we have measured the subjects’ concerns in regard to 

the sensitivity of the contents provided by the healthcare/music websites using 

their trust in the websites. Results of our one-tail t-tests show that their trust in the 

healthcare websites is not significantly lower than their trust in the music websites 

in the three stages of service adoption process (p > 0.9). Therefore, the sensitivity 

of the healthcare context is not likely to have confounding effects on our results. 

Furthermore, we asked the subjects to quantitatively evaluate their perceived 

usefulness, perceived ease of use, and trust for their favourite as well as assigned 

music/healthcare websites. The results of our analysis show that there is no 

significant difference between subjects’ evaluations of their favourite and 

assigned healthcare/music websites in all of the eight segments of our subjects (p 

> 0.06). These results ensure that difference in the subjects’ likelihood of having a 

favourite music website versus healthcare website did not have any confounding 

effects on our findings. Moreover, considering that our two evaluation tasks are 
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similar in nature in that they both focus on evaluation of online services; they both 

are experience services; they both are relevant topics for our subjects; and the fact 

that it is theoretically impossible to select two services that contain exactly the 

same contents for the same subjects, while being associated with different levels 

of prior knowledge of the service context, we believe that our experimental 

manipulation is acceptable for the objective of this study. Furthermore, this 

practice is in line with prior studies on task complexity (e.g., Jahng et al., 2007; 

Jiang & Benbasat, 2007). 

Secondly, notwithstanding the care we took to ensure the internal validity of our 

controlled laboratory experiment, our study could exhibit stronger external 

validity if we used real consumers as our subjects. The subjects in our study were 

students, not actual consumers searching online for music and/or healthcare 

websites. This is the bane for many laboratory experimental designs in IS and 

consumer behaviour literature (Jahng et al., 2007). Nonetheless, students are 

drawn from the general consumer population (Enis et al., 1972) and can be 

considered representative consumers. Furthermore, our subjects were instructed to 

look for their favourite music songs, albums, and singers on the music websites 

and assess the healthcare websites based on its content about the stress 

management. Both of these topics are considered as relevant to the students 

(Archer & Carroll, 2003; D'Zurilla & Sheedy, 1991; Qi et al., 2013; Ross et al., 

1999). While these practices are in line with other research studies in IS and 

consumer behaviour literature (e.g., Bansal & Voyer, 2000; Jiang & Benbasat, 

2004; Komiak & Benbasat, 2006; Kumar & Benbasat, 2002; Kumar & Benbasat, 

2006; Kuo et al., 2009; Sia et al., 2009; Xu et al., 2014; Xu et al., 2013; Yin et al., 

2014), future research should attempt to use real consumers as their samples and 

compare their results with our findings to illustrate the effects of using students’ 

subjects.  

Finally, an important avenue for future research that is illuminated in light of our 

findings is the effect of “functional matching” on the effectiveness of eWOM 

recommendations. The essence of the functional matching is understanding the 

functional basis of individuals' attitudes in order to understand how to change 

those attitudes (Petty & Wegener, 1998). Within the persuasion context, 

functional matching holds that communications that “match” the “functions” 

served by an attitude are more effective in persuasion, than the communications 

that are irrelevant to the functions served by the attitude (Petty et al., 2000). Prior 

research (e.g., Lavine & Snyder, 1996; Petty et al., 2009; Petty & Wegener, 1998; 

Petty et al., 2000) shows the positive effect of functional matching on the 

effectiveness of persuasion. For example, under peripheral route conditions, 

matching a message to some aspects of the individual (e.g., level of need for 

cognition, level of need for change, age, or gender) might invoke simple 

evaluative thoughts such as “if it’s for me (or relates to me or is similar to me), 

then I like it” (Petty et al., 2009, p. 200), which can be used as the basis for 

formation of individuals’ perceptions. Likewise, under the central route 
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conditions, functional matching, such as matching a message to individuals' high 

level of prior knowledge by providing more specific and technical information in 

the message, can increase the effectiveness of the message in persuading the 

individuals (Petty et al., 2009). Extrapolating this to the context of eWOM 

recommendations, an important agenda for future research would be how the 

functional matching affects the effectiveness of eWOM recommendations on 

consumers’ perceptions of adopting experience services. For example, a content 

analysis of consumers’ communications on an online forum by Adjei et al. (2010) 

show that consumers with higher prior knowledge of the subject matter ask more 

specific and technical questions about the subject matter, than consumers with 

lower prior knowledge, who usually ask more general questions. More technical 

questions might yield more technical eWOM recommendations, which might be 

effective in persuading consumers with high prior knowledge. Therefore, although 

our results show that the eWOM recommendations are more effective in 

persuading consumers with lower prior knowledge, future research should 

investigate the significance of functional matching by providing more technical 

and specific content to increase the effectiveness of eWOM recommendations on 

consumers with higher prior knowledge. Furthermore, our findings show that the 

consumers’ levels of need for cognition and need for change significantly affect 

the effectiveness of eWOM recommendations. Future research should investigate 

how matching the content of the eWOM recommendations to consumers’ levels 

of need for cognition (e.g., more thought-provoking content) and need for change 

(e.g., more innovative and novel content) affect the effectiveness of eWOM 

recommendations.   
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5.4 CONCLUDING REMARKS 

In this study, we posed two research questions to investigate across the three 

stages of the service adoption process (i.e., pre-usage, initial use, and repeated 

use): (1) Does the task complexity in evaluating an experience service affect the 

effectiveness of eWOM recommendations on consumers' perceptions of adopting 

the experience service? (2) Does the consumers’ level of innovativeness affect the 

effectiveness of eWOM recommendations on their perceptions of adopting an 

experience service? To that end, we drew on the ELM, cognitive load theory, and 

two dimensions of consumer’s innovativeness (i.e., cognitive innovativeness and 

sensory innovativeness), as our theoretical underpinnings, to propose nine 

hypotheses. We devised a mixed methods approach for our research methodology 

to test the nine hypotheses based on the quantitative-qualitative data collected 

from 263 subjects. To that end, we adopted a controlled longitudinal laboratory 

experiment to subject our nine hypotheses to quantitative empirical tests, while 

controlling for the potential confounding effects of other factors identified in our 

systematic review of the eWOM literature (see Appendices A and B for details). 

The qualitative data obtained from the open-ended questions were content 

analyzed to expand our insights into the nature of consumers' cognitive processes 

towards evaluating the experience services. The content analysis results also 

provided insights into the nature of factors influencing our subjects' perceptions of 

the experience service at the repeated use stage of service adoption process. Our 

findings provide conceptual and empirical clarity to the effects of task complexity 

and consumer’s cognitive and sensory innovativeness on the effectiveness of the 

eWOM recommendations, across the three stages of the experience service 

adoption process. To the best of our knowledge, this is the first study that 

provides such a comprehensive evaluation of the contingency factors affecting the 

effectiveness of eWOM recommendations. In particular, the extant literature was 

silent about the roles that task complexity, consumers’ innovativeness, and the 

stages of the service adoption process play in the effectiveness of eWOM 

recommendations on consumers’ perceptions of adopting experience services. 

This study has sought to fill these gaps in the extant literature. Thus, it can serve 

as a foundation for future eWOM research. Our findings also present important 

implications for the practice, as discussed in the preceding sections in this chapter.   
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APPENDIX A–  Systematic Review of eWOM Literature  

Prior research on eWOM recommendations has demonstrated the effects of 

different factors on the effectiveness of eWOM recommendations. Given the 

focus of our study, it is essential to gain a better understanding of these factors. To 

this end, we followed the recommendations in the literature (e.g., Boote & Beile, 

2005; Hart, 1998; Webster & Watson, 2002) to conduct a systematic review of 

eWOM literature, which is presented in this Appendix. Our objective in this 

Appendix is to identify and synthesize the factors that affect the effectiveness of 

eWOM recommendations on consumers’ perceptions of adopting services, across 

three stages of the service adoption process (i.e., pre-usage, initial use, and 

repeated use). As explained in chapter 3, we draw on the findings of this literature 

review to control for the potential confounding effects of the identified factors on 

the effectiveness of eWOM recommendations in our study. This enables us to 

increase the internal validity of our study. 

This Appendix is organized as follows. First, we present a theoretical framework 

for synthesizing the extant eWOM literature. Next, based on the five stages of 

“Grounded Theory Literature Review Method” Wolfswinkel et al. (2013), we 

outline our methodology for analyzing the extant eWOM literature. Finally, in 

section A.3, we provide our findings and a classification of the factors that can 

affect the effectiveness of eWOM recommendations on consumers’ perceptions of 

adopting services across the three stages of the service adoption process (i.e., pre-

usage, initial use, and repeated use).  

A.1 Theoretical Foundation 

Electronic word of mouth recommendations are considered as a prominent form 

of social influence that affects consumers’ adoption of services, across the three 

stages of the service adoption process (i.e., pre-usage, initial-use, and repeated-

use) (Bock et al., 2012). Social influence is the extent to which members of a 

social network influence one another's behaviour. This influence is exerted 

through messages (signals) that help to form perceptions of the value of the 

services, at each stage of the adoption process (Bernof et al., 2011; Montazemi & 

Qahri Saremi, 2013; Venkatesh & Brown, 2001). Webster and Watson (2002, p. 

xiv) contend that “authors of literature reviews are at risk for producing mind-

numbing lists of citations and findings that resemble a phone book–impressive 

case, lots of numbers, but not much plot. In contrast, a coherent review emerges 

only from a coherent conceptual structuring of the topic itself. For most reviews, 

this requires a guiding theory”. To this end, we draw on social communication 

framework (Hovland, 1948) as the theoretical underpinning to guide our eWOM 

literature analysis, over the three stages of the service adoption process (i.e., pre-

usage, initial use, and repeated use) (Rogers, 2003). Social communication is 
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defined as “the process by which an individual (the communicator) transmits 

stimuli to modify the behaviour of other individuals (receivers)” (Hovland, 1948, 

p. 371). The eWOM, as a form of online social communication media, comprises 

six major dimensions that are depicted in Figure A.1: (1) the communicator 

(source) who transmits the eWOM recommendation, (2) the eWOM 

recommendation as a form of social communication content transmitted by the 

eWOM source, (3) the consumer who receives and responds to the eWOM 

recommendation (eWOM receiver), (4) the responses made to the eWOM 

recommendation by the receiver, (5) the focal services in the eWOM 

recommendation, and (6) the eWOM recommendation platform. We 

systematically analyze eWOM literature to identify the factors representing each 

of the six dimensions of eWOM, across the three stages of the service adoption 

process.  

 

Figure A.1 – Our Conceptual Framework 

 

A.2 Methodology 

We adopted the “Grounded Theory Literature Review Method” (Wolfswinkel et 

al., 2013), to systematically review the extant eWOM literature. This method 

enabled us to perform a thorough and theoretically relevant analysis of the eWOM 
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literature. The “Grounded Theory Literature Review Method” is implemented in 

five steps, depicted in Figure A.2. Step 1 (“Define”) consists of defining the 

inclusion/exclusion criteria, determining the pertinent databases of the published 

studies for search, and determining the appropriate search terms. In step 2 

(“Search”), the actual search for the published studies is performed using the 

keywords and the pertinent databases determined in the step 1. In step 3 

(“Select”), we refine the retrieved studies from step 2 using the 

inclusion/exclusion criteria that were determined in step 1. Next, in step 4 

(“Analyze”), we synthesize the refined sample of pertinent studies using 

Grounded Theory techniques. In step 5 ("Present"), we present the findings and 

insights gleaned from the synthesis of the pertinent studies in step 4. Detailed 

description of the five steps in support of our synthesis of extant eWOM literature 

on is presented next. 

Steps 1 – 3: Define, Search, and Select 

To identify journal and conference papers that investigated the effectiveness of 

eWOM recommendations on consumers’ perceptions of adopting services (i.e., 

including both goods and service type of products), we searched a number of 

electronic databases such as AIS, ACM, ScienceDirect, Palgrave Macmillan, 

Sage, EBSCOhost, JSTOR, Scholar’s Portal, and Google Scholar. We used search 

terms of “word of mouth”, “electronic word of mouth”, “WOM”, “eWOM”, 

“online reviews”, “eWOM recommendation”, and “online consumer reviews”. To 

ensure that no major eWOM articles is ignored, we also searched the leading 

scholarly Information Systems journals (i.e., MIS Quarterly, Information Systems 

Research, Journal of Management Information Systems, European Journal of 

Information Systems, Information Systems Journal, Journal of Strategic 

Information Systems, Journal of Association for Information Systems, and 

Information & Management), and four major Marketing journals (Journal of 

Marketing, Journal of Marketing Research, Journal of Consumer Research, and 

Journal of the Academy of Marketing Science). The search initially yielded 306 

studies. 

Not all the 306 studies were appropriate for inclusion in our analysis. Recognizing 

this, Wolfswinkel et al. (2013) have recommended that researchers mark out the 

scope of their review by establishing criteria for inclusion. To that end, we 

included only peer-reviewed studies in which (1) eWOM recommendation was 

the main focus of investigation in the study, and (2) the study was empirical (i.e., 

entirely conceptual or theoretical studies were excluded). Applying these criteria 

to 306 papers resulted in 114 eWOM studies that we used in our analysis, as 

indicated in Tables A1 to A6. 

Step 4: Analyze  

To analyze the selected 114 eWOM studies, constructs used in those studies were 
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initially identified and coded. Next, we synthesized the constructs into factors 

based on their conceptual similarities and mapped them on the six dimensions of 

eWOM, using three Grounded Theory techniques: (1) open coding, (2) axial 

coding, and (3) selective coding, as explained next. 

We used open coding technique, through which constructs, their measurement 

instruments, and their stage of study (i.e., pre-usage, initial use, or repeated use) 

were coded for each of the 114 eWOM studies. The outcome was 390 constructs 

that were used in the 114 eWOM studies. Next, we applied axial coding 

technique, to synthesize these 390 constructs based on their conceptual 

similarities. To that end, we used the constructs’ instrument measures used in the 

eWOM study, rather than the authors’ labels because the labels that authors 

applied to their constructs can vary (Montazemi et al., 2012; Montazemi & Qahri 

Saremi, 2013, 2014). Comparing similarities and differences between the 

instrument measures of the 390 constructs yielded 36 conceptually distinct 

factors. Finally, selective coding technique was used to map these 36 factors on 

the six dimensions of eWOM, depicted in Figure A.3.  

A.3 Results (Step 5: Present) 

Our analyses of 114 eWOM studies identified 36 conceptually distinct factors, 

which represent the six dimensions of eWOM: (1) four factors pertaining to the 

receiver of the eWOM recommendations, as detailed in Table A1; (2) six factors 

pertaining to the source of the eWOM recommendations, as detailed in Table A2; 

(3) two factors pertaining to the focal services in the eWOM recommendations, as 

explained in Table A3; (4) one factor pertaining to the eWOM recommendations 

platform, as detailed in Table A4; (5) nine factors pertaining to the eWOM 

recommendations, as detailed in Table A5; and (6) fourteen factors pertaining to 

the response, as detailed in Table A6. Extant literature shows that these factors 

affect the effectiveness of eWOM recommendations on consumers’ perceptions of 

adopting services, across the three stages of the service adoption process (i.e., pre-

usage, initial use, and repeated use), as depicted in Figure 1.2, in Chapter 1.  
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Figure A.2 – Grounded Theory Literature Review Method, Adapted from Wolfswinkel et al. (2013) 
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Table A.1 – Factors Pertaining to the Receiver of the eWOM Recommendations 

# Factors Definition 
Stage of Adoption Process in the eWOM Studies 

Pre-usage Initial Use Repeated Use 

1 Consumer’s prior 

knowledge of the 

service context 

Receiver’s prior knowledge 

or pertinent experience to the 

eWOM recommendation 

(Cheung & Thadani, 2012; 

Martin & Lueg, 2013) 

(Chakravarty et al., 

2010; Cheung et al., 

2012; Park & Kim, 

2008; Vermeulen & 

Seegers, 2009) 

 (Adjei et al., 2010; Chatterjee, 

2001; Cheung et al., 2009; Doh 

& Hwang, 2009; Fan & Miao, 

2012; Martin & Lueg, 2013; 

Park, Cheol & Lee, Thae Min, 

2009; Tseng & Hsu, 2010) 

2 Consumer’s need 

for cognition 

The eWOM 

recommendation receiver’s 

innate desire to think about 

and process information 

(Gupta & Govindarajan, 

2000; Gupta & Harris, 2010) 

 (Gupta & Harris, 

2010; Lin et al., 

2011) 

 

3 Consumer’s 

involvement with 

the eWOM 

Relevance of eWOM 

recommendation to the 

eWOM recommendation 

receiver (Cheung et al., 

2012) 

(Benny et al., 2009; 

Cheung et al., 2012; 

Lee et al., 2008; Park & 

Lee, 2008; Park et al., 

2007; Racherla et al., 

2012) 

 (Cheung et al., 2009; Doh & 

Hwang, 2009; Fan & Miao, 

2012; Gruen et al., 2006; 

Martin & Lueg, 2013; 

Sotiriadis & van Zyl, 2013; 

Zhang & Watts, 2008) 

4 Consumer’s 

demographics 

Demographical attributes of 

eWOM recommendation 

receiver (e.g., Gender). 

  (Awad & Ragowsky, 2008) 

Note:  

Empty Cell = Gap in the eWOM literature 
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Table A.2 – Factors Pertaining to the Source of the eWOM Recommendations 

# Factors Definition 
Stage of Adoption Process in the eWOM Studies 

Pre-usage Initial Use Repeated Use 

1 Source 

knowledge of the 

service 

Source’s prior 

knowledge or pertinent 

experience to the 

eWOM 

recommendation 

(Cheung et al., 2008; 

Senecal & Nantel, 

2004) 

(Chakravarty et al., 2010; 

Racherla & Friske, 2012; 

Vermeulen & Seegers, 

2009) 

 (Adjei et al., 2010; 

Cheung et al., 2008; Ho 

& Chien, 2010; Ku et 

al., 2012; Martin & 

Lueg, 2013; Nakayama 

et al., 2010; Sotiriadis & 

van Zyl, 2013; Tseng & 

Hsu, 2010; Yang & Mai, 

2010; Yeh & Choi, 

2011) 

2 Source credibility Consumers’ perception 

about the trustworthy of 

the source of eWOM 

recommendation 

(Cheung et al., 2008; 

Senecal & Nantel, 

2004) 

(Chu & Kamal, 2008; Hsu 

et al., 2013; Huang et al., 

2012; Huang et al., 2011; 

Park, C. & Lee, T.M., 

2009; Racherla & Friske, 

2012; Senecal & Nantel, 

2004) 

 (Cheung et al., 2008; 

Cheung et al., 2007; 

Cheung et al., 2009; 

Choi & Scott, 2013; 

Chu & Kim, 2011; Ho 

& Chien, 2010; Ku et 

al., 2012; Luo et al., 

2013; Martin & Lueg, 

2013; Rabjohn et al., 

2008; Sen & Lerman, 

2007; Sotiriadis & van 

Zyl, 2013; Zhang & 

Watts, 2008) 

3 Source type Type of the source of 

eWOM 

recommendation (e.g., 

provider versus 

consumer) (Benlian et 

al., 2010, 2012). 

 

(Huang & Chen, 2006; Lee 

et al., 2011; Senecal & 

Nantel, 2004) 

(Benlian et al., 2010, 

2012) 

(Adjei et al., 2010; Goh 

et al., 2013) 
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Table A.2 – Factors Pertaining to the Source of the eWOM Recommendations 

# Factors Definition 
Stage of Adoption Process in the eWOM Studies 

Pre-usage Initial Use Repeated Use 

4 Source identity Source disclosure of 

his/her identity 

(Racherla & Friske, 

2012). 

(Racherla & Friske, 2012; 

Xie et al., 2011) 

  

5 Source tie 

Strength 

The level of intensity of 

a social relationship 

between the source of 

eWOM 

recommendation and 

the consumer (Cheung 

& Thadani, 2012; 

Steffes & Burgee, 

2009) 

(Pan & Chiou, 2011; 

Steffes & Burgee, 2009) 

 (Chu & Kim, 2011) 

6 Source 

homophily 

The degree of similarity 

between the source of 

eWOM 

recommendation and 

the consumer (Cheung 

& Thadani, 2012; 

Steffes & Burgee, 

2009) 

(Racherla et al., 2012; 

Steffes & Burgee, 2009) 

 (Chu & Kim, 2011; Fan 

& Miao, 2012) 

Note:  

Empty Cell = Gap in the eWOM literature 
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Table A.3 – Factors Pertaining to the Focal Services in the eWOM Recommendations 

# Factors Definition 
Stage of Adoption Process in the eWOM Studies 

Pre-usage Initial Use Repeated Use 

1 Service type Search versus 

Experience attributes 

of the focal service in 

the eWOM 

recommendation 

(Mudambi & Schuff, 

2010). 

(Hao et al., 2010; Pan & 

Chiou, 2011; Park, C. & 

Lee, T.M., 2009; 

Racherla & Friske, 

2012; Senecal & 

Nantel, 2004; Xia & 

Bechwati, 2008) 

(Benlian et al., 2012) (Mudambi & Schuff, 

2010; Nakayama et al., 

2010; Yang & Mai, 

2010) 

2 Service 

popularity 

The reputation or 

ranking of the focal 

service in the eWOM 

recommendation (Duan 

et al., 2009). 

(Amblee & Bui, 2007; 

Duan et al., 2009; Park 

& Lee, 2008) 

 (Yang & Mai, 2010) 

Note:  

Empty Cell = Gap in the eWOM literature 
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Table A.4 – Factors Pertaining to the eWOM Recommendations Platform 

# Factors Definition 
Stage of Adoption Process in the eWOM Studies 

Pre-usage Initial Use Repeated Use 

1 The eWOM 

recommendation 

Platform Type 

Type of online platform for sharing 

the eWOM recommendations (i.e., 

provider-generated website versus 

independent website) (Lee & Youn, 

2009). 

(Lee & Youn, 2009)   

Note:  

Empty Cell = Gap in the eWOM literature 
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Table A.5 – Factors Pertaining to the eWOM Recommendations 

# Factors Definition 
Stage of Adoption Process in the eWOM Studies 

Pre-usage Initial Use Repeated Use 

1 eWOM 

recommendation 

valence 

The valence of an eWOM 

recommendation shows 

that whether it is positive 

or negative (Cheung & 

Thadani, 2012). 

(Benny et al., 2009; Bock et 

al., 2012; Chakravarty et al., 

2010; Chu & Kamal, 2008; 

Duan et al., 2009; Floh et al., 

2013; Hao et al., 2010; 

Huang et al., 2012; Huang & 

Chen, 2006; Huang et al., 

2011; Huang & Yang, 2011; 

Jones et al., 2009; Kuan & 

Bock, 2007; Lee & Lee, 

2009; Lee et al., 2009; Lee 

& Youn, 2009; Lee & Song, 

2010; Li & Wang, 2013; 

Mauri & Minazzi, 2013; Pan 

& Chiou, 2011; Park, Cheol 

& Lee, Thae Min, 2009; Qiu 

et al., 2012; Racherla & 

Friske, 2012; Sparks & 

Browning, 2011; Vermeulen 

& Seegers, 2009; Wu & 

Gaytan, 2013; Wu et al., 

2013; Xia & Bechwati, 

2008; Yao et al., 2009; Yin 

et al., 2011; Yin et al., 2014) 

 

 

(Aggarwal et al., 

2012; Bock et al., 

2012; Cheung & Lee, 

2008; Sia et al., 2009; 

Zhang et al., 2010) 

(Aggarwal et al., 2012; 

Chatterjee, 2001; Chen 

et al., 2012; Cheung et 

al., 2009; Doh & 

Hwang, 2009; Jiang et 

al., 2010; Kim, 2008; 

Lee et al., 2006; Pavlou 

& Dimoka, 2006; Sen & 

Lerman, 2007; Sridhar 

& Srinivasan, 2012; Wu 

et al., 2011; Yang & 

Mai, 2010; Ye et al., 

2011) 

2 eWOM 

recommendation 

quality 

The eWOM 

recommendation quality 

refers to the persuasive 

strength of arguments 

(Huang et al., 2011; Lee et 

al., 2008; Park & Lee, 2008; 

Park et al., 2007; Racherla et 

al., 2012; Senecal & Nantel, 

(Lin et al., 2011) (Adjei et al., 2010; 

Cheung et al., 2008; 

Cheung et al., 2007; 

Cheung et al., 2009; 
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Table A.5 – Factors Pertaining to the eWOM Recommendations 

# Factors Definition 
Stage of Adoption Process in the eWOM Studies 

Pre-usage Initial Use Repeated Use 

embedded in an eWOM: 

– Timeliness concerns 

whether the eWOM 

recommendation is 

current, timely, and 

up-to-date 

– Accuracy concerns 

reliability of the 

eWOM 

recommendation. It 

also represents a 

user's perception that 

the eWOM 

recommendation is 

correct 

– Comprehensiveness 

of eWOM 

recommendation 

refers to their 

completeness 

– Explaining language 

refers to the extent of 

justifications in 

eWOM 

recommendation in 

support of its claims 

(Cheung & Thadani, 

2012). 

 

2004; Zhao & Xie, 2011) Choi & Scott, 2013; 

Luo et al., 2013; Martin 

& Lueg, 2013; Moore, 

2012; Mudambi & 

Schuff, 2010; Rabjohn 

et al., 2008; Wu et al., 

2011; Zhang & Watts, 

2008) 

3 eWOM Number of eWOM (Amblee & Bui, 2007; (Aggarwal et al., (Aggarwal et al., 2012; 



Ph.D. Thesis – H. Qahri Saremi; McMaster University – DeGroote School of Business 

 94 

Table A.5 – Factors Pertaining to the eWOM Recommendations 

# Factors Definition 
Stage of Adoption Process in the eWOM Studies 

Pre-usage Initial Use Repeated Use 

recommendation 

volume 

recommendations 

(Cheung & Thadani, 

2012). 

Cheung et al., 2012; Lee et 

al., 2008; Li & Wang, 2013; 

Park & Kim, 2008; Park & 

Lee, 2008; Park et al., 2007; 

Wu & Gaytan, 2013; Wu et 

al., 2013) 

2012; Gupta & Harris, 

2010; Li et al., 2011) 

Gauri et al., 2008; Ku et 

al., 2012; Lo & Lin, 

2013) 

4 eWOM 

recommendation 

presence 

Whether there is any 

eWOM recommendation 

available about the 

service (Gupta & Harris, 

2010). 

(Benny et al., 2009; 

Chakravarty et al., 2010; 

Senecal & Nantel, 2004; 

Vermeulen & Seegers, 2009; 

Zhao & Xie, 2011) 

(Cheung & Lee, 2008; 

Gupta & Harris, 2010; 

Kumar & Benbasat, 

2006) 

(Chen et al., 2012) 

5 eWOM 

recommendation 

sidedness 

A one-sided eWOM 

recommendation presents 

either the positive or 

negative arguments, but 

not both. A two-sided 

eWOM recommendation 

includes both positive and 

negative arguments 

(Cheung & Thadani, 

2012). 

 

(Benny et al., 2009; Floh et 

al., 2013; Lee & Lee, 2009; 

Lee et al., 2009; Racherla & 

Friske, 2012; Wu et al., 

2013; Yao et al., 2009) 

 (Cheung et al., 2009; 

Mudambi & Schuff, 

2010; Ye et al., 2011) 

6 eWOM 

recommendation 

consistency 

The eWOM 

recommendation 

congruence to others’ 

opinions about the focal 

service (Cheung & 

Thadani, 2012; Cheung et 

al., 2009) 

(Lee & Song, 2010; Qiu et 

al., 2012; Yao et al., 2009) 

 (Cheung et al., 2007; 

Cheung et al., 2009; Lo 

& Lin, 2013) 
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Table A.5 – Factors Pertaining to the eWOM Recommendations 

# Factors Definition 
Stage of Adoption Process in the eWOM Studies 

Pre-usage Initial Use Repeated Use 

7 eWOM 

recommendation 

emotions 

Extent and/or type of 

emotional expressions 

used in the eWOM 

recommendation (Yin et 

al., 2014). 

(Lee & Song, 2010; Yin et 

al., 2011; Yin et al., 2014) 

(Kim & Gupta, 2012)  

8 eWOM 

recommendation 

rating 

The overall ratings given 

by other consumers for an 

eWOM recommendation 

(Lee & Lee, 2009). 

  (Cheung et al., 2007; 

Cheung et al., 2009) 

9 eWOM 

recommendation 

orientation 

Attribute-centric versus 

simple eWOM 

recommendations 

(Cheung & Thadani, 

2012; Park & Kim, 2008; 

Park & Lee, 2008). 

(Benny et al., 2009; Park & 

Kim, 2008; Park & Lee, 

2008; Xia & Bechwati, 

2008) 

  

Note:  

Empty Cell = Gap in the eWOM literature 
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Table A.6 – Factors Pertaining to the Response 

# Factors Definition 
Stage of Adoption Process in the eWOM Studies 

Pre-usage Initial Use Repeated Use 

1 Perceived 

usefulness of the 

service 

Consumers’ perceived 

usefulness of the 

service (Cheung & 

Thadani, 2012). 

(Lee & Lee, 2009; Li & Wang, 

2013) 

(Kumar & 

Benbasat, 2006) 

(Gruen et al., 2006; Lee 

et al., 2006; Lo & Lin, 

2013; Tseng & Hsu, 

2010) 

2 Perceived ease of 

use of the service 
Consumers’ perceived 

ease of use of the 

service (Lee et al., 

2006). 

  (Lee et al., 2006; Tseng 

& Hsu, 2010) 

3 Trust in the 

online provider 
Consumers’ trust in 

online vendor (Awad 

& Ragowsky, 2008; 

Liu, 2006). 

(Bock et al., 2012; Kuan & 

Bock, 2007; Lee et al., 2011; 

Sparks & Browning, 2011) 

(Bock et al., 

2012; Cheung & 

Lee, 2008; Lim 

et al., 2006; Sia 

et al., 2009) 

(Awad & Ragowsky, 

2008; Kim, 2008; Liao 

& Zhong, 2010; Pavlou 

& Dimoka, 2006; Tsao 

& Hsieh, 2012) 

4 Perceived 

enjoyment of 

adopting the 

service 

An individual’s 

affective reactions to 

using service (Benlian 

et al., 2010, 2012). 

(Lee & Lee, 2009; Xia & 

Bechwati, 2008) 

(Benlian et al., 

2010, 2012) 

(Gruen et al., 2006; Lee 

et al., 2006; Moore, 

2012; Tseng & Hsu, 

2010) 

5 Attitude towards 

the service 
Consumers’ overall 

evaluations of the 

service (Cheung & 

Thadani, 2012). 

(Chakravarty et al., 2010; Chu 

& Kamal, 2008; Hsu et al., 

2013; Huang et al., 2012; Jones 

et al., 2009; Lee & Lee, 2009; 

Lee et al., 2008; Lee et al., 

2009; Lee & Youn, 2009; Li & 

Wang, 2013; Pan & Chiou, 

2011; Vermeulen & Seegers, 

2009) 

 (Casalo et al., 2011; 

Doh & Hwang, 2009; 

Lee et al., 2006; Liao & 

Zhong, 2010; Martin & 

Lueg, 2013) 
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Table A.6 – Factors Pertaining to the Response 

# Factors Definition 
Stage of Adoption Process in the eWOM Studies 

Pre-usage Initial Use Repeated Use 

6 Intention to 

purchase the 

service 

Consumers’ 

willingness to pay for 

or purchase the service 

(Cheung & Thadani, 

2012). 

(Benny et al., 2009; Floh et al., 

2013; Hsu et al., 2013; Huang 

et al., 2012; Huang & Chen, 

2006; Huang & Yang, 2011; 

Jones et al., 2009; Lee & Lee, 

2009; Lee & Youn, 2009; Lee 

et al., 2011; Li & Wang, 2013; 

Mauri & Minazzi, 2013; Park 

& Kim, 2008; Park & Lee, 

2008; Park et al., 2007; Sparks 

& Browning, 2011; Wu et al., 

2013; Xie et al., 2011; Yao et 

al., 2009) 

(Benlian et al., 

2012; Cheung & 

Lee, 2008; 

Gupta & Harris, 

2010; Lin et al., 

2011) 

(Chen et al., 2012; Choi 

& Scott, 2013; Doh & 

Hwang, 2009; Fan & 

Miao, 2012; Gauri et al., 

2008; Gruen et al., 

2006; Lee et al., 2006; 

Liao & Zhong, 2010; Lo 

& Lin, 2013; Park, 

Cheol & Lee, Thae Min, 

2009; Tseng & Hsu, 

2010) 

7 Actual use/ 

purchase of the 

service 

Consumer's actual 

use/purchase of the 

service (Ye et al., 

2011). 

(Cheung et al., 2012; Duan et 

al., 2009; Senecal & Nantel, 

2004) 

 (Goh et al., 2013; Ye et 

al., 2011) 

8 Willingness to 

recommend the 

service 

Consumers’ 

willingness to 

recommend the service 

in the future (Gauri et 

al., 2008; Lee & Youn, 

2009). 

  (Tsao & Hsieh, 2012; 

Yeh & Choi, 2011) 
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Table A.6 – Factors Pertaining to the Response 

# Factors Definition 
Stage of Adoption Process in the eWOM Studies 

Pre-usage Initial Use Repeated Use 

9 Adoption of the 

eWOM 

recommendation 

A process in which 

consumers 

purposefully engage in 

using eWOM 

recommendation 

(Cheung et al., 2008; 

Cheung & Thadani, 

2012). 

(Hao et al., 2010; Huang et al., 

2012; Huang et al., 2011; 

Huang & Yang, 2011; Lee & 

Song, 2010; Park, C. & Lee, 

T.M., 2009; Senecal & Nantel, 

2004; Steffes & Burgee, 2009; 

Vermeulen & Seegers, 2009; 

Xia & Bechwati, 2008; Zhao & 

Xie, 2011) 

(Aggarwal et al., 

2012; Gupta & 

Harris, 2010; 

Kim & Gupta, 

2012; Zhang et 

al., 2010) 

(Aggarwal et al., 2012; 

Casalo et al., 2011; 

Chatterjee, 2001; 

Cheung et al., 2008; 

Cheung et al., 2007; 

Chu & Kim, 2011; Fan 

& Miao, 2012; Hennig-

Thurau et al., 2003; Ho 

& Chien, 2010; Liu & 

Zhang, 2010; Luo et al., 

2013; Martin & Lueg, 

2013; Nakayama et al., 

2010; Park, Cheol & 

Lee, Thae Min, 2009; 

Poyry et al., 2012; 

Rabjohn et al., 2008; 

Sotiriadis & van Zyl, 

2013; Tseng & Hsu, 

2010; Wang et al., 2013; 

Yang & Mai, 2010; Yeh 

& Choi, 2011; Zhang & 

Watts, 2008) 

10 Intention to adopt 

the eWOM 

recommendation 

Consumers’ 

willingness to adopt 

the eWOM 

recommendation 

(Benlian et al., 2012). 

 (Benlian et al., 

2010, 2012) 

 

11 Perceived 

helpfulness of the 

eWOM 

Consumers’ perception 

of the helpfulness of 

eWOM 

(Hsu et al., 2013; Huang & 

Chen, 2006; Park & Kim, 

2008; Park & Lee, 2008; Qiu et 

(Benlian et al., 

2010, 2012; 

Kim, 2003; Kim 

(Awad & Ragowsky, 

2008; Casalo et al., 

2011; Cheung et al., 
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Table A.6 – Factors Pertaining to the Response 

# Factors Definition 
Stage of Adoption Process in the eWOM Studies 

Pre-usage Initial Use Repeated Use 

recommendation recommendation 

(Cheung & Thadani, 

2012; Sen & Lerman, 

2007). 

al., 2012; Racherla & Friske, 

2012; Xia & Bechwati, 2008; 

Yin et al., 2011; Yin et al., 

2014) 

& Gupta, 2012; 

Lim et al., 2006) 

2008; Cheung et al., 

2009; Gruen et al., 

2006; Liu & Zhang, 

2010; Mudambi & 

Schuff, 2010; Park, 

Cheol & Lee, Thae Min, 

2009; Poyry et al., 2012; 

Rabjohn et al., 2008; 

Sen & Lerman, 2007; 

Tseng & Hsu, 2010; 

Wang et al., 2013; Wu 

et al., 2011) 

12 Perceived 

credibility of the 

eWOM 

recommendation 

The perceived degree 

to which an eWOM 

recommendation 

provides accurate and 

trustworthy 

information (Cheung et 

al., 2009; Park, C. & 

Lee, T.M., 2009). 

(Hsu et al., 2013; Huang & 

Chen, 2006; Lee et al., 2011; 

Pan & Chiou, 2011; Qiu et al., 

2012; Racherla et al., 2012; Xie 

et al., 2011) 

(Benlian et al., 

2010, 2012) 

(Casalo et al., 2011; 

Chatterjee, 2001; 

Cheung et al., 2007; 

Cheung et al., 2009; 

Doh & Hwang, 2009; 

Fan & Miao, 2012; Ho 

& Chien, 2010; Liao & 

Zhong, 2010; Liu & 

Zhang, 2010; Luo et al., 

2013; Tseng & Hsu, 

2010; Wang et al., 2013; 

Yang & Mai, 2010; Yeh 

& Choi, 2011) 

13 Extent of 

elaboration on 

the eWOM 

recommendation 

Consumers’ extent of 

cognitive elaborations 

about the eWOM 

recommendation 

(Cheung & Thadani, 

(Chu & Kamal, 2008)   
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Table A.6 – Factors Pertaining to the Response 

# Factors Definition 
Stage of Adoption Process in the eWOM Studies 

Pre-usage Initial Use Repeated Use 

2012; Chu & Kamal, 

2008). 

14 Confirmation of 

prior beliefs 
Consumers’ 

confirmation of prior 

beliefs about the focal 

services (Cheung & 

Thadani, 2012; 

Cheung et al., 2009). 

  (Cheung et al., 2007; 

Cheung et al., 2009; 

Zhang & Watts, 2008) 

Note:  

Empty Cell = Gap in the eWOM literature 
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APPENDIX B– Procedures for Controlling the Potential Confounding Effects of the 

Controlled Factors 

Table B.1 – Procedures for Controlling the Possible Confounding Effects of the Controlled Factors 

Controlled 

Dimension 

Controlled 

Factor 

Definition of the 

Controlled Factor 

The Procedure for Controlling the Possible 

Confounding Effect 

Factors 

Pertaining to 

Response 
Perceived 

Helpfulness of 

the eWOM 

Recommendation 

Consumers’ 

perception of the 

helpfulness of eWOM 

recommendation. 

We controlled the potential confounding effect of 

perceived helpfulness of the eWOM recommendation by 

measuring it as a controlled variable. A one-way ANOVA 

test revealed no significant difference between the eight 

segments of our subjects in terms of the perceived 

helpfulness of the eWOM recommendations (F=1.753, p 

> 0.1). 

Perceived 

Credibility of the 

eWOM 

Recommendation 

The perceived degree 

to which an eWOM 

recommendation 

provides accurate and 

truthful information. 

We controlled the potential confounding effect of the 

perceived credibility of the eWOM by informing students 

that the source of eWOM recommendations is an 

unknown independent expert in the context of the focal 

website. 

Confirmation 

Consumers’ 

confirmation of prior 

beliefs about the focal 

website. 

We controlled the potential confounding effect of 

students’ confirmation of prior beliefs by assuring that 

students had no past experience with, thus prior belief 

about, the focal website. 

Factors 

Pertaining to 

eWOM 

Recommendations eWOM Valence 

The valence of an 

eWOM 

recommendation 

shows that whether it 

is positive or negative. 

We controlled the potential confounding effect of 

variations in the eWOM Valence by providing only 

positive eWOM recommendations to all subjects. 
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Table B.1 – Procedures for Controlling the Possible Confounding Effects of the Controlled Factors 

Controlled 

Dimension 

Controlled 

Factor 

Definition of the 

Controlled Factor 

The Procedure for Controlling the Possible 

Confounding Effect 

eWOM Quality 

 

eWOM quality refers 

to the persuasive 

strength of arguments 

embedded in an 

eWOM 

recommendation. 

 

 

We controlled the potential confounding effect of eWOM 

quality by providing equal level of justifications in all of 

the eWOM recommendations. The pilot study confirmed 

that the eWOM recommendations were perceived as we 

intended and the level of justifications was consistent 

across all of the eWOM recommendations. 

eWOM Volume 
Number of eWOM 

recommendations 

We controlled the potential confounding effect of eWOM 

volume by providing equal number of eWOM 

recommendations – four eWOM recommendations – to all 

subjects. 

eWOM 

Sidedness 

A one-sided eWOM 

recommendation 

presents either the 

positive or negative 

arguments, but not 

both. A two-sided 

eWOM includes both 

positive and negative 

arguments. 

We controlled the potential confounding effect of eWOM 

sidedness by providing only one-sided eWOM 

recommendations – all positive – to all subjects. 

eWOM 

Orientation 

Attribute-centric 

versus simple eWOM 

recommendations 

We controlled the potential confounding effect of eWOM 

orientation by providing attribute-centric eWOM 

recommendations to all subjects, which are considered as 

more informative than simple eWOM recommendations 

(Park & Lee, 2008). 
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Table B.1 – Procedures for Controlling the Possible Confounding Effects of the Controlled Factors 

Controlled 

Dimension 

Controlled 

Factor 

Definition of the 

Controlled Factor 

The Procedure for Controlling the Possible 

Confounding Effect 

eWOM 

Consistency 

eWOM congruence to 

others’ opinions about 

the focal website 

We controlled the potential confounding effect of eWOM 

consistency by providing completely consistent eWOM 

recommendations to all subjects. 

eWOM emotions 

Extent of emotional 

expressions used in 

the eWOM 

recommendation 

We controlled the potential confounding effect of eWOM 

emotions by avoiding any expression of extreme anxiety, 

anger, and extreme excitement in our eWOM 

recommendations. 

eWOM rating 

The overall rating 

given by other 

consumers on an 

eWOM 

recommendation 

We controlled the potential confounding effect of eWOM 

ratings by other consumers by not providing any 

consumers’ ratings for the eWOM recommendations to 

our subjects. 

Factors 

Pertaining to the 

Source of the 

eWOM 

Recommendation 

Source 

Credibility 

Consumers’ 

perception about the 

trustworthy of source 

of eWOM 

We controlled the potential confounding effect of the 

source credibility by telling students that the source of 

eWOM recommendations is an unknown independent 

expert in the context of the focal website. 

Source Type 

Type of the source of 

eWOM (e.g., provider 

versus consumer) 

We controlled the potential confounding effect of the 

source type by telling students that the source of eWOM 

recommendations is an unknown independent expert in the 

context of the focal website. 

Source 

knowledge 

Source’s prior 

knowledge of or 

experience with the 

eWOM topic or 

context 

We controlled the potential confounding effect of the 

source knowledge by telling students that the source of 

eWOM recommendations is an unknown independent 

expert in the context of the focal website. 
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Table B.1 – Procedures for Controlling the Possible Confounding Effects of the Controlled Factors 

Controlled 

Dimension 

Controlled 

Factor 

Definition of the 

Controlled Factor 

The Procedure for Controlling the Possible 

Confounding Effect 

Source 

Homophily 

The degree of 

similarity between the 

source of eWOM and 

the consumer 

We controlled the potential confounding effect of the 

source homophily by telling students that the source of 

eWOM recommendations is an unknown independent 

expert in the context of the focal website. 

Source Identity 
Disclosure of source 

identity 

We controlled the potential confounding effect of the 

source identity by telling students that the source of 

eWOM recommendations is an unknown independent 

expert in the context of the focal website. 

Social Tie 

Strength 

The level of intensity 

of a social relationship 

between source and 

the consumer 

We controlled the potential confounding effect of the 

social tie strength by telling students that the source of 

eWOM recommendations is an unknown independent 

expert in the context of the focal website. 



Ph.D. Thesis – H. Qahri Saremi; McMaster University – DeGroote School of Business 

 105 

Table B.1 – Procedures for Controlling the Possible Confounding Effects of the Controlled Factors 

Controlled 

Dimension 

Controlled 

Factor 

Definition of the 

Controlled Factor 

The Procedure for Controlling the Possible 

Confounding Effect 

Factors 

Pertaining to the 

Receiver of the 

eWOM 

Recommendation 

Receiver’s 

Involvement 

Relevance of eWOM 

recommendation topic 

to the eWOM 

receiver. 

We controlled the effect of consumers’ involvement in the 

healthcare context by asking students to assess the 

healthcare website based on its content on one specific 

topic – stress management, which is relevant to students’ 

life (Archer & Carroll, 2003; Whitman, 1984). We, then, 

measured the importance of stress management for the 

students. The high mean score of importance of stress 

management variable for our subjects confirmed the 

relevance of stress management to our subjects 

(4.02/5.00). Furthermore, a one-way ANOVA test 

revealed no significant difference between our subjects in 

terms of the relevance of stress management to them 

(F=1.767, p > 0.1). 

Furthermore, we controlled the effect of consumers’ 

involvement in the music context by asking students to 

assess the music website based on its content about their 

favourite music genre, music track, and singer. 

Receiver’s 

Demographics 

Demographical 

attributes of eWOM 

receiver (i.e., age and 

gender). 

We controlled the potential confounding effect of 

subjects’ age and gender by measuring them as controlled 

variables. Two one-way ANOVA tests revealed no 

significant difference between the eight segments of our 

subjects in terms of their age (F=0.960, p > 0.1) and 

gender (F=0.217, p > 0.1). 
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Table B.1 – Procedures for Controlling the Possible Confounding Effects of the Controlled Factors 

Controlled 

Dimension 

Controlled 

Factor 

Definition of the 

Controlled Factor 

The Procedure for Controlling the Possible 

Confounding Effect 

Factors 

Pertaining to the 

focal service in 

the eWOM 

Recommendation 
Service Type 

Search versus 

Experience Service 

We controlled the confounding effect of service type by 

focusing on two domains of experience services in our 

experiment: music (Bhattacharjee et al., 2006; 

Bhattacherjee & Sanford, 2006; Nelson, 1970) and 

healthcare (Dranove, 2000, 2009; Franke et al., 2004; 

Sloan & Kasper, 2008). 

Service 

Popularity 

Service reputation or 

ranking 

We controlled the potential confounding effect of 

popularity of the websites by selecting eight music 

websites and eight healthcare websites that were ranked as 

most popular by Alexa.com (see Table C.2 in Appendix C 

for the list of websites). The rankings for the selected 

websites were similar in their pertinent domains. One-way 

ANOVA tests on our factors revealed no significant 

difference between the eight healthcare websites (F Perceived 

usefulness (healthcare) = 0.913, p > 0.1; F Perceived ease of use (healthcare) = 

0.778, p > 0.1; F Trust (healthcare) = 0.814, p > 0.1) and the 

eight music websites (F Perceived usefulness (music) = 0.855, p > 

0.1; F Perceived ease of use (music) = 1.085, p > 0.1; F Trust (music) = 

0.562, p > 0.1). 

Factors 

Pertaining to the 

eWOM 

Recommendation 

Platform 

eWOM 

Recommendation 

Platform Type 

Type of eWOM 

recommendation 

platform (i.e., 

provider-generated 

website versus 

independent website) 

We controlled the potential confounding effect of the 

online platform type by telling subjects that the eWOM 

recommendations are from an independent expert. 
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APPENDIX C–  List of Selected Healthcare and Music 

Websites for our Experiment 

We used Alexa.com, which rates the popularity of websites based on their user 

traffic, to select the top eight ranked websites in healthcare and music contexts 

(see Table C1). This enabled us to control the confounding effects of the 

variations in the quality of the websites on subjects’ pertinent assessments of the 

websites. This is consistent with the literature that has found the website quality as 

an important driver for its popularity, measured in terms of its user traffic (Alpar 

et al., 2001). Furthermore, we used a set of criteria (depicted in Table C2) to make 

sure that the functionalities of the websites in each category were similar. 

 

Table C.1 – List of Healthcare and Music Websites Selected for Our 

Experiment 

Healthcare Websites Music Websites 

Bettermedicine.com AOL Music (Music.aol.com) 

Everydayhealth.com eMusic.com 

Mayoclinic.com Grooveshark.com 

Medicinenet.com Jango.com 

Realage.com Last.fm 

Rxlist.com MySpace Music (Myspace.com/music) 

Webmd.com Rhapsody.com 

Yahoo! Health (Health.yahoo.com) Yahoo! Music (Music.yahoo.com) 
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Table C.2 – Criteria Used in Selecting our Healthcare and Music Websites 

Criteria Used for Selecting  

Healthcare Websites 

Criteria Used for Selecting  

Music Websites 

1– The website has information for a 

directory of healthcare problems and 

diseases, in particular stress management 

2– The website provides reviews on 

medicines and supplements 

3– The website has information about 

eating/diet/fitness 

4– The website has symptom check 

functionality  

5– The website has no subscription fee 

6– Using the website does not require a 

mandatory registration 

7– The website should be accessible in 

Canada 

1– The website has a search functionality 

for singers, music albums, and song tracks 

2– The website has music streaming 

functionality 

3– The website has online purchase 

functionality for purchasing song tracks 

and albums 

4– The website has the functionality of 

users’ forums and reviews about the 

singers, music albums, and song tracks 

5– The website has no subscription fee 

6– Using the website does not require a 

mandatory registration 

7– The website should be accessible in 

Canada
1
 

 

 

                                                 
1
 Some websites are not accessible in Canada, such as Spotify.com. 
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APPENDIX D–  Examples of the eWOM Recommendations about the focal 

Healthcare and Music Websites 

Table D.1 – The Fictitious eWOM Recommendations developed for a Healthcare Website, Webmd.com as an 

example 

The Intended Attribute of 

Webmd.com, which is 

positively discussed in the 

eWOM Recommendation 

The Fictitious eWOM Recommendation 

Consumer’s Perceived 

Usefulness of Webmd.com 

As doctors become busier and more expensive, many consumers are taking more responsibility 

for educating themselves that narrow the possibilities so they can choose health care providers 

more effectively, explore lifestyle behaviours that keep them fit and healthy, and research 

medications and therapeutic options. The medical community supports Webmd.com in order to 

promote patient/parent/lay caregiver education. The language is purposefully non- technical so 

anyone can understand. 

Consumer’s Perceived Ease 

of Use of Webmd.com 

Webmd.com's interactive tools are an easy way to figure out more about your health - and 

they're organized from A to Z by category for easy access. These little quizzes and fun 

interactive tools make it easy to evaluate various health concerns, from weight to environment 

and everything in between. 

Consumer’s Trust in 

Webmd.com 

Webmd.com provides valuable health information, tools for managing your health, and support 

to those who seek information. Stellar reputations and a vast array of topics with information 

about symptoms, causes, cures, medications, and prevention options available in general 

medical practice.  It is run by a team of physicians with medical degrees.  

Structural Assurances of 

Webmd.com 

Webmd.com has been awarded TRUSTe's Privacy Seal signifying that its privacy policy and 

practices have been reviewed by TRUSTe for compliance with TRUSTe's program 

requirements, including transparency, accountability, and choice regarding the collection and 

use of your personal information. 

 

  

http://wzus1.ask.com/r?t=p&d=us&s=usseo&c=qah&app=a16&l=dir&o=102140&sv=0a5c407b&ip=4038e99a&id=C28CF3F9AEEE8C4FEAC1932C0EFA0F59&q=Webmd-Com-Webmd&p=1&qs=121&ac=147&g=33e5kM2Y23TevN&cu.wz=0&en=af&io=2&ep=&eo=&b=qai&bc=&br=&tp=top&ec=3&pt=%20Read%20More%20%C2%BB&ex=&url=&u=http://www.chacha.com/question/who-runs-the-website-webmd.com


Ph.D. Thesis – H. Qahri Saremi; McMaster University – DeGroote School of Business 

 110 

 

Table D.2 – The Fictitious eWOM Recommendations developed for a Music Website, Grooveshark.com as an 

example 

The Intended Attribute of 

Grooveshark.com, which is 

positively discussed in the eWOM 

Recommendation 

The Fictitious eWOM Recommendation 

Consumer’s Perceived Usefulness 

of Grooveshark.com 

Grooveshark.com is an online music streaming service. They offer a free service which 

does have ads, but they are not obtrusive and they do not in anyway get in the way of the 

listening experience. You can create an account for free, which then allows you to create 

playlists for your favourite music and share those playlists with anyone else. Say goodbye 

to the days of struggling to find new music to listen to. 

Consumer’s Perceived Ease of Use 

of Grooveshark.com 

Grooveshark.com does a good job with navigation from their website. Everything that a 

user needs from music streaming experience is just a few clicks away. The most significant 

item, the search feature, is the first thing users see when logging in to their website. In 

addition to the good affordances, interacting with it requires minimal user input. 

Consumer’s Trust in 

Grooveshark.com 

Grooveshark.com will let you play any song by any artist whenever you want.  No waiting 

for a recommendation engine to randomly pump out your favourites, it’s all on-demand.  

Plus, if you want to start a song over, you can!  That’s something that’s always bothered me 

with Pandora. If you want to find a particular type of music just Search for it (e.g. “rock 

music”) and then Click the Playlists tab. 

Structural Assurances of 

Grooveshark.com 

 Grooveshark.com takes reasonable steps to protect information from loss, misuse, and 

unauthorized access, disclosure, alteration, and destruction. Grooveshark.com has in place 

appropriate physical, electronic, and managerial procedures to safeguard and secure the 

information from loss, misuse, unauthorized access or disclosure, alteration, or destruction.  

When consumers enter sensitive information (such as a credit card number) on order forms, 

Grooveshark.com encrypt the transmission of that information by using secure socket layer 

technology (SSL). 
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APPENDIX E–  The Validated Measurement Instruments adapted from the Extant 

Literature  

Table E.1 – Adapted Instruments for Measuring Factors at Pre-usage Stage, for the case of Webmd.com as an 

example 

References Factor Adapted Measurement Instruments  5-Point Likert Scale Anchors 

Wood and 

Swait 

(2002) 

Need for 

Cognition 

I would rather do something that requires 

little thought than something that is sure to 

challenge my thinking abilities (reversed) 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

I try to anticipate and avoid situations 

where there is a likely chance I'll have to 

think in depth about something (reversed) 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

I only think as hard as I have to (reversed) 
Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

The idea of relying on thought to get my 

way to the top does not appeal to me 

(reversed) 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

The notion of thinking abstractly is not 

appealing to me (reversed) 
Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

Wood and 

Swait 

(2002) 

Need for Change When I see a new or different brand on the 

shelf, I often pick it up just to see what it is 

like 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

I like introducing new brands and products 

to my friends 
Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

I enjoy taking chances in buying unfamiliar 

brands just to get some variety in my 

purchases 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

I often read the information on the Strongly Disagree Neither Agree Strongly 
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Table E.1 – Adapted Instruments for Measuring Factors at Pre-usage Stage, for the case of Webmd.com as an 

example 

References Factor Adapted Measurement Instruments  5-Point Likert Scale Anchors 

packages of products just out of curiosity Disagree Disagree/ 

Agree 
Agree 

I get bored with buying the same brands 

even if they are good 
Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

I shop around a lot for my clothes just to 

find out more about the latest styles. 
Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

Pavlou and 

Fygenson 

(2006) 

Consumer’s 

Perceived 

Usefulness of 

Webmd.com 

Webmd.com would be useful for getting 

valuable information about stress 

management 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

For me, getting valuable information about 

stress management from a website is 

important. 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

Webmd.com would enhance my 

effectiveness in getting useful information 

about stress management. 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

For me, getting useful information about 

stress management from a website is 

important. 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

Pavlou and 

Fygenson 

(2006) 

Consumer’s 

Perceived Ease 

of Use of 

Webmd.com 

Getting information about stress 

management fromWebmd.com would be 

easy. 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

For me, getting stress management 

information easily from a website is 

important. 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

Learning how to get information about 

stress management from Webmd.com 

would be easy. 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 
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Table E.1 – Adapted Instruments for Measuring Factors at Pre-usage Stage, for the case of Webmd.com as an 

example 

References Factor Adapted Measurement Instruments  5-Point Likert Scale Anchors 

For me, learning how to get stress 

management information easily from a 

website is important. 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

Pavlou and 

Fygenson 

(2006) 

Consumer’s 

Trust in 

Webmd.com 

Webmd.com would be competent in 

providing objective information about 

stress management. 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

For me, getting objective stress 

management information from a website is 

important. 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

Webmd.com would be honest in providing 

accurate information about stress 

management. 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

For me, getting accurate stress 

management information from a website is 

important. 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

Sussman 

and Siegal 

(2003) 

Consumer’s 

Involvement 

with the Stress 

Management 

(Control 

Variable) 

Stress management is an important issue 

for me. 
Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

I have been affected by stress, lately. 
Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

Stress management has been on my mind, 

lately. 
Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

Yin et al. 

(2011); 

Yin et al. 

(2014) 

Consumer’s 

Perceived 

Helpfulness of 

eWOM 

Recommendation 

I have found the eWOM Recommendations 

Helpful 
Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 

Agree 
Strongly 

Agree 

I have found the eWOM Recommendations 

Useful 
Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 
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Table E.1 – Adapted Instruments for Measuring Factors at Pre-usage Stage, for the case of Webmd.com as an 

example 

References Factor Adapted Measurement Instruments  5-Point Likert Scale Anchors 

(Control 

Variable) 
I have found the eWOM Recommendations 

Informative 
Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

 

  



Ph.D. Thesis – H. Qahri Saremi; McMaster University – DeGroote School of Business 

 115 

Table E.2 – Adapted Instruments for Measuring Factors at Initial Use and Repeated Use Stages, for the case of 

Webmd.com as an example 

References Factor Adapted Measurement Instruments  5-Point Likert Scale Anchors 

Pavlou and 

Fygenson 

(2006) 

Consumer’s 

Perceived 

Usefulness of 

Webmd.com 

Webmd.com is useful for getting valuable 

information about stress management 
Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

For me, getting valuable information about 

stress management from a website is 

important. 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

Webmd.com enhances my effectiveness in 

getting useful information about stress 

management. 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

For me, getting useful information about 

stress management from a website is 

important. 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

Pavlou and 

Fygenson 

(2006) 

Consumer’s 

Perceived Ease 

of Use of 

Webmd.com 

Getting information about stress 

management fromWebmd.com is easy 
Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

For me, getting stress management 

information easily from a website is 

important 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

Learning how to get information about stress 

management from Webmd.com is easy 
Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

For me, learning how to get stress 

management information easily from a 

website is important. 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

Pavlou and 

Fygenson 

(2006) 

Consumer’s 

Trust in 

Webmd.com 

Webmd.com is competent in providing 

objective information about stress 

management 

Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

For me, getting objective stress management 

information from a website is important 
Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 
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Table E.2 – Adapted Instruments for Measuring Factors at Initial Use and Repeated Use Stages, for the case of 

Webmd.com as an example 

References Factor Adapted Measurement Instruments  5-Point Likert Scale Anchors 

Webmd.com is honest in providing accurate 

information about stress management 
Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 

For me, getting accurate stress management 

information from a website is important 
Strongly 

Disagree 
Disagree 

Neither 

Disagree/ 

Agree 
Agree 

Strongly 

Agree 
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APPENDIX F–  Online Consent Form for Experiment, 

approved by McMaster Research Ethics Board 

(MREB) 

Table F.1 – Online Consent Form for Our Experiment 

By clicking “Next ” button, I’m indicating that I have read the information 

presented below about the current study being conducted by Mr. Hamed Qahri 

Saremi and Dr. Ali Reza Montazemi of McMaster University, Canada, and I 

AGREE to participate in this study. 

I understand that if I agree to participate in this study, I may withdraw from the 

study at any time by clicking the “Exit and Clear Survey” button. 

Student Investigator: 

Mr. Hamed Qahri Saremi 

Doctoral Candidate 

DeGroote School of Business 

McMaster University 

Hamilton, Ontario, Canada 

(905) 525-9140 Ext 26938 

Email: qahrish@mcmaster.ca 

Faculty Supervisor: 

Dr. Ali Reza Montazemi 

Professor, Information Systems 

DeGroote School of Business 

McMaster University 

Hamilton, Ontario, Canada 

(905) 525-9140 Ext 27434 

Email: montazem@mcmaster.ca 
 

 

Purpose of the Study: This research is part of the doctoral dissertation of Mr. 

Hamed Qahri Saremi. Consumers’ decisions in regard to adoption of experience 

services are fraught with uncertainty. This is because the benefits or consequences 

provided by the services are unobservable for the consumers prior to using it. 

Such uncertainty bears consumers perceived risk that the consequences of 

adopting the services may not meet their expectations. In such a situation, 

consumers search for the sources providing information that can reduce the 

uncertainty and risk associated with their adoption decision. Information from 

prior consumers (i.e., informational social influence) enables later consumers to 

build on their experiences and/or actual behaviours to overcome the uncertainty 

and risk in their judgments. 

The objective of the study is assessing contingency factors affecting the 

effectiveness of eWOM recommendations on consumers’ perceptions of adopting 

experience services 

Procedures involved in the Research: For part 1 that will be completed in the lab, 

we will provide you with information about a website and then will ask you to 

complete a questionnaire to assess your perception about its utility. This would 

take 15 minutes. Next, we will ask you to visit the website and assess it for ten 

minutes. After assessing the Website, you will be asked to complete a second 
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questionnaire that will take about 15 minutes to complete. Upon completion of 

this task, the part 1 is complete and you can leave the lab. For part 2 of the study, 

you will assess the same website on your own and submit a report of your 

findings as the course assignment 1. The details for completing part 2 will be 

released on January 20th through Avenue. 

Potential Risks: Your participation in this experiment has no risk to you and your 

course grade at all. 

Potential Benefits: You will learn about how questionnaires can be used to assess 

the perception of the consumers towards using a website. Furthermore, if 

interested, we will email you the results of this study that will be available in form 

of Mr. Saremi’s PhD Thesis. 

Compensation: For part 1, by completing both questionnaires, you automatically 

receive 2% bonus mark towards your Comm. 2KA3 course. For part 2, your 

submitted assignment 1 will be assessed out of a 10% maximum grade, as 

indicated in the course outline. 

Confidentiality: The data that we collect from you will be anonymously used for 

statistical analyses. Your name will not be published anywhere. In fact, we will 

remove your name and ID from the database by February 28
th

, 2012. 

Participation: Your participation in this study is voluntary. For part 1, you can 

decide to withdraw any time before completing the two questionnaires for this lab 

or even after that. In either case, if you decide to withdraw from the study, your 

data will be deleted from database. Nonetheless, you still receive the 2% bonus 

mark even if you decide to withdraw your data. If you decided that you wish to 

end your participation before completing all the required procedures for part 1 in 

the lab, you can click on “exit” and sit quietly working at the computer 

workstation on other tasks (such as browsing the Internet or answering emails) till 

the lab session is over. 

You have till February 24
th

, 2012 to decide to withdraw your data for part 1 

and/or part 2. In this case, you can inform Head-TA. Please note that withdrawal 

means asking that your data not to be used by Mr. Saremi towards his doctoral 

dissertation research. 

This study has been reviewed and received clearance by the McMaster Research 

Ethics Board. If you have concerns or questions about your rights as a participant 

or about the way the study is conducted, you may contact: 

McMaster Research Ethics Board Secretariat 

Telephone: (905) 525-9140 ext. 23142 

c/o Office of Research Services 

E-mail: ethicsoffice@mcmaster.ca 

  

mailto:ethicsoffice@mcmaster.ca
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APPENDIX G–  Descriptive Statistics for the Three 

Stages of the Service Adoption Process (Pre-usage, 

Initial Use, Repeated Use) 

Table G.1 – Descriptive Statistics for our Factors 

Factor N Mean 
Standard 

Deviation 

Internal 

Consistency 

(Cronbach’s 

Alpha) 

Normality 

Measures 

Skewness Kurtosis 

Need for Cognition 403 3.65 0.676 0.74 -0.388 -0.318 

Need for Change 403 3.34 0.589 0.65 -0.667 0.804 

Perceived Usefulness  

(Pre-usage) 

403 10.31 5.036 0.88 0.365 -0.422 

Perceived Ease of use  

(Pre-usage) 

403 12.04 4.792 0.82 0.146 -0.189 

Trust  

(Pre-usage) 

403 10.54 4.648 0.76 0.222 -0.442 

Perceived Usefulness  

(After the Initial Use) 

403 11.85 5.113 0.86 0.022 -0.363 

Perceived Ease of use  

(After the Initial Use) 

403 14.06 5.368 0.89 -0.095 -0.367 

Trust  

(After the Initial Use) 

403 12.81 4.629 0.79 0.056 -0.090 

Perceived Usefulness  

(After the Repeated Use) 

403 14.41 5.632 0.93 -0.072 -0.449 

Perceived Ease of use  

(After the Repeated Use) 

403 15.54 5.768 0.90 -0.030 -0.568 

Trust  

(After the Repeated Use) 

403 15.14 5.248 0.90 -0.048 -0.269 

Perceived Helpfulness 

of the eWOM 

Recommendations 

(Control Variable) 

285 3.75 0.626 0.70 -0.891 0.945 

Importance of Stress 

Management (Control 

Variable) 

190 4.02 0.230 0.78 -0.861 0.972 
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APPENDIX H–  Factors’ Discriminant Validity 

Assessment through Items Loadings and Cross-

Loadings 

To assess the discriminant validity of our five factors, we drew on SmartPLS 2.0 

to calculate the loadings between the five factors and the measurement items. As 

depicted in Table H1, all of the items had larger loadings on their pertinent factors 

compared to their cross-loadings with the other factors, by the difference 

magnitude of larger than 0.1. In addition, all five factors loaded higher with their 

pertinent items than other items. Therefore, our results are aligned with the 

recommendations in the literature for adequate discriminant validity (Hair et al., 

1998; Hair et al., 2010; Meyers et al., 2006; Straub et al., 2004; Urbach & 

Ahlemann, 2010). 

Table H.1 – Items Loadings and Cross-loadings for our Factors 

Items 
Need for 

Cognition 

Need for 

Change 

Perceived 

Usefulness 

Perceived 

Ease of use 
Trust 

Pre-usage Stage: 

NFG1 0.716 -0.062 0.016 0.019 0.055 

NFG2 0.759 -0.112 0.031 0.059 0.061 

NFG3 0.637 -0.050 0.023 0.002 0.054 

NFG4 0.555 0.033 -0.036 0.049 0.008 

NFG5 0.760 -0.003 0.014 0.069 0.089 

NFC1 -0.082 0.694 0.133 0.128 0.073 

NFC2 -0.036 0.678 0.087 0.165 0.015 

NFC3 0.020 0.631 0.078 0.069 0.020 

NFC4 0.000 0.465 0.037 0.060 -0.024 

NFC5 -0.021 0.575 0.129 0.086 0.032 

NFC6 -0.057 0.589 0.147 0.093 0.114 

PU1 0.017 0.192 0.957 0.607 0.635 

PU2 0.026 0.153 0.934 0.557 0.602 

PEOU1 0.068 0.163 0.558 0.926 0.503 

PEOU2 0.051 0.161 0.580 0.918 0.519 

Trust1 0.052 0.048 0.639 0.453 0.824 

Trust2 0.096 0.090 0.618 0.531 0.953 

Initial Use Stage: 

NFG1 0.605 -0.056 -0.056 0.053 0.001 

NFG2 0.599 -0.097 -0.036 0.018 0.013 

NFG3 0.728 -0.055 0.009 0.076 0.065 

NFG4 0.763 0.027 0.031 0.102 0.044 

NFG5 0.690 0.001 0.010 0.055 0.058 

NFC1 -0.040 0.579 0.033 0.057 0.056 
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Table H.1 – Items Loadings and Cross-loadings for our Factors 

Items 
Need for 

Cognition 

Need for 

Change 

Perceived 

Usefulness 

Perceived 

Ease of use 
Trust 

NFC2 0.014 0.646 0.065 0.083 0.061 

NFC3 0.053 0.603 0.043 0.049 0.030 

NFC4 -0.014 0.433 0.024 0.061 0.051 

NFC5 -0.061 0.615 0.139 0.010 0.067 

NFC6 -0.019 0.653 0.093 0.093 0.107 

PU1 0.022 0.088 0.921 0.605 0.641 

PU2 0.000 0.141 0.968 0.602 0.665 

PEOU1 0.058 0.081 0.616 0.917 0.588 

PEOU2 0.123 0.106 0.595 0.970 0.600 

Trust1 0.090 0.103 0.644 0.564 0.934 

Trust2 0.019 0.106 0.638 0.579 0.879 

Repeated Use Stage: 

NFG1 0.744 -0.069 -0.042 -0.040 0.008 

NFG2 0.769 -0.116 -0.020 -0.003 0.020 

NFG3 0.690 -0.051 -0.004 0.007 -0.012 

NFG4 0.873 0.032 0.038 0.103 0.001 

NFG5 0.588 -0.003 0.013 0.043 0.061 

NFC1 0.023 0.696 0.074 0.110 0.079 

NFC2 0.091 0.673 0.083 0.089 0.046 

NFC3 0.057 0.609 0.041 0.052 0.024 

NFC4 -0.042 0.423 0.012 -0.024 0.049 

NFC5 -0.041 0.575 0.048 0.055 0.096 

NFC6 0.070 0.610 0.105 0.048 0.112 

PU1 0.059 0.121 0.974 0.655 0.644 

PU2 0.049 0.104 0.964 0.684 0.628 

PEOU1 0.073 0.099 0.673 0.932 0.581 

PEOU2 0.147 0.111 0.650 0.972 0.556 

Trust1 0.016 0.131 0.655 0.595 0.965 

Trust2 0.026 0.098 0.684 0.524 0.938 

NOTE: 

NFG = Need for Cognition; NFC = Need for Change; PU = Perceived 

Usefulness; PEOU = Perceived Ease of use. 
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APPENDIX I–  Factors’ Correlations, Square Roots of 

Average Variance Extracted (AVE), and Variance 

Inflation Factor (VIF) for Discriminant Validity and 

Multicollinearity Assessments 

 Table I.1 – Factors Correlations, Square Roots of AVEs, and VIFs 

 VIF 
Need for 

Cognition 

Need for 

Change 

Perceived 

Usefulness 

Perceived 

Ease of use 
Trust 

Pre-usage Stage 

Need for Cognition 1.00 0.69     

Need for Change 1.00 -0.04 0.60    

Perceived Usefulness 1.70 0.02 0.17 0.95   

Perceived Ease of use 1.68 0.05 0.16 0.62 0.92  

Trust 1.55 0.07 0.07 0.76 0.55 0.89 

Initial Use Stage 

Need for Cognition 1.00 0.59     

Need for Change 1.00 -0.04 0.68    

Perceived Usefulness 1.50 -0.01 0.11 0.95   

Perceived Ease of use 1.29 0.08 0.10 0.64 0.94  

Trust 1.46 0.05 0.11 0.72 0.63 0.91 

Repeated Use Stage 

Need for Cognition 1.00 0.59     

Need for Change 1.00 -0.04 0.61    

Perceived Usefulness 1.79 -0.01 0.10 0.97   

Perceived Ease of use 1.32 0.02 0.09 0.70 0.95  

Trust 1.51 0.02 0.11 0.76 0.59 0.95 

NOTE 1: Variance Inflation Factor (VIF), which quantifies the severity of multicollinearity 

for a factor, is calculated by         . R
2
 is the coefficient of determination of the 

regression equation with the pertinent factor as the dependent variable and the other factors 

as the independent variables (Meyers et al., 2006). 

NOTE 2: In the correlation matrices, bold diagonal values are the square roots of AVEs for 

the factors and off-diagonal values are the correlation coefficients among the factors. 
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APPENDIX J– Confirmatory Factor Analysis (CFA) 

Results 

 

 

Note 1: Sample Size=263; Chi-Square=167.79; Degrees of Freedom=109; 

RMSEA=0.042, with confidence interval of (0.027, 0.056); NFI=0.92; 

CFI=0.97; GFI=0.93. 

 

Note 2: NFCog: Need for Cognition; NFCng: Need for Change; prePU: 

Perceived Usefulness (pre-usage); prePEOU: Perceived Ease of Use (pre-

usage); preTRUST: Trust (pre-usage). 

Figure J.1 – Confirmatory Factor Analysis Results for our 

Measurement Model in the Pre-usage Stage 
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Note 1: Sample Size=263; Chi-Square=147.64; Degrees of Freedom=109; 

RMSEA=0.035, with confidence interval of (0.017, 0.050); NFI=0.94; 

CFI=0.98; GFI=0.94. 

 

Note 2: NFCog: Need for Cognition; NFCng: Need for Change; INpu: 

Perceived Usefulness (initial use); INPEU: Perceived Ease of Use (initial 

use); INTRUST: Trust (initial use). 

Figure J.2 – Confirmatory Factor Analysis Results for our 

Measurement Model in the Initial Use Stage 
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Note 1: Sample Size=263; Chi-Square=172.71; Degrees of Freedom=109; 

RMSEA=0.045, with confidence interval of (0.031, 0.059); NFI=0.93; 

CFI=0.97; GFI=0.93. 

 

Note 2: NFCog: Need for Cognition; NFCng: Need for Change; RepPU: 

Perceived Usefulness (repeated use); RepPEU: Perceived Ease of Use 

(repeated use); RepTRU: Trust (repeated use). 

Figure J.3 – Confirmatory Factor Analysis Results for our 

Measurement Model in the Repeated Use Stage 
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